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Lesotho has notably high levels of poverty and inequality. Recurrent, negative shocks are an important 
contributing factor. This paper assesses the performance of government spending on social protection 
programs in reducing consumption poverty and inequality, applying benefit incidence and microsimulation 
methods to 2017/18 household survey data. The paper investigates the distributional effects of actual 
spending on social protection programs as well as those of a hypothetical alternative in which the spending 
is targeted through a proxy means test (PMT) formula used by the government for some programs. In 
addition, the paper explores the responsiveness of social protection programs to adverse shocks commonly 
reported by households in Lesotho, where recent natural shocks have had substantial economic effects. It 
also models the staple food price subsidy offered as the government’s main intervention in response to the 
El Niño–induced drought emergency of 2015/16 and assesses its distributional effects. 
 
The paper finds that spending on social protection programs in Lesotho substantially reduces poverty and 
inequality. For most programs examined, the hypothetical alternative of targeting spending to poorer 
households through the government’s PMT formula would have no better distributional effects than current 
program spending. The exception is postsecondary education bursaries, a costly and distributionally 
regressive program. Retaining bursaries only for poorer students, and reallocating the outlay this saves to a 
transfer targeted to poorer households through the government’s PMT formula, could reduce poverty and 
inequality significantly more than current spending under this program. While findings show a positive 
association between households’ receipt of social protection program benefits and the experience of adverse 
shocks, this pattern appears to be due to programs’ ex-ante coverage of those vulnerable to shocks rather 
than due to an ex-post response through the programs. As such, social protection program spending in 
Lesotho is generally not responsive to adverse shocks that households experience. The government’s food 
price subsidy spending in response to the drought emergency appears to have been less effective at reducing 
poverty or inequality than spending on several social protection programs with a higher incidence among 
poorer households.  
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1. INTRODUCTION 
 
Lesotho offers an interesting case for evaluating the performance of government spending on 
social protection programs. The country has notably high levels of poverty and inequality. 
Measured in 2017/18, Lesotho has a poverty rate of 27.3 percent based on the international poverty 
line of US$1.90 per person per day (in 2011 purchasing power parity terms) and a Gini coefficient, 
a measure of inequality, of 44.6 percent. These levels are higher than the averages for other middle-
income countries and for developing countries more generally (World Bank 2019c). Using its own 
official poverty lines, in 2017/18, Lesotho’s overall poverty rate was 49.7 percent (based on the 
upper poverty line) and its extreme poverty rate was 24.1 percent (based on the food poverty line).1     
 
Compared to other countries worldwide, Lesotho is assessed to be at a “medium and increasing” 
risk of humanitarian crises and natural or human-caused disasters, reflecting primarily its 
population’s relatively high socioeconomic vulnerability and the country’s weak institutional and 
infrastructural capacity to respond to shocks (Inter Agency Standing Committee and the European 
Union 2020).2 These dynamics further challenge the Lesotho government’s efforts to address 
structural poverty and inequality.  
 
At the same time, compared with other developing countries, Lesotho is atypical in how much the 
government spends on social protection programs—equivalent to about 6 percent of national 
income. The government’s portfolio of social protection programs is extensive, composed of a mix 
of social assistance and insurance programs, several with a long history. Most programs offer 
individual-level benefits, and employ a combination of geographic, categorical, and self-targeting 
to reach their target populations. Over the period of our analysis data, the government targeted 
benefits under one of its programs using a proxy means test (PMT), along with other criteria.      
 
This backdrop gives rise to a policy question: How can the currently high government spending 
on social protection programs be reformed for greater development impact? This study aims to 
inform this question by examining the performance of this spending in achieving two kinds of 
outcomes for which social protection programs are often designed.  
 
First, how successful are social protection programs in reducing poverty and inequality? We 
answer this question through standard benefit incidence analysis (Bourguignon and Pereira da 
Silva 2003; Lustig 2018; Yemtsov et al. 2018).  
 
Second, is social protection program spending responsive to adverse shocks? Traditionally, the 
success of social protection programs in helping households address risk and cope with negative 
natural, economic, or social shocks is not examined as part of benefit incidence analyses. But while 
we cannot directly answer this question, we provide suggestive evidence by examining the types 
of adverse shocks reported by households, the association between commonly reported shocks and 
household characteristics and the receipt of social protection program benefits, and the types of 
coping responses reported. Any observed association between program coverage and exposure to 

 
1 For definitions of the upper and food poverty lines, see appendix 2.  
2 Lesotho has a value of 4.2 in the 2020 risk index constructed by the Inter Agency Standing Committee and the 
European Union, compared to an average value of 3.8 (standard deviation = 1.9) across 191 countries (the index ranges 
from 0 to 10). This value ranks Lesotho 75th in the risk index.  
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adverse shocks may be a result of ex-ante coverage, ex-post responsiveness (through, for example, 
adjustments to coverage, benefit levels, or the timing of benefits to help households cope with the 
shock), or the combination of the two.   
 
To draw further insights for informing policy, we also ask a few counterfactual questions: Can 
social protection program spending achieve greater gains in reducing poverty and inequality if 
benefits were targeted to poor households through the PMT formula already used by the Lesotho 
government? What are the poverty and inequality effects of the staple food price subsidy (which 
we model in our data) provided by the Lesotho government as a response to the El Niño-induced 
drought emergency of 2015/16? And can the results be improved by redirecting the food price 
subsidy spending through selected social protection programs? We answer these questions by 
conducting microsimulations (Figari, Paulus, and Sutherland 2015). 
 
We perform the benefit incidence and microsimulation analysis on the basis of a recent national 
multitopic household sample survey, the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS), used by the Lesotho government for estimating poverty 
and inequality (Lesotho Bureau of Statistics 2019). The survey contains dedicated modules on 
social protection interventions and shocks. Measures of poverty and inequality are based on 
household consumption data in the survey. 
 
The reference period for the data on social protection interventions is the year preceding the survey. 
Of particular relevance for the analysis of shocks and social protection programs, the reference 
period partially spans the El Niño–induced drought emergency of 2015/16, which had large, 
widespread negative effects on crop and livestock production, and on food security.  
 
The analysis of household survey data is accompanied by an examination of the levels and patterns 
of social protection program spending based on program administrative data for fiscal 2017/18 
provided to us by relevant government ministries and agencies. The reference periods for the 
government administrative data and the household survey data largely overlap. The benefit 
incidence analysis based on the 2017/18 CMS/HBS covers nine programs: child grants, school 
feeding in government primary schools, secondary school bursaries for orphaned and vulnerable 
children, university bursaries, post-secondary technical and vocational education and training 
(TVET) bursaries, public assistance (in-kind food benefits only), cash-for-work assistance, social 
pensions, and civil service pensions. The analysis of government administrative data covers these 
and other programs.      
 
Our study builds on and advances the available body of relevant research for Lesotho. Recent 
research for the country has reviewed government spending with the aim of assessing its efficiency 
and effectiveness (see, for example, World Bank 2018, 2019a, 2019b). The United Nations 
Children’s Fund (UNICEF) has begun publishing national budget and social protection budget 
briefs.3 This existing research is based mainly on government administrative data and aggregated 
statistics on inputs and outcomes of interest to investigate levels and patterns in, and correlates of, 
spending. Other recent research for the country has reviewed the design and administration of the 
social protection system and associated programs, including in relation to the responsiveness of 
programs to adverse shocks; this research presents trends, patterns, and projections of program 

 
3 For these briefs on Lesotho, see the UNICEF website at https://www.unicef.org/esa/reports/budget-briefs#lesotho.  

https://www.unicef.org/esa/reports/budget-briefs#lesotho
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benefit and operational costs also based mainly on government administrative data (see, for 
example, World Bank 2013 and 2016; Kardan, Sindou, and Pellarano 2014; Kardan, O’Brien, and 
Masasa 2017; and Drechsler et al. 2019).4 In addition, the Lesotho Vulnerability Assessment 
Committee (LVAC) publishes reports profiling adverse shocks, coping strategies, and welfare 
effects, based on household survey data and focus group discussions (see, for example, LVAC 
2016a, 2016b, 2016c, and 2017).  
 
Our primary contribution compared to the existing research is to empirically assess the distribution 
of government social protection program spending across the population at the individual or 
household level—including by modeling counterfactual distributions of this spending—and its 
relationship to poverty, inequality, and shock exposure, based on household sample survey data.5  
 
While not new in the applied economics literature, we apply two technical innovations to improve 
the completeness and quality of our analysis for Lesotho, regression-based survey-to-survey 
imputation and statistical matching (Ridder and Moffitt 2007; Blackwell et al. 2009; Iacus, King, 
and Porro 2012). The 2017/18 CMS/HBS was missing data on an important social protection 
program: child grants. To address this gap, we impute household receipt of child grant benefits 
into our data using information on the receipt of such benefits gathered in a comparable national 
household survey administered a few years earlier, in 2013/14.  
 
Assessing program incidence and effectiveness involves a comparison of distributional statistics 
with the benefit and without it. Benefit incidence studies typically assume no difference in 
household behavioral responses between these two states. We consider this assumption especially 
unrealistic for programs providing large benefits relative to household consumption. For two such 
programs, university bursaries and civil service pensions (for which civil servants can become 
eligible as early as age 50), we estimate what a beneficiary would hypothetically earn from work 
without the benefit by matching beneficiaries to nonbeneficiaries with similar characteristics. 
 
Although we examine the important relationship between social protection programs and poverty, 
inequality, and exposure to shocks, we recognize that the primary aims of these programs may be 
different. For example, the primary aim of school feeding in government primary schools is 
presumably to reduce hunger and undernutrition among school-going children, while the main goal 
of secondary school bursaries for orphaned and vulnerable children is presumably to encourage 
participation in secondary education and increased education attainment for this group. We are 
unable to credibly examine the relationship between social protection programs and education, 
health, nutrition, and labor outcomes, due to potential selection bias. Using the 2017/18 

 
4 Many of these studies also examine social protection program coverage rates for subpopulations of interest (for 
example, the overall poor or the extreme poor), based on aggregate statistics or survey estimates.     
5 Other studies for Lesotho that have performed microsimulations of hypothetical reforms to social protection 
programs include World Bank (2016) which assesses the poverty and inequality effects of extending the coverage of 
the child grant program nationwide and of improving the poverty targeting performance of child grants and public 
assistance based on the 2014 Lesotho Continuous Multipurpose Household Survey and Dietrich et al. (2016) who 
assess the short- and long-term poverty and inequality effects of the child grant program extended nationwide based 
on the 2002/03 Lesotho Household Budget Survey. In addition, Taylor, Thome, and Filipski (2014) assess the 
production and income effects of child grants in receiving communities in Lesotho based on a computable general 
equilibrium simulation, developed using values from the baseline household survey for an impact evaluation of the 
child grant program.  
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CMS/HBS, which provides cross-sectional observational data, estimates of program effects on a 
given outcome would be biased due to systematic, unobservable differences between social 
protection program beneficiaries and nonbeneficiaries which are correlated with the outcome.    
 
With respect to our main results, we find that the Lesotho government’s recent spending on social 
protection programs accounts for roughly 14 percent of overall government spending, equivalent 
to about 6 percent of national income. This level of spending is higher than what we would expect 
from the country’s income status. Four programs account for most of the spending—social 
pensions, postsecondary education bursaries, civil service pensions, and feeding at government 
primary schools—either because of high benefit generosity (civil service pensions, postsecondary 
education bursaries) or extensive program coverage (social pensions, school feeding). Sixty-one 
percent of households are covered by at least one social protection program. Coverage is higher 
among poor than nonpoor households, largely because of school feeding.  
 
Child grants, school feeding, cash-for-work assistance, public assistance, and social pensions are 
more likely to be received by poorer households than by richer ones. These programs also have 
the largest effects in reducing poverty and inequality. Excluding postsecondary education bursaries 
and civil service pensions, current spending across programs reduces the overall poverty rate by 
3.3 percentage points and the extreme poverty rate by 6.4 percentage points. It also reduces 
inequality, lowering the Gini coefficient by 4.1 percentage points. These effects are sizeable when 
compared to recent changes in poverty and inequality in Lesotho. Between 2002/03 and 2017/18 
(a 15-year period), the overall poverty rate in Lesotho declined by 6.9 percentage points, the 
extreme poverty rate by 10 percentage points, and the Gini coefficient by 7.3 percentage points 
(World Bank 2019c).    
 
How would these outcomes differ if social protection program spending were targeted through the 
Lesotho government’s existing PMT formula? Again, excluding postsecondary education 
bursaries and civil service pensions, this hypothetical targeting would produce outcomes 
comparable to those from the current distribution of this spending across the population. One 
possible reason is that the PMT formula, developed using 2002/03 survey data, performs less well 
on the (far) out-of-sample data from the 2017/18 CMS/HBS than it did using the 2002/03 data. 
We explore alternatives to targeting based on the existing PMT formula, such as a hypothetical 
universal transfer with some exclusions (Brown, Ravallion, and van de Walle 2016), but the 
outcomes are no better.  
 
Targeting postsecondary education bursaries, a costly and highly regressive program, would have 
a large effect, however. We consider a hypothetical scenario in which university bursaries are 
retained only for poorer students while the outlay this saves is reallocated to a transfer targeted to 
poorer households through the government’s existing PMT formula. This alternative would 
additionally reduce the overall poverty rate by 1.4 percentage points and the extreme poverty rate 
by 3.2 percentage points, and reduce the Gini coefficient by 2.4 percentage points.  
 
Among all shocks that households reported experiencing in the year preceding the survey, drought 
or flood accounted for 24 percent while a large food price increase accounted for another 31 
percent—results consistent with the El Niño–induced drought emergency of 2015/16. Rural 
households were more likely to report drought or flood or a large food price increase as a shock; 
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poorer households were also more likely to report drought or flood. We find a positive association 
between several social protection programs with a high incidence among poorer households and 
the likelihood of experiencing adverse shocks—a finding consistent with socioeconomically 
disadvantaged status resulting in susceptibility to shocks and to the receipt of social protection 
program benefits (in other words, the association is an incidental result stemming from ex-ante 
program coverage). Most households reported receiving no assistance after experiencing a shock. 
When they did report receiving assistance, it almost always came from family or friends. The 
collective evidence suggests that government social protection programs are generally not 
responsive to adverse shocks that households experience.  
 
Among the interventions in response to the drought emergency, the Lesotho government provided 
a price subsidy for staple foods. Modeling the subsidy spending, we find that it was less effective 
in reducing poverty and inequality than the spending on social protection programs with a high 
incidence among poorer households. A hypothetical reallocation of the subsidy spending to social 
pensions or cash-for-work assistance, both of which have relatively high population coverage and 
are more likely to benefit households that reported experiencing a drought shock, would have 
produced larger reductions in poverty and inequality. 
 
While our analysis is based on standard benefit incidence and microsimulation methods, these 
methods have well-known analytical limitations (van de Walle 1998; Lanjouw and Ravallion 
1999; Ravallion and Chen 2015). In performing our simulations of reforms to social protection 
program spending, we generally ignore potential behavioral responses in household labor supply, 
income generation, or consumption;6 the exception is the matching-based adjustments we make 
for the counterfactual condition of households when we hypothetically withdraw university 
bursaries or civil service pensions. In addition, we estimate average benefit incidence, not benefit 
incidence at the margin. The latter may be more relevant when simulating the effects of reforms 
that adjust the extent of program coverage.  
 
The study also suffers from data limitations. The 2017/18 CMS/HBS did not gather information 
on all social protection programs (an issue that we address only for child grants, through survey-
to-survey imputation). Moreover, some of the programs included in the survey were not well 
defined in the questionnaire. We detected inconsistencies and discrepancies when assessing the 
data against the survey questionnaire design, program eligibility rules and benefit structures, and 
government administrative data on program spending and beneficiary numbers. We suspect that 
the lack of precision in the questionnaire as well as households’ unfamiliarity with specific 
programs may have contributed to incorrect responses. The issues we encountered in our survey 
data are presumably common across countries, and we provide recommendations in appendix 1 
for optimizing survey data for the analysis of the performance of social protection programs.  
 
The rest of the paper is organized as follows: Section 2 presents relevant background. Section 3 
discusses the empirical results. And section 4 concludes by summarizing the main results and 
discussing their implications.  
 

 
6 We also ignore potential general equilibrium, lifecycle, and intergenerational effects as well as political economy 
responses in our simulations.  
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The paper also includes several appendixes. In addition to the recommendations for optimizing 
survey data for the analysis of social protection program performance (appendix 1), these provide 
details on analytical concepts (appendix 2), variables and their construction (appendix 3), the 
application of the Lesotho government’s PMT formula to the 2017/18 CMS/HBS (appendix 4), 
the estimation of counterfactual household consumption when large social protection program 
benefits are hypothetically withdrawn (appendix 5), and additional results (appendix 6). 
 
 

2. BACKGROUND7 
 
Lesotho is a small country, landlocked within South Africa. The country’s population was 
enumerated at 2 million people in 2016 (Lesotho Bureau of Statistics 2016). More than two-thirds 
of them live in rural areas. Classified by the World Bank as a lower-middle-income economy, 
Lesotho had a per capita GDP in 2018 of $1,401 (measured in 2010 U.S. dollars) (World Bank 
2019c).   
 
The country has had good economic growth performance in recent years. In 2000–16, its GDP 
grew at an average annual rate of 3.9 percent, driven by capital-intensive economic activities (such 
as mining and finance) and government spending (World Bank 2019c; IMF 2019). The economy 
experienced a 2.3 percent contraction in 2017, followed by a small (1.5 percent) expansion in 2018, 
as a result of a decline in agricultural output and a deterioration in the country’s fiscal position 
(World Bank 2019c; IMF 2019). The country’s record in poverty reduction suggests that its 
economic growth has not been particularly inclusive, however (World Bank 2015). 
 
Lesotho is among the poorest countries in the world (World Bank 2015). On the basis of data on 
household consumption per adult equivalent from the 2017/18 CMS/HBS, the poverty rate was 
estimated at 49.7 percent at the official upper poverty line and at 24.1 percent at the food (or 
extreme) poverty line. The poverty gap was estimated at 21.9 percent at the official upper poverty 
line and at 8.1 percent at the food poverty line (Lesotho Bureau of Statistics 2019). Bivariate 
correlations indicate that households with children and elderly members and those with poor access 
to basic infrastructure and social services are far more likely to be poor. The likelihood of poverty 
falls monotonically with education attainment, and sharply so starting from secondary education. 
And it is roughly twice as high for rural households (with a poverty rate of 60.7 percent) than for 
urban households (28.5 percent). Lesotho also has among the highest levels of inequality in the 
world (World Bank 2015). Its Gini coefficient for consumption per adult equivalent was estimated 
at 44.6 percent (Lesotho Bureau of Statistics 2019).  
 
While the Gini coefficient appears to have declined markedly over the past 15 years (from 51.9 
percent in 2002/03), the poverty rate appears to have fallen only modestly, with gains driven 
mainly by its decline in urban areas (Lesotho Bureau of Statistics 2019). The country’s limited 
progress in reducing poverty appears to be due to the drop in international remittances as a share 
of household income and the scarcity of domestic private wage employment with earnings high 
enough to lift households out of poverty (World Bank 2015). 
 

 
7 The background discusses conditions prior to the COVID-19 pandemic.  
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Lesotho is susceptible to shocks—political, economic, and natural—a situation exacerbated by its 
weak institutional and infrastructural capacity to manage the effects of these shocks. The country 
has experienced periods of political crisis, at times marked by violence. Periods of political 
instability have been associated with greater volatility and slower rates of economic growth in 
Lesotho (World Bank 2015). Moreover, because of the openness of Lesotho’s economy, and its 
integration with South Africa’s, Lesotho has suffered adverse effects from periods of economic 
weakness in that country (World Bank 2015; IMF 2019).  
 
Lesotho also experiences extreme weather events, including droughts and floods. Most of its 
population, particularly in rural areas, depends on rainfed agriculture and livestock farming for 
income and consumption. Extreme weather events have led to substantial crop and livestock losses, 
worsening an already high rate of food insecurity.  
 
The El Niño phenomenon of 2015/16 induced the worst drought Lesotho had experienced in more 
than three decades, leading to large crop and livestock losses (LVAC 2016b). The government 
declared a drought emergency in December 2015. In July 2015, before the emergency declaration, 
35 percent of the rural population (464,000 people) was estimated to be food insecure. This share 
rose to 41 percent (535,000) in January 2016 and to 51 percent (679,000) in May 2016 (LVAC 
2016a, 2016b). The government responded mainly by financing emergency water supply 
infrastructure in affected communities and, starting in June 2016, a general food price subsidy. 
The international development community assisted mainly by financing emergency cash 
assistance (including higher child grant benefits), emergency food assistance, and the provision of 
seeds to affected households (Kardan, O’Brien, and Masasa 2017; Drechsler et al., 2019).    
 
Lesotho’s government revenue performance has been strong thanks to large revenues from taxes 
and from the Southern African Customs Union (SACU).8 In the five years from fiscal 2011/12 
through fiscal 2015/16, total revenues ranged from 47 to 53 percent of GDP, with tax revenues 
accounting for 35–44 percent of total revenues (20–22 percent of GDP) over the period and SACU 
revenues for 29–48 percent (13–26 percent of GDP) (World Bank 2018). The country’s tax 
revenue–GDP ratio is high compared with those in Sub-Saharan African countries overall, but low 
compared with those in other SACU members. While tax revenues have been rising steadily, 
SACU revenues have declined in recent years, driven by an economic slowdown in South Africa 
(World Bank 2018; IMF 2019).    
 
Lesotho’s government spending is high relative to GDP and compared with levels in other 
countries in the region, including SACU members. In recent years, the overall budget has been 
equivalent to at least 50 percent of GDP (UNICEF 2018). The recurrent budget has accounted for 
at least two-thirds of the total. The high recurrent spending reflects a large public sector wage bill, 
due mainly to generous pay and benefits (World Bank 2018; IMF 2019). 
  
The country spends substantially on social sectors. In recent years, the social sector budget has 
accounted for at least 30 percent of the overall budget, equivalent to at least 15 percent of GDP 

 
8 SACU is a customs union among five countries in Southern Africa: Botswana, Eswatini, Lesotho, Namibia, and 
South Africa. Member countries pool their customs and excise revenues and distribute them according to a revenue-
sharing formula. 
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(UNICEF 2018).9 But poor average health and education outcomes indicate potential issues with 
the effectiveness, efficiency, and equity of the spending (World Bank 2015; UNICEF 2018).   
 
Lesotho has an extensive public social protection portfolio—a mix of social assistance and 
insurance programs, several with a long history. While incomplete in their span, these programs 
are aimed at covering different risks to income or consumption and provide benefits at different 
points in the individual’s life cycle (World Bank 2013, 2016; Lesotho Ministry of Social 
Development 2014). The programs are administered by different government ministries and 
entities (for example, the Ministry of Social Development and the Public Officers Defined 
Contribution Pension Fund Secretariat) as well as a private organization (the Lesotho National 
Insurance Group). 
 
Basic design features of these programs are presented in table 1, and details on program benefit 
structure and eligibility criteria in table 2. Most programs provide individual-level benefits, based 
on categorical criteria. The government uses a proxy means test for screening households for child 
grants (and in fiscal 2018/19, began using the PMT for screening orphans and vulnerable children 
for public secondary education bursaries).  
 
The design of civil service pensions and postsecondary education bursaries warrants specific 
mention. Individuals who became government employees after April 1, 2008 (and existing 
government employees born after April 1, 1964), were enrolled in a defined contribution pension 
program called the Public Officers Defined Contribution (PODC) Pension Fund. Existing 
government employees born before April 1, 1964 were eligible for the legacy civil service 
pensions, a defined benefit program. University and postsecondary technical and vocational 
education and training (TVET) bursaries cover tuition costs for beneficiary students. As relevant, 
these bursaries can also cover boarding costs and provide allowances for food, research, 
transportation, and books and learning materials. While the bursaries were designed as a revolving 
loan program, extremely low repayment rates mean that they are in effect grants to students.       
 
 

3. RESULTS 
 
In our discussion of results, we start by profiling social protection program spending in Lesotho 
on the basis of government administrative information for fiscal 2017/18 (section 3a). We then 
turn to our main results, based on the 2017/18 CMS/HBS. First, we examine the coverage, 
incidence, and effectiveness of social protection programs (sections 3b, 3c, and 3d), followed by 
the sensitivity of incidence and effectiveness results to the choice of poverty line (section 3e). 
Second, we examine the effects on poverty and inequality of simulated reforms of social protection 
program spending (section 3f). Third, we profile negative shocks and responses and examine the 
association between receipt of social protection program benefits and exposure to negative shocks 
(section 3g). Finally, we examine the effects on poverty and inequality of the food price subsidy 
introduced by the government in response to the 2015/16 drought emergency, which we simulate 
using our 2017/18 data (section 3h).   
 

 
9 UNICEF defines social sectors as water, education, health, and social development (social protection).  
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While most social protection programs in Lesotho are fully financed by the government, some 
receive donor financing. To the extent that this external financing is captured in government 
administrative data provided to us on social protection program spending, it is reflected in our 
analysis of administrative data. In addition, to the extent that donor financing goes toward benefits 
received by individuals and households in the selected public social protection programs covered 
in the 2017/18 CMS/HBS, it is reflected in the survey-based analysis. Donor financing of social 
protection interventions outside the government’s portfolio is not examined in the study. 
       
 

a. Level and distribution of social protection program spending 
 
We examine the level and distribution of social protection program spending in Lesotho on the 
basis of government administrative data on social protection program spending and beneficiary 
numbers for fiscal 2017/18. To benchmark this spending, we use GDP in current prices for fiscal 
2017/18 and total government spending in the same fiscal year, obtained from Majoro (2019).10 
To benchmark beneficiary numbers, we use the official population estimate of 2.09 million for 
6.2017, obtained from the World Bank’s World Development Indicators databank.   
 
Lesotho’s total annual outlay for social protection, at 2.22 billion maloti, is equivalent to 6.4 
percent of GDP and accounts for 14.3 percent of total government spending.  
 
International comparison indicates that Lesotho has among the highest levels of social protection 
program spending in the developing world. Based on recent World Bank data, figure 1 shows the 
cumulative distributions of social protection program spending relative to GDP (panel a) and of 
social protection program spending per capita (panel b) for two international samples, 124 
developing countries and 45 Sub-Saharan African countries. The mean value of social protection 
program spending as a percentage of GDP is identical for these two samples, at 1.5 percent 
(indicated by the yellow vertical line in figure 1a), while the value for Lesotho (from 2013) is more 
than four times as high, at 7.1 percent (indicated by the orange vertical line). On this measure, 
Lesotho ranks second only to South Sudan, with 10.1 percent. Lesotho also ranks high on per 
capita annual spending on social protection programs, as measured in 2011 purchasing power 
parity (PPP) dollars: its value of $188 (from 2013) puts the country at the 72nd percentile among 
the sample of developing countries and at the 89th percentile among the sample of Sub-Saharan 
African countries. 
 
The country’s unique status is confirmed in figure 2, which situates Lesotho in an international 
comparison plotting social protection program spending per capita against GDP per capita (panel 
a) and poverty rates (panel b). Both bivariate plots show that Lesotho is a notable positive outlier 
in social protection program spending.  
 
Lesotho’s social protection program spending is concentrated in just a few programs (figure 3). 
Four programs—social pensions, university bursaries, civil service pensions, and school feeding—
account for 82.9 percent of all government spending on social protection programs.  
 

 
10 In fiscal 2017/18, GDP in current prices was 34,843.6 million maloti and government spending was 15,566.5 million 
maloti.   
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Social pensions represent the largest outlay (4.5 percent of total government spending, equivalent 
to 2.0 percent of GDP), closely followed by university bursaries (4.1 percent of total government 
spending, equivalent to 1.8 percent of GDP) (figure 4). A step down from these two programs, 
civil service pensions represent the third-largest outlay (1.9 percent of total government spending, 
equivalent to 0.9 percent of GDP), followed at some distance by school feeding (1.3 percent of 
total government spending, equivalent to 0.6 percent of GDP).  
 
Outlays for each of the other social protection programs are small, accounting for 0.02–0.63 
percent of total government spending and equivalent to 0.01–0.28 percent of GDP. Together, 
outlays on these remaining programs account for 2.4 percent of total government spending and are 
equivalent to 1.1 percent of GDP.  
 
Programs rank somewhat differently by generosity levels, measured by annual program spending 
per beneficiary, than by absolute annual spending, though again they differ roughly stepwise. 
Generally, pensions and bursaries have the highest generosity levels (figure 5a). At the highest 
step is the Public Officers Defined Contribution (PODC) Pension Fund (with an average annual 
benefit of 104,100 maloti). The first step down is civil service pensions (35,900 maloti) and 
university bursaries (32,800 maloti); the second is road accident fund benefits (16,000 maloti), 
postsecondary TVET bursaries (10,100 maloti), social pensions (8,400 maloti), and African 
Pioneer Corps/Lesotho Liberation Army (APC/LLA) pensions (5,000 maloti). At lower levels, 
public assistance, workmen’s compensation fund benefits, and secondary school bursaries for 
orphans and vulnerable children (OVC) form a group with generosity levels between 2,000 and 
3,000 maloti, while cash-for-work assistance, child grants, school feeding, and emergency food 
aid form a group with generosity levels less than 1,500 maloti. 
 
Another way to look at the generosity of social protection programs is to compare their annual 
spending per beneficiary with the national food, lower, and upper poverty lines per adult 
equivalent, as in figure 5b. We exclude civil service pensions (including the PODC Pension Fund) 
and postsecondary education bursaries from this comparison, because these programs have per-
beneficiary spending substantially higher than the upper poverty line. For social pensions, per-
beneficiary spending is slightly higher than the upper poverty line, and for APC/LLA pensions, it 
is slightly higher than the food poverty line. But the rest of the social protection programs have 
per-beneficiary spending well below the food poverty line, at levels ranging from a high of 71 
percent of that poverty line (under public assistance) to a low of 4 percent (under food aid). 
 
We examine the coverage of social protection programs in detail in the following subsection, 
accounting for program areas and benefit eligibility criteria and drawing on household survey data. 
But here we look at coverage simply on the basis of the number of beneficiaries as a percentage of 
the national population. On this basis, school feeding has the highest coverage rate, at 14.1 percent, 
followed by social pensions (4 percent), cash-for-work assistance (3.9 percent), child grants (3.4 
percent), and public assistance (2.8 percent) (figure 6). Food aid, OVC secondary school bursaries, 
and university bursaries have coverage rates around 1 percent, while all other social protection 
programs have coverage rates well below 1 percent. 
 
In the rest of this section, while we are unable to analyze all the government social protection 
programs described in the previous section on the basis of the 2017/18 CMS/HBS, we can analyze 



11 
 

the main ones as indicated by spending or beneficiary numbers. These programs are (in descending 
order by spending) social pensions, university bursaries, civil service pensions, school feeding, 
cash-for-work assistance, OVC secondary school bursaries, child grants, public assistance, and 
postsecondary TVET bursaries. These nine programs account for 94.4 percent of government 
spending on social protection programs—equivalent to 6.0 percent of GDP and representing 13.5 
percent of total government spending. Note that in what follows, the discussion of public assistance 
relates only to in-kind food assistance, excluding cash assistance because of data limitations.  
 
 

b. Coverage of social protection programs 
 
Coverage defined as the share of target beneficiaries who receive a program benefit is a first basic 
measure of the performance of social protection programs. (For a detailed description of this 
measure, see appendix 2.)  
 
For all but three programs (child grants, university bursaries, and postsecondary TVET bursaries), 
we examine coverage on the basis of information on program receipt provided by households in 
the 2017/18 CMS/HBS, corrected for cases with clear indications of program misclassification. 
For child grants, we impute program receipt on the basis of the 2013/14 CMS, which gathered data 
on the receipt of child grants by households, and government administrative data on total 
household beneficiaries of child grants in fiscal 2017/18. For university and postsecondary TVET 
bursaries, we classify all university and postsecondary TVET students as recipients unless they 
reported paying tuition and did not report receiving a bursary benefit.11 (For a detailed discussion 
of the construction of program receipt variables, see appendix 3.) These caveats notwithstanding, 
see table 2 for eligibility criteria for the programs we examine using the 2017/18 CMS/HBS. 
 
For all programs, we examine coverage separately by three distinct poverty-related categories: 
extreme poor, moderate poor, and nonpoor. These categories are constructed by applying the 
official food and upper poverty lines to household consumption (see appendix 3 for details). 
 
We begin by looking at coverage rates for child grants. According to information provided by the 
government, at the time of the 2017/18 survey, child grants were offered in 58 of 64 community 
councils,12 to households classified as poor by the local community and on the basis of the 
government’s proxy means test. We have applied the same PMT formula to the 2017/18 CMS/HBS 
(see appendix 4 for a discussion of the PMT formula and its application).  
 
The child grant program has low coverage (table 3). The program covers 18 percent of households 
that are rural, are PMT-poor, and have children under age 18. Unexpectedly, among rural, PMT-
poor households with children, the coverage rate is slightly higher for the nonpoor (21 percent) 
than for the extreme poor (19 percent) or the moderate poor (13 percent). But this result for 
nonpoor households is based on the few that happen to qualify: only 9 percent of nonpoor rural 
households with children are PMT-poor. 

 
11 However, if the reported tuition amount is greater than half of total household consumption, we assume that the 
student did receive a bursary, i.e., we assume that households would not pay more than half their disposable income 
for tuition. 
12 Community councils are rural. 
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By contrast, coverage rates for school feeding are very high (table 4). This program covers 73 
percent of children of primary school age (ages 5–12) and 87 percent of primary school students. 
The program also covers 37 percent of children of secondary school age (ages 13–18), because 
many in this age group attend primary grades. Coverage rates are higher for the extreme poor and 
the moderate poor than for the nonpoor. The reason is that the program is offered only in 
government primary schools, and the nonpoor are more likely to attend private schools.13  
 
The two programs meant to be targeted to the poor, cash-for-work assistance and public assistance 
(in-kind food benefits), both have much lower coverage overall, as we should expect (table 5). 
Cash-for-work assistance covers 5 percent of individuals over age 18, and public assistance (in-
kind food benefits) covers 7 percent of all individuals. Coverage rates for both programs are higher 
among the extreme poor and the moderate poor than among the nonpoor. Coverage rates are also 
higher in rural areas, though for cash-for-work assistance, coverage of the extreme poor in urban 
areas is comparable to that for both the extreme poor and the moderate poor in rural areas. 
 
Social pensions provide excellent coverage of the eligible population, those age 70 and older who 
do not receive a civil service pension, with an overall coverage rate of 82 percent (table 6).14 
Coverage rates among the eligible population are somewhat higher for the extreme poor (87 
percent) and the moderate poor (84 percent) than for the nonpoor (78 percent). Like school feeding 
in government primary schools, this program provides nearly universal coverage of its target 
population, though it covers a much smaller share of the overall population because Lesotho has 
fewer elderly people than school-age children.15 
 
Retired civil servants make up a very small percentage of the elderly. The minimum age for civil 
service pensions is 50, with the normal retirement age ranging from 55 to 65, depending on the 
civil service category. The civil service pension program’s overall coverage rate of those age 60 
and older is 4 percent. Not surprisingly, coverage is higher among the nonpoor (7 percent) than 
among the moderate poor or the extreme poor (1 percent each).  

 
13 Among students in primary school, the share attending a private school is less than 1 percent for the extreme poor, 
while it is 2.5 percent for the moderate poor and 19.1 percent for the nonpoor. 
14 A World Bank study (2018) and Dietrich et al. (2016) both indicate that there are far more social pension 
beneficiaries than there are people age 70 and older in Lesotho, suggesting substantial fraud in this program. The 
World Bank study speculates that the discrepancy is due to both “zombies” and “ghosts,” with zombies being people 
who have died but still draw a pension (a practice facilitated by the fact that relatives are allowed to collect a 
beneficiary’s pension) and ghosts being beneficiaries who never existed but in whose name someone collects a 
pension. Both studies base their conclusion on United Nations Population Division statistics 
(https://population.un.org/wpp/). But the UN estimates for the population age 70 and older are much smaller than 
those found in the 2016 National Population and Housing Census. The estimate based on the 2017/18 CMS/HBS is 
similar to the 2016 census number for those age 70 and older (85,218) (Lesotho Bureau of Statistics 2016). Moreover, 
the estimated number of social pension beneficiaries based on the 2017/18 CMS/HBS (82,644) is similar to that based 
on government program administration information for fiscal 2017/18 (83,751). Given the importance of this 
discrepancy, we asked the UN statisticians about it. They responded with two observations. First, census respondents 
sometimes overestimate their age (Djadov et al. 2008), and the UN takes this into account when estimating 
populations. Second, Richman (2017) finds that the UN adjustments may underestimate the population age 70 or older 
in South Africa, a country whose demography is likely to be similar to Lesotho’s. Overall, it is difficult to know which 
estimate of the population age 70 or older is most accurate, and thus to assess the validity of the claims of fraud in 
social pensions in Lesotho. 
15 While 4.7 percent of the population is age 70 or older, 16.6 percent is of primary school age. 

https://population.un.org/wpp/
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Coverage rates for secondary school bursaries targeted to orphans and vulnerable children show 
that very few secondary school students receive such benefits (table 7). The program’s overall 
coverage rate among secondary school students is 4 percent. Even among students who are double 
orphans, overall coverage is limited to 20 percent. Coverage is about the same for poorer (that is, 
both moderate poor and extreme poor) and nonpoor secondary school students, but among all 
children of secondary school age (ages 13–18), coverage is higher for the nonpoor because this 
group is much more likely to attend secondary school. Among secondary school students who are 
double orphans, coverage is much higher for the nonpoor (30 percent) than for the moderate poor 
(18 percent) or the extreme poor (0 percent). 
 
For university bursaries and postsecondary TVET bursaries, overall coverage rates are very low: 
among individuals of postsecondary age (ages 19–22), 3.5 percent receive university bursaries and 
0.9 percent receive postsecondary TVET bursaries (table 8). Coverage also strongly favors the 
nonpoor. For example, while 6.4 percent of the nonpoor of postsecondary school age receive 
university bursaries, only 0.8 percent of the moderate poor in this age group do so. Coverage rates 
are much higher for enrolled students: 84 percent of university students and 53 percent of 
postsecondary TVET students receive a bursary. There are no extremely poor university students, 
but coverage is similar for the moderate poor and the nonpoor. Among postsecondary TVET 
students, bursaries actually favor the poor, though these results are based on only one extreme-
poor and three moderate-poor students.  
 
An alternative way to measure coverage is at the household rather than the individual level, that 
is, by examining the percentage of households that receive social protection program benefits. This 
shows that 61 percent of households receive some social protection program benefit, with higher 
coverage rates for the extreme poor (83 percent) and the moderate poor (78 percent) than for the 
nonpoor (48 percent) (table 9). The high coverage rate for households is driven by school feeding, 
with 44 percent of households benefiting from meals for government primary school students. 
 
 

c. Incidence of social protection programs 
 
Social protection programs are often designed with a primary aim of reducing poverty and 
inequality. We can assess the extent to which a program succeeds in this respect by examining its 
incidence, that is, who in the population benefits from the program.  
 
To do this, we impute benefit values for university bursaries and postsecondary TVET bursaries 
into the 2017/18 CMS/HBS on the basis of average benefit amounts drawn from government 
administrative data for fiscal 2017/18. Similarly, we impute child grant values into the 2017/18 
survey on the basis of child grant program information provided by the government. For all other 
programs, we use benefit values as reported by beneficiaries in the 2017/18 survey, corrected in 
cases where values are extremely inconsistent with program information provided by the 
government. (For a detailed discussion of the construction of the program benefit value variables, 
see appendix 3.)  
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As a first, basic look at program incidence, figure 7 shows the distribution of programs’ benefits 
by poverty or welfare status (extreme poor, moderate poor, and nonpoor). For reference, it also 
shows the consumption shares across welfare groups: the extreme poor obtained 6 percent of total 
consumption, while the moderate poor obtain another 13 percent. Compared to their consumption 
shares, the extreme and moderate poor received disproportionately larger shares of child grants, 
public assistance (in-kind food benefits), school feeding benefits, cash-for-work assistance, social 
pensions, and OVC secondary school bursaries. For the remaining programs, the nonpoor receive 
disproportionately larger shares. 
 
Another way to assess the incidence of program benefits is through concentration coefficients, 
reported along with their standard errors in columns 1 and 2 of table 10. (For a definition of this 
measure, see appendix 2.) Coefficient values closer to minus one indicate that a program benefit 
is more concentrated among poorer households, while values closer to one indicate that it is more 
concentrated among richer households. The Gini coefficient for household consumption, reported 
in the first row of the table for comparison, is 0.446.  
 
Child grants, cash-for-work assistance, and public assistance (in-kind food benefits) are explicitly 
targeted to poorer households. All three programs have negative concentration coefficients 
(−0.258, −0.120, and −0.227, respectively), which means that they are more likely to go to such 
households. 
 
Secondary school bursaries are targeted to orphans and vulnerable children, so one might hope 
that they are pro-poor. Their concentration coefficient is positive (0.109), however, though 
statistically indistinguishable from zero.  
 
While school feeding and social pensions are not targeted to poorer households, their beneficiaries 
tend to be poorer than the general population. These programs have negative concentration 
coefficients (−0.208 and −0.051, respectively).  
 
Civil service pensions, university bursaries, and postsecondary TVET bursaries are all much more 
regressive—that is, more concentrated among richer households. All three programs have positive 
concentration coefficients (0.655, 0.787, and 0.483, respectively). 
 
Still another way to assess the incidence of program benefits is through their marginal effects on 
inequality and poverty, reported along with the standard errors for these measures in columns 3–8 
of table 10. These effects are defined as the change that each benefit produces in the Gini 
coefficient or in the poverty rate or poverty gap, with the sign reversed so that a positive value 
indicates a reduction in inequality or poverty (for a more detailed definition, see appendix 2). Both 
the poverty rate (the share of the population that is poor) and the poverty gap (the average distance 
between poor people’s consumption and the poverty line as a share of the same poverty line) are 
based on Lesotho’s upper poverty line. Unlike concentration coefficients, marginal effects take 
into account the size of the program (in terms of total program spending). Column 9 of table 10 
reports program size, defined as total program benefits divided by total household consumption, 
based on the 2017/18 CMS/HBS. 
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To calculate the marginal effect of a benefit, we compare the distributional statistic with and 
without the benefit. But we first make an adjustment for two programs whose benefits represent a 
very large share of beneficiaries’ household consumption: civil service pensions, representing 60 
percent of consumption exclusive of the pension benefit, and university bursaries, representing 50 
percent exclusive of the university bursary benefit. Households receiving these benefits often have 
little or no other income, so they appear to be very poor after the benefit is subtracted out. But it 
is likely that without the benefit, many of these beneficiaries would work more than they do with 
the benefit, which we should account for when calculating the “without benefit” counterfactual 
consumption.  
 
Thus, for civil service pensions and university bursaries only, we estimate what a beneficiary 
would earn from work in the absence of the benefit by matching beneficiaries to nonbeneficiaries 
of the same age, gender, education attainment, and area of residence (urban or rural) and assigning 
to beneficiaries’ households that additional consumption under the “without benefit” 
counterfactual.16 (For a more detailed explanation of this approach, see appendix 5.) We do not 
make the same adjustment for social pensions because beneficiaries are all age 70 or older and 
thus unlikely to earn much income even in the absence of their pension. 
 
Because marginal effects depend on program size as well as incidence, it is important to keep in 
mind that the survey data under- or overestimate total program spending as obtained from 
government administrative data (see appendix 3, table A3.2 and figure A3.1). For programs for 
which total spending is underestimated (the majority), the estimated marginal effects will be 
smaller than the actual effects. The underestimate of the marginal effect is not necessarily 
proportional to the underestimate of total program spending, because the first underestimate 
depends on the shape of the consumption distribution. 
 
The marginal effects on inequality show that social pensions have the largest effect, reducing the 
Gini coefficient by 2.5 percentage points (see column 3 of table 10). We have seen that social 
pensions are not especially well targeted to poorer households. But the program’s large budget 
(707 million maloti in fiscal 2017/18) means that it distributes a large amount of money more or 
less equitably. 
 
Of the remaining social protection programs, only school feeding has an appreciable effect in 
reducing inequality, lowering the Gini coefficient by 0.9 percentage points. Other programs have 
only a small effect on inequality. Civil service pensions and postsecondary TVET bursaries 
slightly worsen inequality, increasing the Gini coefficient by 0.2 percentage points or less. 
University bursaries cause significantly more inequality, increasing the Gini coefficient by 0.9 
percentage points. 
 
The marginal effects on the poverty measures are consistent with the logic that because the 
programs all provide benefits, they cannot increase poverty (see columns 5 and 7 of table 10). Even 
if programs are so poorly targeted that the poor receive nothing from them, the poverty measures 
would remain unchanged. If just one poor person benefits, poverty would decrease.  
 

 
16 We make this same adjustment every time we calculate a marginal effect or effectiveness measure in what follows, 
including in the policy simulations that alter postsecondary education bursaries. 
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As with inequality, social pensions have the largest effect on poverty, lowering the poverty rate by 
2.2 percentage points, followed by school feeding, which lowers it by 1.4 percentage points. But 
social pensions reduce the poverty gap by more than twice as much as school feeding does—by 
3.3 percentage points. This difference indicates that social pension benefits are more likely to go 
to those below the poverty line. No other program has an appreciable effect on the poverty rate.17 
Overall, social pensions and school feeding are the most redistributive programs. 
 
 

d. Effectiveness of social protection programs 
 
One problem with marginal effects is that, all else equal, programs with larger budgets have larger 
marginal effects.18 A way to check the robustness of the marginal effects is to calculate a program’s 
effectiveness, roughly, its bang for the buck. Here, we examine impact and spending effectiveness. 
Like the marginal effects calculations, the effectiveness measures use a with/without benefit 
comparison. For civil service pensions and university bursaries, we make the same adjustment to 
“without benefit” consumption as we did for the marginal effects calculations. 
 
Impact effectiveness is defined as the ratio between the inequality or poverty reduction that a 
program actually achieves and the inequality or poverty reduction that it could achieve if all its 
budget were distributed in the most progressive way possible. This perfect distribution of a 
program’s budget would give enough of a benefit to the poorest person to bring his or her 
consumption up to the level of the second-poorest person, then give enough to both to bring their 
consumption up to the level of the third-poorest person, and so on until the budget is exhausted. 
 
Unlike the calculation of impact effectiveness, which holds the program’s budget constant, the 
calculation of spending effectiveness holds the inequality or poverty measure constant and asks 
how much less we could spend and still attain that inequality or poverty measure if we achieved 
the perfect distribution of program benefits as described above.  
 
For both measures, values closer to one indicate greater effectiveness—that is, an actual 
distribution of benefits that is closer to a perfect distribution of benefits. And values closer to zero 
indicate lower effectiveness. (For a more detailed discussion of these measures, see appendix 2.) 
 
Table 11 reports impact and spending effectiveness values for inequality as measured by the Gini 
coefficient (columns 1 and 2) as well as effectiveness values for poverty as measured by the 
poverty gap (column 3), which are the same for impact and spending. (For a discussion of why we 
cannot calculate effectiveness for the poverty rate, see appendix 2.) The poverty gap is estimated 
in relation to the upper poverty line.  
 

 
17 Our ordering of effect sizes across programs differs somewhat from that in Dietrich et al. (2016), who examine the 
effects on poverty and inequality of social pensions, school feeding, and child grants using the 2002/03 HBS. In their 
static analysis, they find that social pensions and child grants have larger effects on the poverty rate and the Gini 
coefficient than school feeding, and that child grants have larger effects on the (extreme) poverty gap and the extreme 
poverty rate than social pensions (and even larger effects on these measures than school feeding). A potentially 
important difference is that we assess the effects of child grants given the program’s present population coverage, 
whereas Dietrich et al. (2016) assess the effects of child grants by simulating national coverage.   
18 This is not quite true, as explained in Lustig (2018), but the intuition serves our purposes here. 
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For both inequality and poverty reduction, the five programs with the lowest concentration 
coefficients—child grants, public assistance (in-kind food benefits), school feeding, cash-for-work 
assistance, and social pensions—also prove to be the most effective, whether measured by impact 
or spending effectiveness. For example, the poverty gap effectiveness value is 0.703 for child 
grants, 0.669 for public assistance (in-kind food benefits), 0.654 for school feeding, 0.652 for 
social pensions, and 0.640 for cash-for-work assistance. 
 
Secondary school bursaries for orphans and vulnerable children are somewhat less effective in 
reducing inequality or poverty. The poverty gap effectiveness value for this program is 0.425.  
 
Civil service pensions, postsecondary TVET bursaries, and university bursaries are least effective 
in reducing poverty, with poverty gap effectiveness values of 0.121, 0.016, and 0.009, respectively. 
And these programs are completely ineffective in reducing inequality. Indeed, as indicated by the 
“n.a.” in table 11, these programs actually increase inequality.  
 
 

e. Sensitivity of incidence and effectiveness results to alternate poverty lines 
 
We check the sensitivity of our incidence and effectiveness results to the choice of poverty line, 
comparing results across the food (extreme), lower, and upper poverty lines.  
 
Table 12 reports the marginal effects on the poverty rate and poverty gap calculated using the 
alternate poverty lines. For most of the programs, the results for both poverty measures are similar 
across poverty lines, though there is some suggestion that the marginal effects are larger when 
calculated using the lowest (food) poverty line, especially for child grants, school feeding, and 
social pensions. 
 
Table 13 reports the effectiveness of each social protection program on the poverty gap, again 
calculated using the alternate poverty lines. Recall that the impact and spending effectiveness 
measures are equal for the poverty gap. We also calculated (but do not show) the results for poverty 
severity, which are very similar to those reported here. There is a consistent pattern across all 
programs: the effectiveness is very similar for the two higher poverty lines while it is much lower 
for the food poverty line. With a very low poverty line, more program benefits go to those above 
that line, diminishing the benefits’ effectiveness in reducing the poverty measure. 
 
 

f. Policy simulations 
 
We explore possible changes to social protection program spending aimed at two different policy 
goals. The first goal is to improve the effects of existing social protection program spending 
through better targeting of beneficiaries. The second is to reduce social protection program 
spending so as to improve the budget situation with the least possible harm in terms of poverty and 
inequality. 
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Distributional effects of better targeting 
 
We have seen that Lesotho has high social protection program spending relative to other countries 
and that much of this spending is not well targeted to the poor. As a result, this spending has a 
smaller effect on poverty and inequality than it might have.  
 
One way to put this into perspective is to compare total social protection program spending with 
the absolute poverty gap—that is, the amount of money the government would need to spend to 
eliminate poverty if it could target that spending perfectly, so that the spending brings each poor 
person just up to the poverty line. The results of this comparison are striking. They indicate that if 
perfectly targeted, total social protection program spending would be enough to eliminate more 
than half of all poverty measured at the upper poverty line, and much more than enough to 
eliminate extreme poverty measured at the food poverty line (table 14). Yet in actuality, 49.7 
percent of the population remains below the upper poverty line, and 24.1 percent below the food 
poverty line (Lesotho Bureau of Statistics 2019).  
 
This gives rise to an obvious question: How much more might Lesotho reduce poverty and 
inequality if its social protection program spending were better targeted? Perfect targeting is, of 
course, impossible in practice. Thus, we instead consider targeting benefits by applying the 
government’s existing PMT formula to the 2017/18 CMS/HBS (see appendix 4 for a discussion 
of the PMT formula and its application).  
 
We perform two simulations in which we eliminate social protection program spending, then 
allocate the resulting budgetary savings in equal amounts to everyone who falls below the 57th 
percentile of the PMT score distribution. These beneficiaries make up 50.5 percent of the 
population, almost the same as the poverty rate based on the upper poverty line.19 In the first 
simulation, we exclude civil service pensions (which are not transfers but deferred compensation) 
and postsecondary education bursaries (university bursaries and postsecondary TVET bursaries) 
from the social protection program spending; in the second, we exclude only civil service pensions. 
The exclusion of the bursaries helps to make an important point on targeting. 
 
In the first analysis, excluding both civil service pensions and postsecondary education bursaries, 
we compare concentration coefficients and marginal effects for actual spending on the remaining 
social protection programs with those for a simulated transfer of equivalent size targeted using the 
government’s PMT formula (table 15). The striking conclusion is that using the PMT formula to 
target benefits would lead to outcomes not very different from actual outcomes. While the PMT-
targeted transfer is more concentrated among the poor when we rank households by actual 
consumption (which includes all social protection program benefits), over household consumption 
without benefits, current social protection program spending (excluding civil service pensions and 
postsecondary education bursaries) is actually slightly better targeted to the poor than the 
hypothetical transfer using the PMT formula. As a result, the marginal effects from actual social 
protection program spending are very similar to those from a PMT-targeted transfer. 

 
19 The cutoff at the 57th percentile does not exclude 43 percent of the population because the PMT is estimated on the 
basis of data from the 2002/03 Household Budget Survey for the country. Within sample, the regression used to 
estimate the PMT will pick up some spurious correlation that will not be present in a different sample, so the prediction 
is less accurate for the 2017/18 CMS/HBS. 
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In the second analysis, excluding only civil service pensions, we compare the same statistics for 
actual spending on the remaining social protection programs with those for a simulated PMT-
targeted transfer of equivalent size (table 16). Here, the results indicate that using the PMT formula 
would make the distribution of social protection program spending more progressive—because the 
PMT-targeted transfer is significantly more concentrated among the poor than actual spending is. 
The marginal effects show that the existing social protection portfolio has large effects on poverty 
and inequality despite its poor targeting, a result of the high spending on social protection. But 
using the PMT formula to target benefits could improve on these results, especially for the poverty 
rate.  
 
The two simulations together suggest that the only way to make Lesotho’s social protection 
program spending more effective in reducing poverty and inequality is either to target spending 
even more accurately to the poor than is possible using the government’s PMT formula or to 
reallocate the spending on postsecondary education bursaries to better-targeted alternative social 
protection programs.20 
 
We also compare the effectiveness of actual social protection program spending and simulated 
spending with PMT-based targeting (see tables 15 and 16). If we exclude both civil service 
pensions and postsecondary education bursaries from the analysis, the effectiveness of actual and 
PMT-targeted social protection program spending is about the same. If we exclude only civil 
service pensions, actual social protection program spending becomes much less effective because 
of the poor targeting and large budget share of the bursaries. Using PMT-based targeting could 
improve the effectiveness measure considerably for both inequality (the Gini coefficient) and the 
poverty gap.  
 
Still, effectiveness is far from perfect for the PMT-based targeting, for two reasons. First, the 
simulated PMT-targeted transfer gives the same amount to every beneficiary, while a perfect 
transfer would take into account the poverty status of beneficiaries—so that the poorer the 
beneficiary, the larger the amount given. Of course, precisely tailoring the benefit amount is 
difficult in practice, so this difference cannot be overcome. Any practical targeting mechanism 
will always be less than perfect.  
 
Second, the PMT score is an imperfect proxy for household consumption per adult equivalent. 
There is clearly a strong correlation between these two variables (figure 8). Yet 23 percent of the 
extreme poor have PMT scores above the 57th percentile, while 34 percent of the nonpoor have 
PMT scores below it. 
 
It may be possible to improve on the PMT-based targeting by finding a better proxy means test or 
by augmenting the PMT formula with other information. We have experimented with alternatives 
to the government’s existing PMT formula. One involves using more geographic information (with 
urban-versus-rural and district information in a single regression). Another starts with a universal 

 
20 A third option, increasing social protection program spending, is inconsistent with Lesotho’s fiscal constraints.  
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benefit and then excludes some households based on their characteristics,21 as suggested in Brown, 
Ravallion, and van de Walle (2016). Each of these alternatives produces results broadly similar to 
those of current social protection program spending (excluding civil service pensions and 
postsecondary education bursaries) and simulated PMT-targeted spending.  
 
Distributional effects of spending reductions 
 
Lesotho’s high spending on social protection programs puts stress on the overall government 
budget. Is it possible to reduce this spending (and thus improve the deficit) at minimal cost in 
poverty and inequality? To explore this question, we simulate the effects of restricting eligibility 
for (or targeting) university bursaries and social pensions to those below the 57th percentile of the 
PMT score. This percentile cutoff withdraws benefits from the 49.5 percent of the population with 
the highest PMT scores.  
 
For recipients who lose their bursary in the simulation, we assume that consumption declines by 
the amount of the benefit less an estimate of what they would earn if they were not attending 
university. That is, we make the same adjustment to “without benefit” consumption as we made in 
calculating marginal effects and effectiveness measures for this benefit. For recipients who lose 
their social pension in the simulation, we assume that consumption simply declines by the amount 
of the benefit. 
 
Table 17 reports the simulation results of targeting university bursaries to poorer households, 
showing the effects on inequality (measured by the Gini coefficient), the poverty rate, and the 
poverty gap. Column 2 reports the simulated effects of eliminating university bursaries for all 
students and is presented only to provide a frame of reference. Column 3 reports the simulated 
effects of eliminating university bursaries for students in households whose PMT score is above 
the 57th percentile. Columns 4 and 5 repeat the previous two simulations while reallocating the 
outlay saved to a general PMT-targeted transfer.22 
 
Both of the first two simulations decrease the Gini coefficient by about one percentage point. Both 
also increase the poverty rate and the poverty gap by a very small amount: 0.1 percentage points. 
Finally, both yield substantial budgetary savings, 524 million maloti and 435 million maloti, 
respectively. That the two simulations are so similar reflects the fact that the vast majority of 
university bursary recipients are not poor even without their bursary. The last two simulations 
show that reallocating university bursary spending to a general PMT-targeted transfer would lead 
to substantial reductions in inequality and poverty. Moreover, preserving bursary spending for 
poorer students while reallocating the rest (column 5) would reduce inequality and poverty by 
almost as much as reallocating all bursary spending (column 4). 
 
Table 18 reports results from analogous simulations for social pensions. Eliminating social 
pensions for all households yields budgetary savings of 585 million maloti, while doing so for 

 
21 The households excluded are those that include a public sector employee, civil service pensioner, or university 
graduate; own a computer, a car or truck, a generator, a refrigerator, an air conditioner, or a washing machine; or have 
internet access in the home. 
22 The purpose of these simulations, then, is not to reduce government spending but to strengthen its effect in reducing 
poverty and inequality. 
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richer ones yields savings of 334 million maloti—amounts similar to those in the simulations for 
university bursaries. But the simulations for social pensions lead to much larger effects on 
inequality and poverty. Eliminating social pensions entirely increases the Gini coefficient by 2.5 
percentage points, the poverty rate by 2.0 percentage points, and the poverty gap by 3.3 percentage 
points. Maintaining social pensions for households below the 57th percentile of the PMT score 
attenuates these effects, but they remain large: this reform increases both the Gini coefficient and 
the poverty rate by 1.2 percentage points and increases the poverty gap by 1.6 percentage points. 
The effects on poverty are negligible at the lower and food poverty lines, indicating that almost all 
the losses to poorer households from removing social pensions would affect those between the 
lower and upper poverty lines. 
 
 

g. Shocks and social protection 
 
The 2017/18 CMS/HBS gathered information on shocks experienced by households, collecting 
the data at the household level. We examine the shocks most commonly reported by households, 
household characteristics associated with the likelihood of reporting a shock, and responses to 
shocks. 
 
Shocks and their correlations 
 
Providing a list of 17 specific shocks, the survey asked households to report the three most 
significant ones (in terms of severity) experienced in the past five years, though households could 
report fewer than three. The questionnaire also asked how long ago the shock occurred in terms of 
months and years. (For more details on the information we use on shocks, see appendix 3.) We 
record all the shocks reported by households and when they occurred directly from household 
responses to these questions.  
 
As a caveat to the results that follow, note that the self-reported information on shocks may be 
biased. Households that experience a large negative effect on their welfare due to a shock may be 
more likely to report the event than households that successfully mitigate the adverse effects of 
the shock. This would contribute to an undercount of the households experiencing the shock.  
 
Table 19 reports the numbers and distribution of shocks (provided verbatim from the survey) 
reported for the past five years and for the past year. On average, households reported a little more 
than two shocks per household over the past five years and a little more than one in the past year. 
Assuming that the recall of shocks is more accurate for the past year, we limit our analysis to these 
shocks.  
 
“Drought or floods” and “large rise in price for food” dominate the reported shocks. Among all 
reported shocks across households for the past year, drought or floods account for 24 percent and 
a large rise in food prices for another 31 percent. Their high shares in household responses are not 
surprising given the El Niño–induced drought of 2015/16. The individual shares for all other 
shocks are less than 10 percent.  
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Among other shocks with relatively high shares of responses, livestock loss accounts for 9 percent 
of reported shocks occurring in the past year. We combine three reported shocks—“chronic/severe 
illness or accident of household member,” “death of household head,” and “death of working 
member of household”—into the single category “death, illness, or injury.” This combined 
category accounts for 10 percent of reported shocks occurring in the past year. We combine the 
remaining shocks into the single category “other,” which accounts for 26 percent. In the analysis 
that follows, we focus on an aggregate measure of “any shock” and five specific shock types or 
groups: drought or flood; large food price increase; livestock loss; death, illness, or injury; and 
other. 
 
Different shock types, while we treat them as separate in our analysis, may not be independent. 
For example, reports of livestock loss or a large food price increase may be a result of drought. 
There is some indication of an association in the survey data. Figure 9 plots the distribution over 
time of three shocks between April 2012 and January 2018: a drought or flood, livestock loss, and 
a large food price increase. When the share of households reporting a drought or flood rises 
sharply, so do the shares of those reporting livestock loss or a large food price increase. 
 
To understand who might be more susceptible to shocks, we explore the association between the 
likelihood of reporting a shock and three household characteristics: area of residence (urban or 
rural); household poverty status, based on the upper and food poverty lines; and receipt of 
government social protection program benefits, separately by program. While all the results we 
present relate to the likelihood of reporting a shock, for brevity, we sometimes contract this to “the 
likelihood of a shock.”  
 
Table 20 reports the correlation between the different shock types and rural residence and poverty 
status. Relative to urban areas, reports of a drought or flood are 13 percent more likely in rural 
areas, reports of a large food price increase 4 percent more likely, and reports of livestock loss 15 
percent more likely. In a result driven by the reports of these specific shocks, rural residents are 
11 percent more likely than urban residents to report any shock.  
 
Whether poverty status is based on the upper or food poverty line, poorer households are more 
likely than nonpoor ones to report a drought or flood as a shock. The poor are 10 percent more 
likely than the nonpoor to report a drought or flood, and the extreme poor 5 percent more likely 
than the poor and nonpoor to do so.  
 
Other results in relation to poverty are not similarly consistent. While the extreme poor are less 
likely than others to report a large food price increase as a shock, we do not find this same pattern 
when comparing the poor with the nonpoor. And while the poor are more likely than the nonpoor 
to report livestock loss as a shock, we do not find this pattern when comparing the extreme poor 
with others. Presumably, the extreme poor are more lacking in livestock than the poor and so are 
not affected in the same way. Aggregating up, reports of any shock do not seem to be associated 
with poverty status, regardless of the poverty line examined. 
 
Several reasons can be posited for why we might expect shocks to be correlated with the receipt 
of social protection program benefits. Most obviously, social protection programs may respond to 
a shock, as would be the case for a classic social protection system. The causality may also run the 
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other way: those who receive social protection program benefits may be more prone to 
experiencing shocks. And there may be household or individual characteristics that cause them to 
both receive program benefits and be vulnerable to shocks. For example, farmers tend to be poor 
in Lesotho and thus may receive more program benefits, and their livelihoods are more vulnerable 
to droughts and floods. It may also be that the receipt of a program benefit induces behavior that 
makes a household or individual more susceptible to experiencing a shock. For example, 
households with beneficiaries of generous pensions may weaken their attachment to the labor 
market or farming and thus be more vulnerable to a sharp increase in food prices.  
 
Table 21 reports the correlation between the receipt of a social protection program benefit and the 
likelihood of reporting a shock, by program and by shock type. For several social protection 
programs—child grants, school feeding, cash-for-work assistance, public assistance (in-kind food 
benefits), and social pensions—the receipt of benefits appears to be associated with a higher 
likelihood of reporting a shock. This association is frequently found for a drought or flood, less 
frequently for livestock loss, and least frequently for a large food price increase or death, illness, 
or injury. Conversely, the receipt of university bursaries is associated with a lower likelihood of 
reporting shocks. As discussed in the incidence results, child grants, school feeding, cash-for-work 
assistance, public assistance (in-kind food benefits), and social pensions are more concentrated 
among poorer households while university bursaries are more concentrated among richer 
households. While we cannot rule out other explanations, the associations we observe are 
consistent with poor socioeconomic status resulting in both social protection program participation 
and susceptibility to adverse shocks.  
 
Responses to shocks 
 
Households were also asked in the 2017/18 CMS/HBS about how they responded to the shocks 
they reported. Most of the response options relate to actions that households took themselves, but 
several relate to help received from family or friends, NGOs or religious institutions, or the 
government. A report of help received from the government would be evidence of a response by a 
social protection program to a shock.  
 
Table 22 reports the shares of households that received assistance from different sources, 
conditional on reporting a shock. Most households reporting a shock did not report receiving any 
assistance. Across the shocks examined, 67–96 percent of households reporting a given shock 
received no assistance. When households did receive assistance, it almost always came from 
family or friends. 
 
The government, and other institutions, are not responding in ways perceptible to households. 
Conditional on reporting a shock, 0–6 percent of households reported receiving government 
assistance across the shocks examined. These results notwithstanding, the government and the 
international community did respond to the 2015/16 drought emergency through several 
interventions, such as emergency water supply infrastructure in affected communities, emergency 
cash and in-kind assistance to affected households, and a general food price subsidy (Kardan, 
O’Brien, and Masasa 2017; Drechsler et al., 2019).  
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h. Incidence and effectiveness of a food price subsidy 
 
Among the interventions in response to the 2015/16 drought emergency, the government provided 
a price subsidy for maize meal, sugar beans, and dry split peas to mitigate the increase in food 
prices.23 We examine the incidence and effectiveness of this intervention.  

 
While no food price subsidy was in effect during the survey period for the 2017/18 CMS/HBS, we 
simulate a subsidy similar to the one used during the drought of 2015/16. As long as consumption 
shares for the subsidized foods were similar in 2015/16 and 2017/18, the simulation will give an 
accurate assessment of the subsidy’s distributional effects. The government’s aim was to provide 
a subsidy of 30 percent of the market price for the targeted food items (FAO, WFP, and World 
Bank 2017). This would have resulted in subsidy spending of 216 million maloti a year, as 
estimated on the basis of the 2017/18 CMS/HBS. However, government accounting records on 
actual subsidy spending indicate that the effective subsidy was only 98 million maloti, equivalent 
to a subsidy of 13.6 percent of the market price for the targeted food items.24  
 
We simulate the effect of the subsidy on poverty and inequality by assuming that it is an indirect 
transfer to households buying the subsidized food items. We ignore household demand responses 
to the subsidy, so we estimate the subsidy value to households as 13.6 percent of their purchases 
of maize meal, sugar beans, and dry split peas and increase their ex post consumption by this 
amount. For comparison, we also simulate the full 30 percent subsidy intended by the government. 
 
The actual subsidy has a modest effect on inequality and poverty, reducing the Gini coefficient by 
0.2 percentage points and the poverty rate by 0.3 percentage points (figure 10). The intended 
subsidy of 30 percent would have had a larger effect, reducing the Gini coefficient by 0.4 
percentage points and the poverty rate by 0.7 percentage points. However, with a concentration 
coefficient of 0.085, the subsidy (actual or intended) is less pro-poor than child grants, public 
assistance (in-kind food benefits), school feeding, cash-for-work assistance, or social pensions—
all of which have negative concentration coefficients, ranging from −0.051 to −0.258. The subsidy 
is also less effective than those programs at reducing inequality and poverty (figure 11). 
 
An alternative to a general food price subsidy would be to target assistance to population groups 
expected to be poorer than average. This assistance could be either in cash or in kind. We examine 
the scenario of using the same budget amount as the food price subsidy (at actual and intended 
rates) for a transfer to those receiving either cash-for-work assistance or social pensions, with the 
transfer amount being the same for all recipients. Except for school feeding, these two social 

 
23 The government declared a state of emergency in December 2015 because of the poor prospects for domestic cereal 
crop production, resulting from below-normal and delayed rainfall induced by El Niño. In the early months of 2016, 
the price of domestically produced maize meal rose sharply, to a level substantially higher than that a year earlier. The 
government announced in May 2016 that it would subsidize the price of maize meal, sugar beans, and split peas over 
the 12 months from June 2016 through May 2017, committing to a budget for the subsidy of 163 million maloti. The 
government paid the subsidy to selected local milling and packing enterprises against prevailing prices they charged 
to wholesalers and retailers. It also fixed wholesale and retail prices for the subsidized foods. There were issues in 
implementing the subsidy and regulating prices, but wide availability of the subsidized foods was documented, along 
with a substantial increase in the volume of their sales (FAO, WFP, and World Bank 2017). 
24 We calculate the rate as total subsidy spending (98 million maloti) divided by total consumption spending on the 
targeted food items as reported in the 2017/18 CMS/HBS. 
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protection programs have the largest numbers of recipients. In addition, earlier analysis shows that 
these recipients are more likely to report a drought or livestock loss as a shock, revealing their 
vulnerability.  
 
As expected, targeted assistance is significantly more concentrated among poorer households than 
a general food price subsidy, with a concentration coefficient of −0.083, compared with 0.085 for 
the subsidy. Targeted assistance is also more effective than the subsidy at reducing both inequality 
and poverty (figure 12). 
 
 

4. CONCLUSION 
 
Social protection has two broad goals. The first is to insure people against shocks to their income 
from retirement, unemployment, ill health, and natural disasters. The second is to reduce poverty 
and, to a lesser extent, inequality. How does social protection program spending in Lesotho 
perform with respect to these goals?  
 
On the first goal, our results show that social protection program spending in Lesotho does not 
appear to be responsive to shocks that households experience.25 Of those reporting a shock, only 
a tiny percentage reported receiving help from the government (or from anyone else other than 
family or friends) in response to that shock.  
 
What about the staple food price subsidy that figured among the interventions in response to the 
2015/16 drought emergency? While not perceived by households as assistance from the 
government, the subsidy was in fact a response to a widespread, covariate shock, though an ad hoc 
one. But while this response to an obvious shock may seem appropriate, we find that the actual 
spending on the subsidy reduced the poverty rate only modestly, by 0.3 percentage points. 
Moreover, the subsidy spending was less effective at reducing poverty or inequality than spending 
under several social protection programs whose benefits are more concentrated among poorer 
households.  
 
This highlights what may be a more general trade-off for social protection program spending: 
programs that respond to shocks will not be especially effective at reducing poverty if the shocks 
are not correlated with poverty. In Lesotho, the only reported shock with a consistently significant 
correlation with poverty status is a drought or flood. 
 
A more credible approach to assess the responsiveness of social protection program spending to 
adverse shocks—and the performance of this spending in attenuating the adverse effects of shocks 
on household welfare—would require different data on shocks. What is needed are more objective 
data with fine spatial disaggregation, which could be linked with representative household sample 
survey data (Hill and Porter 2017).26 For example, to examine the relationship between social 

 
25 The one exception: as evidenced by the extensive coverage of the elderly by social pensions, social protection is 
responsiveness to the “shock” of retirement. 
 
26 Such a data-linking exercise has been pursued for Lesotho by World Bank researchers. 



26 
 

protection programs, welfare, and drought or flood shocks, such objective shock data could be 
local historical data on weather, crop or livestock yield, or market prices of staple foods. 
 
On the second goal, results in Lesotho are mixed. On the one hand, social protection program 
spending has a large effect on poverty and inequality. Excluding civil service pensions, current 
social protection program spending reduces the poverty rate by 3.4 percentage points at the upper 
poverty line and by 6.5 percentage points at the food poverty line, and reduces inequality (as 
measured by the Gini coefficient) by 4.1 percentage points.  
 
On the other hand, these effects are achieved more through very high social protection program 
spending than through effective targeting. Lesotho spends the equivalent of 6.4 percent of GDP on 
social protection programs (5.2 percent, if we exclude civil service pensions and PODC Pension 
Fund benefits), compared with an average of 1.5 percent of GDP in a large sample of developing 
countries. The effectiveness of this spending is limited by poor targeting, however.  
 
The larger problem is that Lesotho’s social protection program spending is strongly biased toward 
two distributionally regressive programs: civil service pensions (including PODC Pension Fund 
benefits), which represent 17.8 percent of social protection program spending, and postsecondary 
education bursaries (university and postsecondary TVET bursaries), which represent 29.3 percent. 
Reallocating spending on existing civil service pensions would be inappropriate, because these are 
part of a prior employment contract. But future pensions for current civil servants, or possibly for 
new entrants to the civil service, warrant reconsideration. Gains from such changes would come 
only in the future, however. 
 
Postsecondary education bursaries appear to offer a more feasible way of improving the targeting 
of social protection program spending in Lesotho. Consider a hypothetical scenario in which 
university bursaries are retained only for poorer students while the outlay this saves is reallocated 
to a transfer targeted to poorer households through the government’s existing PMT formula. This 
alternative would additionally reduce the poverty rate by 1.4 percentage points at the upper poverty 
line and by 3.2 percentage points at the food poverty line, and reduce the Gini coefficient by 2.4 
percentage points.  
 
Eliminating postsecondary education bursaries would be a large and politically unpopular policy 
change and, given a high labor earnings return to postsecondary education, might be wrong from 
an efficiency perspective. But converting bursary grants to loans would allow the government to 
continue to guarantee that liquidity-constrained students could attend university or a postsecondary 
TVET institution while limiting the unfavorable distributional effects of bursary spending. In 
principle, postsecondary education bursaries are already supposed to be loans, but because the 
government does not collect payments on them, they are effectively grants. Because most 
university graduates work in the formal sector,27 however, the government should be able to collect 
loan payments from them.  
 
Such a policy change would not allow an immediate improvement in the targeting of social 
protection program spending, because the government would still need to pay students’ education-

 
27 Indeed, 55 percent of employed university graduates work in the public sector. 
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related expenses now while collecting their loan payments only in the future. But over time, this 
change would allow a shift in social protection spending to more progressive programs. 
 
In theory, Lesotho could also improve the effectiveness of social protection program spending by 
improving the targeting of individual programs. But this may be difficult to do in practice. We find 
that the current social protection program spending (excluding civil service pensions and 
postsecondary education bursaries) leads to reductions in poverty and inequality comparable to 
those from a hypothetical targeting of this spending based on the government’s existing PMT 
formula. Examining several alternatives to this PMT formula, we find outcomes statistically 
indistinguishable from those of current social protection program spending (excluding civil service 
pensions and postsecondary education bursaries). So, while exploring alternatives to current 
targeting is appropriate, success may be elusive.  
 
Three possibilities occur to us, all beyond the options pursued in this study. One is to rely on the 
judgment of local authorities (perhaps in conjunction with PMT-based targeting). The targeting of 
public assistance to those judged by local authorities to be in need is as good as the targeting of 
child grants based on the existing PMT formula. Substantially increasing the transfers controlled 
by local authorities could conceivably heighten the risk of favoritism or corruption and thus worsen 
targeting outcomes. Considering how to use the knowledge of local authorities is nevertheless 
worthwhile.  
 
Another possibility is to improve the performance of the PMT formula in out-of-sample prediction 
through appropriate machine learning methods (McBride and Nichols 2018). (PMT formulas are 
usually developed by minimizing in-sample prediction errors, while their intended use is always 
out-of-sample prediction.) A third possibility is to use poverty mapping methods (Elbers, Lanjouw, 
and Lanjouw 2003; Rao 2014) to generate a much finer geographic targeting of benefits to poor 
neighborhoods or villages.  
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Table 1. Basic current features of social protection programs in Lesotho 
 Basis for analysis 

Program Type Benefit 
Beneficiary 

level Targeting 

Government 
administrative 

data Survey data 
(1) (2) (3) (4) (5) (6) (7) 

Cash-for-work assistance 
(Integrated Watershed Management 
Public Works, or Fato Fato) 

Social 
assistance 

Cash Household Geographic; self Yes Yes 

Public assistance Social 
assistance 

Cash; in-kind Household Categorical Yes Yesa 

Emergency food aid Social 
assistance 

In-kind Household Categorical  Yes No 

Agricultural input fairs Social 
assistance 

In-kind Household Geographic; 
categorical 

No No 

Child grants Social 
assistance 

Cash Household Geographic; 
categorical; 
PMT 

Yes Yes 

School feeding Social 
assistance 

In-kind Individual Categorical Yes Yes 

Secondary school bursaries for orphans 
and vulnerable children 
(Orphans and Vulnerable Children 
Bursary Scheme) 

Social 
assistance 

In-kind Individual Categorical; 
PMTb 

Yes Yes 

University bursaries 
(Tertiary Bursary Scheme) 

Loan, but social 
assistance in 
effect  

In-kind Individual Categorical Yes Yes 

Postsecondary TVET bursaries 
(Tertiary Bursary Scheme) 

Loan, but social 
assistance in 
effect 

In-kind Individual Categorical Yes Yes 

Social pensions 
(Old Age Pensions) 

Social 
assistance 

Cash Individual Categorical Yes Yes 

African Pioneer Corps (APC)/Lesotho 
Liberation Army (LLA) pensions 

Social 
assistance 

Cash Individual Categorical Yes No 

Civil service pensions Social insurance Cash Individual Categorical Yes Yes 
Public Officers Defined Contribution 
(PODC) Pension Fund  

Social insurance Cash Individual Categorical  Yes No 

Workmen’s compensation fund Social insurance Cash Individual Categorical Yes No 
Road accident fund Social insurance Cash Individual Categorical Yes No 



32 
 

Sources: World Bank (2013, 2016); government documentation.   
Note: PMT = proxy means test.  
a. For food assistance only. 
b. PMT-based targeting was integrated into the program in fiscal 2018/19. 

 



33 
 

Table 2. Main design features of social protection programs in Lesotho, effective in fiscal 2017/18 

Program Implementing authority 
Year 

initiated 
Geographic 

coverage Benefit structure Benefit eligibility criteria 
(1) (2) (3) (4) (5) (6) 

Social assistance 
Cash-for-work assistance 
(Integrated Watershed 
Management Public Works, 
or Fato Fato) 

• Primary administrator: Office 
of the Principal Secretary with 
involvement of Department of 
Range, Department of Soil 
Conservation, and Department 
of Forestry, Ministry of 
Forestry, Range, and Soil 
Conservation 

• Financier: Government of 
Lesotho 

• Technical assistance: WFP 

• 2008 • National 
(program 
rotated across 
districts) 

• Type: Cash delivered through 
Standard Bank branches, off the 
counter, and more recently through 
mobile money  

• Level: 1,200 maloti per person 
• Periodicity: 20 days of work a 

month, for a maximum of one 
month a year 

 

• Registration at work site;  
• Between ages 18 and 69; 
• Program entry on a first-come, 

first- served basis at work site;  
• One member per household; and 
• Local arbitrary criteria for rationing 

program participation because of 
limited budget 

Public assistance 
 

• Primary administrator: 
Department of Social 
Assistance, Ministry of Social 
Development 

• Financier: Government of 
Lesotho 

• Technical assistance: UNICEF, 
World Bank 

• 1976 • National • Type: Permanent assistance in the 
form of cash, through postal banks 
and cash points. Temporary 
assistance in the form of in-kind 
benefits through district welfare 
offices, with in-kind benefits 
consisting of food, hygiene kits, 
and assistive devices for persons 
with disabilities 

• Level: For cash, 250 maloti per 
person a month. For in-kind 
benefits, varies by household 

• Periodicity: For cash, quarterly.  

• Destitute individuals, orphans and 
vulnerable children, people with 
severe disabilities or chronic 
illnesses, and elderly who are 
receiving no other government 
social protection program benefit;  

• Household income less than 150 
maloti a month; 

• Submission, review, and approval 
of application and supporting 
documentation;  

• Home assessment and interview; 
and  

• Local arbitrary criteria for rationing 
program participation because of 
limited budget 

Emergency food aid • Primary administrator: 
Disaster Management 
Authority, Office of the Prime 
Minister 

• Financier: Government of 
Lesotho 

• 2012 • National  • Type: Food (basic package of 
maize, pulses, and oil) 

• Periodicity: In case of emergency 

• Vulnerable household or household 
adversely affected by successive 
bad harvests during agricultural 
lean seasons 

Agricultural input fairs∗ • Primary administrator: 
Department of Crops, Ministry 
of Agriculture and Food 
Security 

• 2007 
 

• National • Type: Vouchers, for purchase of 
seeds, fertilizer, or tools sold by 
private traders at agricultural fairs 
organized at start of planting 

Household has:  
• At least 0.5 hectares of arable land 

and history of farming; 
• At least one able-bodied member; 

and 
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Table 2. Main design features of social protection programs in Lesotho, effective in fiscal 2017/18 

Program Implementing authority 
Year 

initiated 
Geographic 

coverage Benefit structure Benefit eligibility criteria 
(1) (2) (3) (4) (5) (6) 

• Financier: Government of 
Lesotho 

• Implementation support: UN 
FAO 

season in agricultural resource 
centers 

• Level: Fixed at half the price of 
inputs needed for producing staple 
crops on 0.5 hectares of land 

• Periodicity: Yearly 

• At least 50 percent of land left 
fallow in previous season because 
of insufficient inputs 

 
Household is vulnerable:  
• Lacks formal income, remittances, 

or livestock;  
• Has a woman or child as household 

head, members who are orphans, or 
chronically ill members; or 

• Must purchase a large share of its 
food because own production is 
low 

Child grants 
 

• Primary administrator: 
Department of Social 
Assistance, Ministry of Social 
Development 

• Financiers: Government of 
Lesotho 

• Technical assistance: UNICEF 

• 2009 • 58 (of 64) 
community 
councils in 10 
districts 

• Type: Cash, delivered by a security 
company. For a small percentage of 
beneficiaries, electronic transfers 
through mobile money or to bank 
accounts 

• Level: 360 maloti a quarter for 
households with 1–2 children; 600 
maloti a quarter for those with 3–4 
children; 750 maloti a quarter for 
those with 5+ children  

• Periodicity: Quarterly 

• Poor households with children 
under age 18; 

• Community-based targeting by 
village assistance committees; and 

• Exclusion of nonpoor on the basis 
of proxy means test 

 

School feeding 
 
 

• Primary oversight: Primary 
Education Inspectorate and 
School Self-Reliance and 
Feeding Unit, Ministry of 
Education and Training 

• Transportation, storage, and 
delivery: Food Management 
Unit of the Office of the 
President 

• Purchase, preparation, and 
food service: Locally 
contracted caterers 

• 1963 • National • Type: In-kind. Cooked lunch for 
180 days a year, in accordance with 
menus prescribed by Ministry of 
Health 

 

• Enrollment in government primary 
school 

 • WFP • 1965 • Remote 
locations 

• Type: Mid-morning snack and 
lunch for 180 days a year 

• Enrollment in government primary 
school 
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Table 2. Main design features of social protection programs in Lesotho, effective in fiscal 2017/18 

Program Implementing authority 
Year 

initiated 
Geographic 

coverage Benefit structure Benefit eligibility criteria 
(1) (2) (3) (4) (5) (6) 

Secondary school 
bursaries for orphans and 
vulnerable children 
(Orphans and Vulnerable 
Children Bursary Scheme) 
 
 

• Primary oversight: Department 
of Social Assistance, Ministry 
of Social Development 

• Local administration: District 
bursary administrators 

• Financier: Government of 
Lesotho 

• 2000 • National • Type: Electronic transfer to bank 
accounts of schools 

• Level: Varies by type of school and 
grade, in line with fee structure 
prescribed by Ministry of 
Education and Training 

• Periodicity: Biyearly 
• Purpose: Payment of tuition and, as 

relevant, books and stationery costs 
and room and boarding fees 

 

• Under age 18; 
• Lost both parents; remaining parent 

chronically ill; parents with severe 
disabilities; living with poor 
caregivers; abandoned; special 
needs; or out of school;  

• Enrollment in secondary school;  
• Submission, review, and approval 

of application and supporting 
documentation;  

• Verification of enrollment; and 
• Enrollment for benefits up to 

predetermined quota for each type 
of school 

Postsecondary education 
bursaries 
(Tertiary Bursary Scheme) 
 
(Legal basis: National 
Manpower Development 
Council Act 1978; Loan 
Bursary Fund Regulations 
1978) 

• Primary oversight: National 
Manpower Development 
Secretariat 

• Financier: Government of 
Lesotho 

• 1978 • National • Type: Electronic transfer to bank 
accounts of schools (for tuition) or 
student bank account (for other 
parts) 

• Level: Varies by type of school or 
program in which enrolled. No 
clear guideline on caps. 

• Periodicity: Yearly 
• Purpose: Payment of tuition and, as 

relevant, books and stationery 
costs, off-campus allowance, food 
and books allowance, on-campus 
residence fee, transport allowance, 
tools and protective clothes, and 
projects allowance 

• Lesotho citizenship; 
• Good academic record; and 
• Enrollment in tertiary institution, 

public or private, either in Lesotho 
or abroad 

 

Social pensions 
(Old Age Pensions) 
 
(Legal basis: Old Age 
Pensions Act 2005; Old Age 
Pensions Regulations 2014) 
 
 

• Primary administrator: 
Pensions Department, Ministry 
of Finance 

• Financier: Government of 
Lesotho, World Bank 

• 2004 • National • Type: Cash, through postal banks 
and local pay points 

• Level: 700 maloti a month  
• Periodicity: Monthly 
• No survivor benefits 
 

• 70 years or older; 
• Receiving no other pension from 

the government; and 
• Submission, review, and approval 

of application and supporting 
documentation 
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Table 2. Main design features of social protection programs in Lesotho, effective in fiscal 2017/18 

Program Implementing authority 
Year 

initiated 
Geographic 

coverage Benefit structure Benefit eligibility criteria 
(1) (2) (3) (4) (5) (6) 

African Pioneer Corps 
(APC)/Lesotho Liberation 
Army (LLA) pensions 

• Primary administrator: 
Pensions Department, Ministry 
of Finance 

• Financier: Government of 
Lesotho 

• APC: 
2000; 
LLA: 
2012 

• National • Type: Cash, through postal banks 
and local pay points 

• Level: For APC, 200 maloti a 
month; for LLA, 700 maloti a 
month 

• Periodicity: Monthly 
• Survivor benefits for spouses 
 

For APC:  
• Member of African Auxiliary 

Pioneer Corps of British army 
during World War II 

 
For LLA: 
• Member of Lesotho Liberation 

Army; 
• 70 years or older; and 
• Receiving no other pension from 

the government 
Social insurance 

Civil service pensions 
(Defined benefit program) 
 
(Legal basis: Pensions 
Proclamation 1964; 
Pensions [Amendment] 
Regulations 2007) 

• Primary administrator: 
Pensions Department, Ministry 
of Finance 

• Financier: Government of 
Lesotho 

• 1964 • National • Type: Electronic transfer to bank 
accounts of beneficiaries 

• Level: At retirement, lump-sum 
payment of 12.5 percent of “full 
pension”; monthly benefit based on 
annualized “full pension.” Full 
pension is a function of final salary 
and months of government service 
(capped at 400 months)  

• Periodicity: Monthly 
• Converted to a survivor benefit if 

the deceased received or was 
eligible to receive a civil service 
pension. Eligible survivors include 
a widow, a dependent widower, 
and children under age 18 

• Permanent or pensionable 
government employee;  

• Retired from government service; 
and  

• Minimum age (within 10 years 
from normal retirement age, but 
with a minimum age of 50); or  

• Normal retirement age (for 
military, police, and prison officers, 
age 55; for civil service or local 
government, age 60; for teaching 
service or deferred pensioner, age 
65) 

Public Officers Defined 
Contribution (PODC) 
Pension Fund 
 
(Legal basis: Public 
Officers’ Defined 
Contribution Pension Fund 
Act 2008) 

• Primary administrator: PODC 
Pension Fund Secretariat 

• Financing: Monthly 
contributions by government 
and employees as stipulated 
percentages of gross employee 
salary, plus any accrued 
benefits under the legacy civil 
service pension scheme as 
relevant  

• 2008 • National • Type: Electronic transfer to bank 
accounts of beneficiaries. 
Conversion of total fund value into 
annuity at retirement; option of 
lump-sum benefit at retirement for 
a portion of fund value  

• Converted to a survivor benefit if 
the deceased received or was 
eligible to receive a PODC Pension 
Fund benefit. Eligible survivors 

• Permanent or pensionable 
government employee; 

• New entrant into government 
service effective 2008 or 
government employee born after 
April 1, 1964, transferred to PODC 
Pension Fund; 

• Resignation, retrenchment, 
retirement, disability, or death 
(converted to survivor benefit); and 
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Table 2. Main design features of social protection programs in Lesotho, effective in fiscal 2017/18 

Program Implementing authority 
Year 

initiated 
Geographic 

coverage Benefit structure Benefit eligibility criteria 
(1) (2) (3) (4) (5) (6) 

include a widow, a dependent 
widower, and children under age 18 

 

• Minimum age (within 10 years 
from normal retirement age, but 
with a minimum age of 50); or  

• Normal retirement age (for 
military, police, or prison officers, 
age 55; for civil service or local 
government, age 60; for teaching 
service or deferred pensioner, age 
65) 

Workmen’s compensation 
fund 
(Legal basis: Workmen’s 
Compensation Trust Fund 
Regulations of 1982; 
Workmen`s Compensation 
Trust Fund Regulations 
1985) 
 

• Administrator: Workmen’s 
Compensation Trust Fund, 
Labor and Delivery Mechanism 
Department, Ministry of Labor 
and Employment 

• Financing: Money that has 
accrued to Basotho workers 
while employed in South 
African mines, mainly 
unclaimed wages. This money 
also earns interest in a call 
deposit account and through the 
purchase of treasury bills 

• 1985 • National • Type: Payment by check 
• Level: Varies by unclaimed 

amount. If unclaimed amount 
exceeds 1,000 maloti, 20 percent of 
amount provided in first 
installment, with subsequent 
installments of no more than 130 
maloti each 
 

• Rightful beneficiary or rights 
holder 

Road accident fund 
 
(Legal basis: Motor Vehicle 
Insurance Order 1989) 

• Insurer: Lesotho National 
Insurance Group 

• Financier: Government of 
Lesotho 

• 1989 • National • Type: Payments mainly through 
check, but also electronic transfers  

• Level: Unlimited and in accordance 
with legal principles except where 
statutory limits exist with respect to 
certain passenger, non-at-fault 
driver, and pedestrian claims 
(12,000 maloti per person, and a 
maximum of 60,000 maloti for all 
such persons 

• Suffered physical injury or death as 
a vehicle passenger, pedestrian, or a 
non-at-fault driver   
 

Sources: World Bank (2013, 2016, 2019b); PODC Pension Fund Secretariat (2010); discussions with government authorities.  
Note: UN FAO = Food and Agriculture Organization of the United Nations; PODC = Public Officers Defined Contribution; OVC = orphans and vulnerable children; APC = African Pioneer Corps; 
LLA = Lesotho Liberation Army; WFP = World Food Programme; UNICEF = United Nations Children’s Fund. ∗ Program discontinued.  
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Figure 1. Social protection program spending: Lesotho in international comparison 
 
a. Cumulative distribution of annual social protection program spending as a percentage 

of GDP 

 
 
b. Cumulative distribution of annual social protection program spending per capita in 

2011 purchasing power parity dollars 
 

 
 
Source: Data from the World Bank’s Atlas of Social Protection Indicators of Resilience and Equity (ASPIRE) 
database (accessed May 8, 2019), http://datatopics.worldbank.org/aspire/home. 
Note: For Lesotho, data are for 2013; for other countries, the mean year for data is 2014. Sample size for all 
developing countries is 124; sample size for Sub-Saharan African countries is 45. In panel a, the yellow vertical 
line labeled m(SSA, ALL) indicates the mean value for all developing countries and for Sub-Saharan African 
countries, and the orange vertical line labeled LSO the value for Lesotho. In panel b, the green vertical line labeled 
m(SSA) indicates the mean value for Sub-Saharan African countries, the yellow vertical line labeled m(ALL) the 
mean value for all developing countries, and the orange vertical line labeled LSO the value for Lesotho.  
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Figure 2. Social protection program spending per capita, GDP per capita, and poverty: 
Lesotho in international comparison 
 
a. Annual social protection program spending per capita and GDP per capita 

 
 
b. Annual social protection program spending per capita and poverty rate 

 
 
Sources: For social protection program spending, data from the World Bank’s Atlas of Social Protection Indicators 
of Resilience and Equity (ASPIRE) database (accessed May 8, 2019), http://datatopics.worldbank.org/aspire/home. 
For GDP per capita and poverty rates, data from the World Bank’s World Development Indicators database 
(accessed May 8, 2019). 
Note: Non-SSA = developing countries outside Sub-Saharan Africa; SSA = Sub-Saharan African countries. For 
social protection program spending, data for Lesotho are for 2013; the mean year for these data for other countries 
is 2014. GDP per capita and poverty rate statistics are matched to the social protection program spending statistic 
by year; for several countries, the poverty rate statistic is interpolated to the year for the spending statistic. GDP 
per capita axis is truncated at $30,000.  
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Figure 3. Distribution of social protection program spending by program 
 

 
 
Source: Government spending by social protection program for fiscal 2017/18 obtained from various government 
ministries. 
Note: PODC = Public Officers Defined Contribution; OVC = orphans and vulnerable children; TVET = technical 
and vocational education and training; APC = African Pioneer Corps; LLA = Lesotho Liberation Army. 
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Figure 4. Annual social protection program spending relative to GDP and total 
government spending, by program 
 

 
 
Sources: Government spending by social protection program for fiscal 2017/18 obtained from various government 
ministries. Total government spending and GDP in current prices for fiscal 2017/18 obtained from Majoro (2019).  
Note: PODC = Public Officers Defined Contribution; OVC = orphans and vulnerable children; TVET = technical 
and vocational education and training; APC = African Pioneer Corps; LLA = Lesotho Liberation Army. 
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Figure 5. Annual social protection program spending per beneficiary, by program  
 
a. Spending per beneficiary 

 
 

b. Spending per beneficiary relative to poverty lines 

 
 

Sources: Government spending and beneficiary counts by social protection program for fiscal 2017/18 obtained 
from various government ministries. Poverty lines are from Lesotho Bureau of Statistics (2019). 
Note: PODC = Public Officers Defined Contribution; TVET = technical and vocational education and training; 
APC = African Pioneer Corps; LLA = Lesotho Liberation Army; OVC = orphans and vulnerable children; Z = 
poverty line. For all programs except public assistance, child grants, and emergency food aid, government 
authorities provide individual beneficiary numbers. For the other programs, household beneficiary numbers were 
provided. To estimate individual beneficiaries for child grants, the household beneficiary number is multiplied by 
2.6, the average number of children below age 18 in households predicted to receive child grants based on the 
2017/18 CMS/HBS. To estimate individual beneficiaries for public assistance and emergency food aid, the 
household beneficiary numbers are multiplied by 4.6, the average number of members in households receiving 
public assistance (in-kind food benefits) based on the 2017/18 CMS/HBS.    
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Figure 6. Social protection program coverage relative to total population, by program 
 

 
 
Source: Beneficiary numbers by social protection program for fiscal 2017/18 obtained from various government 
ministries. We use a population of 2.1 million, based on statistics in the World Development Indicators databank 
(https://databank.worldbank.org/source/world-development-indicators).  
Note: OVC = orphans and vulnerable children; APC = African Pioneer Corps; LLA = Lesotho Liberation Army; 
TVET = technical and vocational education and training; PODC = Public Officers Defined Contribution. For all 
programs except public assistance, child grants, and emergency food aid, government authorities provide individual 
beneficiary numbers. For the other programs, household beneficiary numbers were provided. To estimate individual 
beneficiaries for child grants, the household beneficiary number is multiplied by 2.6, the average number of children 
below age 18 in households predicted to receive child grants based on the 2017/18 CMS/HBS. To estimate 
individual beneficiaries for public assistance and emergency food aid, the household beneficiary numbers are 
multiplied by 4.6, the average number of members in households receiving public assistance (in-kind food benefits) 
based on the 2017/18 CMS/HBS.    

https://databank.worldbank.org/source/world-development-indicators
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Table 3. Coverage of child grants, by poverty status 
Share of population receiving benefit 

Poverty status 

Rural 
households with 

children 

Rural, PMT-
poor households 

with children 
(1) (2) 

Extreme poor 0.158 0.194 
Moderate poor 0.141 0.128 

Nonpoor 0.107 0.207 
All 0.133 0.177 

Source: Own estimates based on data from the 2017/18 Continuous 
Multipurpose Household Survey and Household Budget Survey (CMS/HBS). 
Note: PMT = proxy means test. We apply the PMT to the 2017/18 CMS/HBS 
(see appendix 4 for details). The PMT was designed by Oxford Policy 
Management (2014) and is administered by the Ministry of Social 
Development. Receipt of child grants is imputed (see appendix 3 for details). 
Households with children are those with children under age 18. Extreme poor 
refers to those living below the food poverty line; moderate poor refers to those 
living below the upper poverty line and above the food poverty line. 

 
 
 

Table 4. Coverage of school feeding, by poverty status 
Share of population receiving benefit 

Poverty status 

Children of 
primary 

school age 
(ages 5–12) 

Children of 
secondary 
school age 

(ages 13–18) 

Primary 
school 

students 
(1) (2) (3) 

Extreme poor 0.794 0.388 0.935 
Moderate poor 0.785 0.414 0.921 

Nonpoor 0.627 0.319 0.763 
All 0.726 0.366 0.866 

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose 
Household Survey and Household Budget Survey (CMS/HBS). 
Note: Extreme poor refers to those living below the food poverty line; moderate 
poor refers to those living below the upper poverty line and above the food 
poverty line. 
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Table 5. Coverage of cash-for-work assistance and public assistance (in-kind food 
benefits), by poverty status and urban or rural residence 

Poverty status 

Share of population age 18+ 
receiving cash-for-work assistance 

benefit  
Share of population receiving 

public assistance (in-kind food) 
Overall Urban Rural  Overall Urban Rural 

(1) (2) (3)  (4) (5) (6) 
Extreme poor 0.064 0.067 0.064  0.103 0.014 0.120 

Moderate poor 0.068 0.038 0.077  0.085 0.029 0.102 
Nonpoor 0.032 0.015 0.049  0.039 0.009 0.067 

All 0.047 0.023 0.061  0.066 0.013 0.094 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: Extreme poor refers to those living below the food poverty line; moderate poor refers to those living below 
the upper poverty line and above the food poverty line. 
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Table 6. Coverage of social pensions and civil 
service pensions, by poverty status 
Share of population receiving benefit 

Program and 
poverty status 

Age 60+ Age 70+ 
(1) (2) 

Social pensions 
Extreme poor 0.441 0.873 

Moderate poor 0.457 0.842 
Nonpoor 0.355 0.778 

All 0.404 0.821 
 
Civil service pensions 

Extreme poor 0.006 0.009 
Moderate poor 0.008 0.015 

Nonpoor 0.074 0.051 
All 0.041 0.030 

Source: Own estimates based on data from the 2017/18 
Continuous Multipurpose Household Survey and Household 
Budget Survey (CMS/HBS). 
Note: Coverage rate estimates for social pensions exclude 
those receiving civil service pensions, in line with the 
eligibility rules for social pensions. Extreme poor refers to 
those living below the food poverty line; moderate poor 
refers to those living below the upper poverty line and above 
the food poverty line. 

 
 

Table 7. Coverage of secondary school bursaries for orphans 
and vulnerable children, by poverty status 
Share of population receiving benefit 

Poverty status 

Children of 
secondary 
school age 

(ages 13–18) 

Secondary 
school 

students 

Double-
orphaned 
secondary 

school 
students 

(1) (2) (3) 
Extreme poor 0.011 0.040 0.000 

Moderate poor 0.019 0.043 0.184 
Nonpoor 0.030 0.046 0.297 

All 0.021 0.044 0.198 
Source: Own estimates based on data from the 2017/18 Continuous 
Multipurpose Household Survey and Household Budget Survey (CMS/HBS). 
Note: Extreme poor refers to those living below the food poverty line; moderate 
poor refers to those living below the upper poverty line and above the food 
poverty line. 
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Table 8. Coverage of university and 
postsecondary TVET bursaries, by poverty status 
Share of population receiving benefit 

Program and 
poverty status 

Postsecondary 
age (ages 19–

22) 

Of which: 
postsecondary 

students 
(1) (2) 

University bursaries 
Extreme poor 0.000 0.000 

Moderate poor 0.008 0.783 
Nonpoor 0.064 0.839 

All 0.035 0.835 
 
Postsecondary TVET bursaries 

Extreme poor 0.003 1.000 
Moderate poor 0.006 0.696 

Nonpoor 0.012 0.477 
All 0.009 0.528 

Source: Own estimates based on data from the 2017/18 
Continuous Multipurpose Household Survey and Household 
Budget Survey (CMS/HBS). 
Note: TVET = technical and vocational education and training. 
Extreme poor refers to those living below the food poverty line; 
moderate poor refers to those living below the upper poverty line 
and above the food poverty line. 
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Table 9. Social protection program coverage of households (rather than individuals), by program and poverty status 
Share of households receiving benefit 

Poverty status 

Child 
grants 

School 
feeding 

Cash-for-
work 

assistance 

Public 
assistance 
(in-kind 

food) 

Civil 
service 

pensions 
Social 

pensions 

OVC 
secondary 

school 
bursaries 

University 
bursaries 

Postsecon
dary 

TVET 
bursaries 

Any 
social 

protection 
program 

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 
Extreme poor 0.116 0.695 0.171 0.096 0.004 0.200 0.011 0.002 0.002 0.832 

Moderate poor 0.084 0.603 0.165 0.079 0.001 0.194 0.017 0.008 0.004 0.779 
Nonpoor 0.030 0.298 0.074 0.034 0.022 0.113 0.022 0.039 0.009 0.479 

All 0.058 0.437 0.112 0.056 0.014 0.147 0.019 0.025 0.007 0.610 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and Household Budget Survey (CMS/HBS). 
Note: OVC = orphans and vulnerable children; TVET = technical and vocational education and training. Extreme poor refers to those living below the food poverty line; 
moderate poor refers to those living below the upper poverty line and above the food poverty line. 
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Figure 7. Distribution of social protection program benefits by poverty status 
 

 
 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: pae = per adult equivalent; OVC = orphans and vulnerable children; TVET = technical and vocational 
education and training. Extreme poor refers to those living below the food poverty line; moderate poor refers to 
those living below the upper poverty line and above the food poverty line. 
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Table 10. Incidence of social protection programs 

Program 

Concentration 
coefficient Marginal effect 

Program 
size Coef. S.E. 

Gini Poverty rate Poverty gap 
Effect S.E. Effect S.E. Effect  S.E. 

(1) (2) (3) (4) (5) (6) (7) (8) (9) 
Gini coefficient of household 

consumption 0.446 0.008  
 

 
 

 
 

 
Child grants −0.258 0.038 0.002 0.000 0.003 0.001 0.003 0.000 0.003 

School feeding −0.208 0.012 0.009 0.000 0.014 0.002 0.013 0.000 0.013 
Cash-for-work assistance  −0.120 0.030 0.003 0.000 0.003 0.001 0.004 0.000 0.004 

Public assistance (in-kind food) −0.227 0.067 0.001 0.000 0.000 0.000 0.001 0.000 0.001 
Civil service pensions 0.655 0.049 −0.002 0.001 0.002 0.001 0.003 0.001 0.013 

Social pensions −0.051 0.025 0.025 0.001 0.022 0.002 0.033 0.002 0.032 
OVC secondary school bursaries 0.109 0.079 0.000 0.000 0.000 0.000 0.001 0.000 0.001 

University bursaries 0.787 0.030 −0.009 0.001 0.002 0.000 0.001 0.000 0.029 
Postsecondary TVET bursaries 0.483 0.092 −0.001 0.000 0.001 0.001 0.000 0.000 0.002 

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and Household Budget Survey (CMS/HBS). 
Note: S.E. = standard error; OVC = orphans and vulnerable children; TVET = technical and vocational education and training. Standard errors are bootstrapped taking 
into account the sample design, based on 100 replications. The poverty rate and poverty gap are measured in relation to the upper poverty line. Program size is total 
program benefits divided by total household consumption. 
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Table 11. Effectiveness of social protection programs 

Program 

Inequality  
(Gini coefficient) 

Poverty  
(poverty gap) 

Impact 
effectiveness 

Spending 
effectiveness 

Impact/spending 
effectiveness 

(1) (2) (3) 
Child grants 0.526 0.520 0.703 

School feeding 0.495 0.480 0.654 
Cash-for-work assistance  0.439 0.432 0.640 

Public assistance (in-kind food) 0.490 0.488 0.669 
Civil service pensions n.a. 0.000 0.121 

Social pensions 0.535 0.504 0.652 
OVC secondary school bursaries 0.295 0.293 0.425 

University bursaries n.a. 0.000 0.009 
Postsecondary TVET bursaries n.a. 0.000 0.016 

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and Household 
Budget Survey (CMS/HBS). 
Note: OVC = orphans and vulnerable children; TVET = technical and vocational education and training; n.a. = not 
applicable (program actually increases the Gini coefficient and so is completely ineffective). For the poverty gap, impact 
and spending effectiveness are the same. The poverty gap is measured in relation to the upper poverty line. 
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Table 12. Sensitivity of marginal effects to alternate poverty lines 
  Food poverty line  Lower poverty line Upper poverty line 

Program 

Poverty 
rate 

Poverty 
gap 

Poverty 
rate 

Poverty 
gap 

Poverty 
rate 

Poverty 
gap 

(1) (2) (3) (4) (5) (6) 
Child grants 0.005 0.003 0.001 0.003 0.003 0.003 

School feeding 0.017 0.012 0.008 0.013 0.014 0.013 
Cash-for-work assistance  0.006 0.004 0.004 0.004 0.003 0.004 

Public assistance (in-kind food) 0.001 0.001 0.000 0.001 0.000 0.001 
Civil service pensions 0.001 0.002 0.002 0.002 0.002 0.003 

Social pensions 0.035 0.037 0.021 0.034 0.022 0.033 
OVC secondary school bursaries 0.001 0.000 0.001 0.001 0.000 0.001 

University bursaries 0.001 0.000 0.001 0.001 0.002 0.001 
Postsecondary TVET bursaries 0.000 0.000 0.000 0.000 0.001 0.000 

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and Household Budget 
Survey (CMS/HBS). 
Note: OVC = orphans and vulnerable children; TVET = technical and vocational education and training. The food (extreme), 
lower, and upper poverty lines are 352.39, 572.41, and 648.88 maloti per month per adult equivalent, respectively.  

 
 
 

Table 13. Sensitivity of poverty gap effectiveness to alternate poverty lines 

 

Food 
poverty 

line 

Lower 
poverty 

line 

Upper 
poverty 

line 
Program (1) (2) (3) 

Child grants 0.414 0.674 0.703 
School feeding 0.355 0.604 0.654 

Cash-for-work assistance  0.311 0.566 0.640 
Public assistance (in-kind food) 0.371 0.627 0.669 

Civil service pensions 0.068 0.109 0.121 
Social pensions 0.407 0.605 0.652 

OVC secondary school bursaries 0.152 0.363 0.425 
University bursaries 0.003 0.007 0.009 

Postsecondary TVET bursaries 0.000 0.000 0.016 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: OVC = orphans and vulnerable children; TVET = technical and vocational education and training. 
The food (extreme), lower, and upper poverty lines are 352.39, 572.41, and 648.88 maloti per month per 
adult equivalent, respectively. 
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Table 14. Absolute poverty gap based on alternate poverty lines, 
compared with total social protection program spending 

 
Indicator 

Maloti, 
millions 

Absolute 
poverty gap 

Upper Z 2,793 
Lower Z 2,084 

Food Z 559 
 Total household consumption 17,934 
 Total social protection program spending 1,570 

  Total civil service pension spending 236 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose 
Household Survey and Household Budget Survey (CMS/HBS). 
Note: Z = poverty line. 

 
 
 
Table 15. Concentration coefficients, marginal effects, and effectiveness of actual and 
simulated social protection program spending excluding civil service pensions and 
postsecondary education bursaries 

    Actual  
Simulated, 

PMT-targeted 
  (1) (2) 

 Concentration coefficient 
Over household consumption −0.10 −0.24 

Over household consumption less social protection program 
benefits −0.33 −0.24 

  
 Marginal effect 

 Gini coefficient 0.041 0.039 

Poverty rate 
Upper Z 0.033 0.029 
Lower Z 0.035 0.038 

Food Z 0.064 0.078 

Poverty gap 
Upper Z 0.054 0.054 
Lower Z 0.057 0.057 

Food Z 0.061 0.062 
    
 Effectiveness 

Gini coefficient Impact 0.547 0.532 
Spending 0.502 0.488 

Poverty gap Impact/spending 0.664 0.671 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: PMT = proxy means test; Z = poverty line. Social protection program spending includes all social protection 
programs except civil service pensions and postsecondary education bursaries. PMT-targeted spending goes to all 
those with a PMT score below the 57th percentile, in equal amounts per person. Poverty gap effectiveness measures 
are calculated in relation to the upper poverty line. 
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Table 16. Concentration coefficients, marginal effects, and effectiveness of actual and 
simulated social protection program spending excluding civil service pensions only 

    Actual  
Simulated, 

PMT-targeted 
  (1) (2) 

 Concentration coefficient 
Over household consumption 0.13 −0.24 

Over household consumption less social protection 
program benefits −0.06 −0.23 

  
 Marginal effect 

 Gini coefficient 0.041 0.044 

Poverty rate 
Upper Z 0.034 0.041 
Lower Z 0.037 0.060 

Food Z 0.065 0.111 

Poverty gap 
Upper Z 0.056 0.064 
Lower Z 0.058 0.066 

Food Z 0.062 0.050 
    
 Effectiveness 

Gini coefficient Impact 0.310 0.542 
Spending 0.258 0.482 

Poverty gap Impact/spending 0.451 0.652 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: PMT = proxy means test; Z = poverty line. Social protection program spending includes all social protection 
programs except civil service pensions. PMT-targeted spending goes to all those with a PMT score below the 57th 
percentile, in equal amounts per person. Poverty gap effectiveness measures are calculated in relation to the upper 
poverty line. 
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Figure 8. Actual household consumption and proxy means test score 
 

 
 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
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Table 17. Simulated effects of withdrawing university bursaries from richer households 
 

 
Current 
program 

Simulation 1: 
No program 

benefits for all 

Simulation 2: 
No program 

benefits for PMT 
score >57th 
percentile 

Simulation 3: 
Same as 1 but 
with benefits 

reallocated to a 
general PMT-

targeted 
transfer 

Simulation 4: 
Same as 2 but 
with benefits 
reallocated to 

a general 
PMT-targeted 

transfer 
  (1) (2) (3) (4) (5) 
 Concentration coefficient 0.787 n.a. 0.539 −0.226 −0.099 

Change in indicator 
 Gini coefficient   −0.010 −0.009 −0.029 −0.024 

Poverty rate 
Upper Z   0.001 0.001 −0.017 −0.014 
Lower Z  0.001 0.001 −0.021 −0.017 

Food Z  0.001 0.001 −0.045 −0.032 

Poverty gap 
Upper Z   0.001 0.001 −0.026 −0.022 
Lower Z  0.001 0.001 −0.027 −0.023 

Food Z  0.000 0.000 −0.024 −0.021 
Size of the simulation (maloti, millions)   −524 −435 0 0 

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and Household Budget Survey (CMS/HBS). 
Note: n.a. = not applicable; Z = poverty line. Concentration coefficient is calculated on household consumption per adult equivalent. Size of the simulation refers 
to the net effect on the budget, with a negative sign denoting a reduction in the budget.  
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Table 18. Simulated effects of withdrawing social pensions from richer households 
 

 
Current 
program 

Simulation 1: 
No program 
benefits for 

all 

Simulation 2: 
No program 
benefits for 
PMT score 

>57th 
percentile 

  (1) (2) (3) 
Concentration coefficient −0.048 n.a. −0.291 

Change in indicator 
Gini coefficient 

 
0.025 0.012 

Poverty rate 
Upper Z 

 
0.020 0.012 

Lower Z  0.001 0.001 
Food Z  0.001 0.001 

Poverty gap 
Upper Z  0.033 0.016 
Lower Z  0.001 0.001 

Food Z  0.000 0.000 
Size of the simulation (maloti, millions) 

 
−585 −334 

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: n.a. = not applicable; Z = poverty line. Concentration coefficient is calculated on household consumption per 
adult equivalent. Size of the simulation refers to the net effect on the budget, with a negative sign denoting a 
reduction in the budget.  
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Table 19. Shocks reported by surveyed households 

Shock 

Frequency 
 

Share of total 
Past 5 
years 

Past 12 
months 

 
Past 5 
years 

Past 12 
months 

(1) (2)  (3) (4) 
Drought or floods 2,568 1,061 

 
0.27 0.24 

Crop disease or crop pests 317 162 
 

0.03 0.04 
Livestock died or were stolen 780 385 

 
0.08 0.09 

Household business failure (nonagric.) 215 112 
 

0.02 0.03 
Loss of wage employment or nonpayment of wage 531 243 

 
0.06 0.06 

End of regular assistance, aid, or remittances from outside household 87 53 
 

0.01 0.01 
Large fall in sale prices for crops 43 21 

 
0.00 0.00 

Large rise in price for food 2,381 1,364 
 

0.25 0.31 
Large rise in agric. input prices 105 47 

 
0.01 0.01 

Chronic/severe illness or accident of household member 697 309 
 

0.07 0.07 
Birth in the household 230 92 

 
0.02 0.02 

Death of household head 245 88 
 

0.03 0.02 
Death of working member of household 106 27 

 
0.01 0.01 

Death of other family member 801 293 
 

0.08 0.07 
Break-up of the household 110 31 

 
0.01 0.01 

Jailed/arrested 68 34 
 

0.01 0.01 
Fire/storm 209 71 

 
0.02 0.02 

Other (specify)  72 30 
 

0.01 0.01 
Total 9,564 4,423 

   

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and Household Budget Survey 
(CMS/HBS). 
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Figure 9. Distribution of total reports by households of selected shocks over time, April 
2012–January 2018 
 

 
 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
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Table 20. Correlation of shocks with rural residence and with poverty status 
  Rural residence Poverty Extreme poverty 
 Coef. p-value Coef. p-value Coef. p-value 

Type of shock (1) (2) (3) (4) (5) (6) 
Any shock 0.105 0.000 0.012 0.448 −0.022 0.143 

Drought or flood 0.131 0.000 0.100 0.000 0.046 0.003 
Large food price increase 0.038 0.012 0.000 0.992 −0.041 0.007 

Death, illness, or injury 0.008 0.591 −0.009 0.557 −0.023 0.134 
Livestock loss 0.152 0.000 0.026 0.088 0.001 0.939 

Other shock 0.023 0.135 −0.024 0.120 −0.007 0.666 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: Information on shocks refers to the 12 months before the survey. Poverty is based on the upper poverty 
line. Extreme poverty is based on the food poverty line. 
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Table 21. Correlation between receipt of social protection program benefits and shocks 

Program 

Any shock Drought or flood 
Large food price 

increase 
Death, illness, or 

injury Livestock loss Other shock 
Coef. p-value Coef. p-value Coef. p-value Coef. p-value Coef. p-value Coef. p-value 

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) 
Child grants 0.065 0.000 0.038 0.012 0.035 0.023 0.006 0.698 0.095 0.000 −0.005 0.754 

School feeding 0.063 0.000 0.066 0.000 0.006 0.689 0.029 0.057 0.051 0.001 0.039 0.010 
Cash-for-work assistance  0.057 0.000 0.056 0.000 0.014 0.353 −0.010 0.526 0.069 0.000 0.045 0.003 

Public assistance (in-kind food) 0.037 0.016 0.048 0.002 0.004 0.772 0.022 0.145 0.010 0.510 0.004 0.782 
Civil service pensions 0.018 0.229 0.028 0.069 0.017 0.254 0.017 0.263 0.027 0.077 0.002 0.875 

Social pensions 0.022 0.156 0.061 0.000 0.021 0.165 0.034 0.028 0.054 0.000 −0.034 0.026 
OVC secondary school bursaries −0.002 0.917 −0.001 0.948 −0.008 0.620 0.001 0.958 −0.004 0.803 0.023 0.125 

University bursaries −0.054 0.000 −0.042 0.006 −0.010 0.509 −0.033 0.028 −0.031 0.042 −0.026 0.088 
Postsecondary TVET bursaries −0.020 0.183 −0.008 0.593 −0.017 0.273 −0.013 0.404 −0.015 0.340 0.002 0.915 

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and Household Budget Survey (CMS/HBS). 
Note: OVC = orphans and vulnerable children; TVET = technical and vocational education and training. Information on shocks and receipt of program benefits refers to the 12 
months before the survey. 
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Table 22. Assistance received by households in response to a shock 

Type of shock 

Share of 
households 

experiencing 
shock 

Assistance received 
(as share of those experiencing a shock) 

No help 

From 
family or 
friends 

From 
NGOs or 
religious 

institutions 
From 
govt. 

(1) (2) (3) (4) (5) 
Any shock 0.584 0.815 0.169 0.006 0.010 

Drought or flood 0.242 0.929 0.062 0.006 0.004 
Large food price increase 0.311 0.928 0.062 0.004 0.006 

Death, illness, or injury 0.094 0.673 0.321 0.006 0.061 
Livestock loss 0.088 0.962 0.035 0.001 0.002 

Other shock 0.241 0.764 0.221 0.004 0.011 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: Information on shocks refers to the 12 months before the survey. 
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Figure 10. Incidence of food price subsidy compared with social protection programs 
 

a. Concentration coefficient by program 

 
 
b. Marginal effects by program 

 
 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS).  
Note: Marginal effects on the poverty rate and the poverty gap are in relation to the upper poverty line.  
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Figure 11. Effectiveness of food price subsidy compared with social protection programs 
 

 
 

Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: TVET = technical and vocational education and training; OVC = orphans and vulnerable children. The figure 
excludes bars for programs with nonpositive impact and spending effectiveness values with respect to the Gini 
coefficient. Impact/spending effectiveness on the poverty gap is in relation to the upper poverty line.  
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Figure 12. Incidence and effectiveness of food price subsidy compared with an equivalent 
social protection program transfer 

 
a. Marginal effects 

 
 
b. Effectiveness 

 
 
Source: Own estimates based on data from the 2017/18 Continuous Multipurpose Household Survey and 
Household Budget Survey (CMS/HBS). 
Note: Z = poverty line. Simulated social protection program transfers equivalent to the actual or intended subsidy 
are targeted to those receiving either cash-for-work assistance or social pensions. 
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APPENDIX 1. OPTIMIZING SURVEY DATA FOR ANALYSIS OF SOCIAL 
PROTECTION PROGRAM PERFORMANCE  

 
Our analysis of the performance of social protection programs uses household survey data in 
Lesotho and comparator countries. We have found that these survey data, while useful, are not 
optimized for this type of analysis. In Lesotho and elsewhere, the main purpose of income 
expenditure or living standards surveys is to estimate total income and expenditure for poverty 
analysis or for consumer price indices, not to analyze the performance of social protection 
programs. Yet small changes in questionnaire design could make these surveys more useful for 
this purpose. This appendix discusses several recommendations for such changes and the problems 
we encountered that motivate these recommendations.28  
 
Our first recommendation is that questionnaires ask about specific social protection programs or 
policies when collecting data on the receipt of transfers. The 2017/18 Continuous Multipurpose 
Household Survey and Household Budget Survey (CMS/HBS) does much better in this respect 
than similar surveys, many of which ask about transfers more generically. The CMS/HBS 
questionnaire asked about the receipt of transfers from a variety of social protection programs. But 
the detailed row items in the questionnaire did not always match the specific programs that we 
wanted to analyze. For example, the “education grant” question seemed to apply to students at all 
levels of schooling. We would have liked to have separate data for bursaries for government 
secondary school students who are orphans or vulnerable children and for bursaries for students in 
postsecondary institutions. Similarly, while the “old age pension” question refers to the social 
pension, some respondents with a civil service pension responded positively to this question. A 
simple improvement would be to ensure that questionnaires have a separate question for each 
social protection program and that the description of the program includes both its official name 
and any informal names by which it is commonly known. This would increase the likelihood that 
respondents will answer questions about the right program. 
 
A second recommendation, also aimed at increasing this likelihood, is that questionnaires ask 
respondents about their awareness of social protection programs before asking about transfers they 
receive. A simple “Are you aware of program X?” with a yes/no answer should suffice, with the 
question including both the formal name of the program and any informal names by which it is 
known. Since it is unlikely that a household would be benefiting from a program of which it is 
unaware, computer-assisted personal interviewing (CAPI) software could use these screening 
questions to flag and interrogate such responses. 
 
A third recommendation is that questionnaires ask careful questions about program beneficiaries. 
When the beneficiaries are individuals (such as in pension programs), questionnaires need to ask 
who has benefited, allowing for the possibility that more than one household member could be a 
beneficiary. When the beneficiary is the household (such as for food rations or most conditional 
cash transfer programs), questionnaires should include an option for household rather than 
individual beneficiaries. The 2017/18 CMS/HBS questionnaire is excellent in this respect. In 

 
28 We did not detect any significant problems with the shocks information reported by households in the 2017/18 
CMS/HBS for Lesotho. This may be because the questions (and associated response options) in the survey’s shocks 
module appear to be more straightforward for households to answer.     
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practice, however, we had difficulty matching the reported beneficiaries in the social protection 
module with other information on those individuals because the numerical person identifiers did 
not match. CAPI software can easily address this problem. 
 
A fourth recommendation is that both the survey interviewers and the data entry software have 
detailed information on each social protection program. If interviewers (or the software) know 
who is eligible for each program, they can interrogate cases where someone who should not be 
eligible reports a benefit or where someone who should be eligible does not (for example, a 
household with a government primary school student that does not report benefits from a universal 
school feeding program). For programs with specific benefit amounts (social pensions, conditional 
cash transfers, food rations), amounts inconsistent with the program could be rechecked with 
respondents. We found many cases in the 2017/18 CMS/HBS data where reported benefit amounts 
were inconsistent with what we know about the program. And for some programs, we found total 
reported benefits in the survey that fell far short of government administrative information on 
spending. More careful attempts to ensure that respondents report their benefits might reduce such 
inconsistencies. 
 
For each of these recommendations, it would be important to ensure coordination between the 
social protection program authorities (who may be in several different ministries) and the statistical 
authority in preparing the questionnaire. Program authorities could both ask for information that 
would be useful in evaluating their programs and give the statistical authority guidance and 
training on program characteristics that would improve the accuracy of the data collected. In 
countries that receive external support for social protection programs and systems, it might be 
appropriate to direct some of that support to promoting this coordination between social protection 
and statistical authorities. 
 
In preparing this study, another difficulty we encountered, probably the most significant one, was 
in comparing our results with those for other countries. Such benchmark comparisons are useful 
for policy makers, not least because they find them persuasive. We conducted our benchmarking 
for Lesotho by gathering published statistics from studies by the Commitment to Equity Institute 
and the World Bank as well as by estimating statistics based on survey data sets provided to us. 
These data sets, processed by the World Bank, contained program-specific data on benefit receipt 
by individuals and households.  
 
The comparisons were complicated by two factors. First, the same data quality issues that we 
encountered with the 2017/18 CMS/HBS likely affect the survey data used in the other studies and 
the country data sets that we worked with. But we lacked information both on those issues and on 
the measures taken to detect and remedy them. Second, in the reports that we reviewed, it was not 
always clear to us which programs, if any, were comparable to programs in Lesotho. This is in part 
the inevitable result of program differences across countries. But one way to facilitate cross-
country comparisons would be to adopt a transparent, standardized approach to categorizing and 
describing social protection programs and the associated survey modules—as well as standardize 
survey modules, surveying procedures, data set construction and data processing, indicator 
construction, and the estimation of performance statistics for social protection programs. In cases 
where standardization is not feasible, data-related decisions should be systematically and carefully 
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documented and made public. Such an approach could be introduced incrementally, such as by 
starting with recurrent surveys in a country or with surveys across a set of neighboring countries. 
 



69 
 

APPENDIX 2. DESCRIPTION OF MEASURES 
 
While there are many measures of inequality, poverty, and social protection program benefit 
incidence, this review uses only a few. For inequality, we use the Gini coefficient. For poverty, we 
use the Foster-Greer-Thorbecke (FGT) poverty measures. For social protection program benefit 
incidence, we use concentration coefficients and the marginal effect of a benefit on poverty and 
inequality. Finally, for effectiveness, we use measures developed in Enami (2018) that calculate 
how much inequality or poverty reduction a government gets from a program relative to the size 
of its budget. In describing these measures, this appendix borrows from Younger et al. 
(forthcoming). 
 
Program coverage 
 
Coverage measures the total number of beneficiaries of a social protection program divided by the 
target population for that program. This denominator may be the entire population or some subset. 
For example, for retirement pensions, we take the number of people receiving such pensions 
divided by the population age 60 and older or age 70 and older.  
 
Inequality measure: Gini coefficient 
 
The Gini coefficient is the most common measure of inequality. The easiest way to understand 
this measure is to first construct a Lorenz curve: order the data by our welfare measure—
consumption per adult equivalent (from here on, consumption)—from poorest to richest and then 
plot the cumulative share of the sample on the horizontal axis against the cumulative share of 
consumption on the vertical axis. Table A2.1 gives some illustrative data for 10 people. Because 
there are 10 people, the first person represents 10 percent of the sample, the first 2 people represent 
20 percent, and so on, giving column 2. Column 3 gives each person’s consumption, and we can 
see that the data are ordered from poorest to richest. The sum of all consumption is 1,000, so we 
get the consumption shares (column 4) by dividing each person’s consumption by 1,000. Finally, 
column 5 gives the cumulative consumption shares.  
 

Table A2.1. Illustrative data for a Lorenz curve and the Gini 
coefficient 

Observation 

Cumulative 
population 

share Consumption 
Consumption 

share 

Cumulative 
consumption 

share 
(1) (2) (3) (4) (5) 

1 0.100 1 0.001 0.001 
2 0.200 3 0.003 0.004 
3 0.300 7 0.007 0.011 
4 0.400 13 0.013 0.024 
5 0.500 20 0.020 0.044 
6 0.600 30 0.030 0.074 
7 0.700 60 0.060 0.134 
8 0.800 100 0.100 0.234 
9 0.900 250 0.250 0.484 
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10 1.000 516 0.516 1.000 
  Total 1,000     

 
The Lorenz curve then graphs column 5 against column 2, as in figure A2.1. Because both axes 
are shares, they range from zero to one. And because the data are ordered from poorest to richest, 
the Lorenz curve must be convex: the poorest person’s consumption share cannot be greater than 
his or her population share, similarly for the poorest two people, and so on. Indeed, the more 
convex the Lorenz curve, the more unequal the distribution of consumption. In the extreme case 
in which one person has all the consumption, the Lorenz curve would be a right angle, running 
along the horizontal axis until it reaches the last person in the sample because everyone but that 
person would have zero consumption. Conversely, if everyone has exactly the same 
consumption—representing complete equality—the cumulative consumption share would be 
equal to the cumulative population share and the Lorenz curve would be a 45-degree line. 
 
Figure A2.1. Illustrative Lorenz curve 
 

 
 

 
The Gini coefficient is the area between the 45-degree line and the Lorenz curve, multiplied by 
two. With complete equality, where the Lorenz curve is on the 45-degree line, the Gini coefficient 
would be zero. With complete inequality, the Gini coefficient would be twice the triangle below 
the 45-degree line, or one. Gini coefficients are observed to be around 0.25 in the countries with 
the least inequality and around 0.65 in those with the greatest inequality (World Bank 2019).  
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Poverty measures: poverty rate and poverty gap 
 
The Foster-Greer-Thorbecke measures, a group of related measures, are the most common 
measures of poverty. The first FGT measure, denoted by FGT(0), is the poverty rate (or headcount 
ratio), which is the share of the population that is poor. The second FGT measure, denoted by 
FGT(1), is the poverty gap, which is the average difference between the poverty line and a person’s 
consumption, usually scaled by the poverty line itself. The poverty gap is expressed by the equation  
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where z is the poverty line, ci is the ith person’s consumption, and N is the sample size. The plus 
sign indicates that we include the difference only if it is positive. The third FGT measure, denoted 
by FGT(2), is the squared poverty gap, sometimes called poverty severity. It is calculated in the 
same way as the poverty gap but with the term in parentheses squared.29 
 
Table A2.2 illustrates the calculation of the poverty measures using the same data with which we 
derived the Lorenz curve and assuming that the poverty line is 21. Column 3 indicates whether or 
not a person is poor. Summing this column and dividing by the sample size gives the headcount 
ratio: 0.50. So, half the population is poor. Column 4 gives the absolute poverty gap for each 
person: the difference between the poverty line (21) and his or her consumption. This has an 
interesting interpretation because it shows how much money would be needed to bring every 
person’s consumption to the poverty line. Column 5 scales each person’s absolute poverty gap by 
the poverty line. Averaging that over the sample gives the poverty gap: 0.29. Finally, column 6 
squares each person’s scaled poverty gap. Averaging that over the sample gives the poverty 
severity: 0.22.  
 

Table A2.2. Illustrative calculation of FGT poverty measures 

Observation Consumption 
Poverty 
status 

Absolute 
poverty 

gap 

Scaled 
poverty 

gap 

Scaled 
poverty 

gap 
squared 

(1) (2) (3) (4) (5) (6) 
1 1 1 20 0.952 0.907 
2 3 1 18 0.857 0.735 
3 7 1 14 0.667 0.444 
4 13 1 8 0.381 0.145 
5 20 1 1 0.048 0.002 
6 30 0 0 0 0 

 
29 In fact, the family of FGT measures can be written concisely as 
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If 0α = , the term in parentheses is one if a person is poor, zero otherwise, so that gives us the poverty rate. 
If 1α = , we get the poverty gap, and if 2α = , we get poverty severity. 
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7 60 0 0 0 0 
8 100 0 0 0 0 
9 250 0 0 0 0 

10 516 0 0 0 0 
 Sum 5  2.90 2.23 
Average (FGT) 0.50  0.29 0.22 

  
Poverty line 21       

 
Program benefit incidence 
 
Concentration curve and coefficient 
 
A concentration curve is similar to a Lorenz curve. We order the data from poorest to richest and 
then plot the cumulative share of a benefit against the cumulative share of the population. Table 
A2.3 provides illustrative data for a benefit, and figure A2.2 shows the corresponding curve 
graphing column 6 against column 2. 
 
 

Table A2.3. Illustrative data for a concentration curve 

Observation 

Cumulative 
population 

share Consumption 
Benefit 
received 

Benefit 
share 

Cumulative 
benefit 
share 

(1) (2) (3) (4) (5) (6) 
 0.00 

   
0.00 

1 0.10 1 30.0 0.300 0.30 
2 0.20 3 20.0 0.200 0.50 
3 0.30 7 15.0 0.150 0.65 
4 0.40 13 10.0 0.100 0.75 
5 0.50 20 5.0 0.050 0.80 
6 0.60 30 5.0 0.050 0.85 
7 0.70 60 5.0 0.050 0.90 
8 0.80 100 5.0 0.050 0.95 
9 0.90 250 3.0 0.030 0.98 

10 1.00 516 2.0 0.020 1.00 
  Total 1,000 100   

      
 
Unlike a Lorenz curve, a concentration curve can be either convex or concave. A concave curve 
would occur if poorer people receive a higher share of a benefit than the rich (which may well be 
the case for explicitly targeted benefits).  
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Figure A2.2. Illustrative concentration curve 
 

 
 

 
Like the Gini coefficient, the concentration coefficient for a social protection program benefit is 
the area between its concentration curve and the 45-degree line. This can range from negative one 
(the poorest person receives all the benefit) to one (the richest person receives all the benefit), with 
zero representing a benefit spread evenly across the population. Benefits with a concave 
concentration curve (negative concentration coefficient) are usually referred to as pro-poor or 
absolutely pro-poor. Those with a concentration curve below the Lorenz curve (concentration 
coefficient greater than the Gini) are considered to be regressive. And benefits with a concentration 
curve between the Lorenz curve and the 45-degree line (concentration coefficient less than the 
Gini, but positive) are relatively pro-poor. 
 
Marginal effect 
 
Another way to assess the incidence of a social protection program benefit is to see how it alone 
changes poverty or inequality. We refer to this as its marginal effect. To calculate it, we calculate 
a measure of poverty or inequality for household consumption per adult equivalent and then 
recalculate the same poverty or inequality measure after either adding or removing the social 
protection program benefit. The difference between the two measures is the marginal effect.  
 
One important difference between the marginal effect and the concentration coefficient is that the 
marginal effect depends on the overall size of the social protection program benefit while the 
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concentration coefficient does not. A larger program benefit, for example, can have a larger impact 
on inequality and especially poverty than a smaller one that is distributed to exactly the same 
people and so has the same concentration curve. 
 
Program effectiveness 
 
The last measure we consider is the effectiveness of a social protection program. Enami (2018) 
presents two measures: impact effectiveness and spending effectiveness. The impact effectiveness 
of a program benefit is the ratio of its marginal effect on a distributional statistic (we use the Gini 
coefficient and the poverty gap in this study) to the marginal effect of a perfectly targeted program 
benefit of the same size, that is, with the same total program budget. A perfectly targeted program 
benefit is one that transfers enough money to the poorest person in the country to bring his or her 
consumption up to that of the second-poorest person, then transfers enough to both of them to 
bring their consumption up to that of the third-poorest person, and so on until the program budget 
runs out. Impact effectiveness is expressed by the equation  
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where π is some distributional statistic. Since the actual benefit cannot improve the distributional 
statistic by more than the perfect benefit does, the measure is bounded above by one. And if the 
actual benefit does not improve the distributional statistic at all, the measure is bounded by zero.30 
 
Enami’s second measure, spending effectiveness, is the ratio between the amount that would have 
to be spent on a perfect transfer to achieve exactly the same reduction in the distributional statistic 
as is actually achieved by a benefit, and the amount spent on the actual benefit. Spending 
effectiveness is expressed by the equation 
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This measure is also bounded by zero and one. If the actual benefit does not improve the 
distributional statistic of interest, then the numerator is zero: no spending is needed to achieve an 
equally good result. And if the actual benefit is distributed perfectly, the numerator and 
denominator are equal. 
 
It is inappropriate to apply either of these effectiveness measures to the poverty rate. The most 
effective way to reduce the poverty rate is to give additional consumption to the poor person who 
is closest to the poverty line—that is, the least poor poor person—until his or her consumption 
reaches the poverty line, then transfer additional consumption to the next poorest poor person until 
that person’s consumption reaches the poverty line, and so on. Because this “perfect” transfer 
favors the least poor of the poor, it is not ethically defensible. On the other hand, the perfect transfer 

 
30 We ignore cases where the benefit actually worsens the distribution of consumption spending (per adult equivalent) 
and simply set their impact effectiveness to zero. 
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discussed above, which favors the poorest of the poor, may well fail to bring anyone above the 
poverty line and so be judged as completely ineffective on the basis of the two effectiveness 
measures—because while it would benefit only the poor, it would not reduce the poverty rate. 
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APPENDIX 3. DATA AND VARIABLE CONSTRUCTION 
 
The review is based mainly on the analysis of data from the 2017/18 Continuous Multipurpose 
Household Survey and Household Budget Survey (CMS/HBS). This combined survey is 
representative at the national level as well as by urban-rural status and by ecological zone (lowland, 
foothills, mountains, Senqu River Valley). It was administered throughout 2017 and the first two 
months of 2018. 
 
The survey interviewed 4,300 households, but 5 households were removed because of missing 
data. The final number of households for analysis is 4,295, and the final number of individuals is 
17,293. 
 
Household welfare 
 
Throughout the analysis, we measure household welfare as total household consumption per adult 
equivalent as constructed by the Lesotho Bureau of Statistics and the World Bank. Our poverty 
measures are based on the national poverty lines for food poverty (or extreme poverty) and overall 
poverty. The food poverty line is 352.39 maloti per month per adult equivalent. Overall poverty is 
measured by a lower line of 572.41 maloti per month per adult equivalent and an upper one of 
648.88 maloti per month per adult equivalent. All three poverty lines are in 2017/18 prices 
(Lesotho Bureau of Statistics 2019). Extreme poor as used in this study refers to those living below 
the food poverty line, while moderate poor refers to those living below the upper poverty line and 
above the food poverty line. 
 
Social protection programs 
 
Most of the information on participation in social protection programs and benefits received comes 
from section 8 of the survey questionnaire. We use information from the first and third tables of 
that section. Both tables ask whether the household received a given social protection program 
benefit in the past year, what the amount of the benefit received in the past year was, and if specific 
household members (rather than the household as a whole) were the beneficiaries, who those 
beneficiaries were.  
 
The programs included in the survey questionnaire are as follows (the names of programs are 
provided verbatim here; where the study uses different terms, these are given in italics):  
 

1. School feeding (primary or secondary) (school feeding) 
2. Cash-for-work assistance programme (FATO-FATO) 
3. Food aid from government (public assistance—in-kind food benefits only) 
4. Military pension (name) 
5. Work retirement pension (civil service pension) 
6. Old-age pension (social pension) 
7. Education grant (secondary school bursary for orphans and vulnerable children) 
8. Child welfare grant (child grant) 
9. Disability grant 
10. Workmen’s compensation fund 
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11. Road accident fund 
12. Other (specify) 

 
Program benefit data 
 
School feeding. Lesotho offers school meals to government primary school students through three 
models: the World Food Programme model, the catering model, and the national management 
agent model. In calendar year 2017, a total of 338,750 students benefited from school feeding, of 
which 56 percent were covered by the World Food Programme model (at an annual cost of 662.76 
maloti per student), 23 percent by the catering model (at 420.86 maloti per student), and 21 percent 
by the national management agent model (at 493.97 maloti per student) (Peacocke, Tadesse, and 
Moshoeshoe 2018).  
 
We considered using an average of the values for the three provider models, weighted by the shares 
of beneficiaries under each model (an average of 564 maloti per year per student). But we noted 
that 78 percent of program beneficiaries reported an amount of 630 maloti per year per student 
when asked about the value of school meals.31 Households with children benefiting from school 
feeding are unlikely to know the monetary value of the benefit. We suspect that the 630 maloti 
amount was entered by the survey administrators or enumerators when households reported that 
their children benefited from school feeding. We accept the judgment of the Lesotho Bureau of 
Statistics about this value and assign 630 maloti to all school feeding beneficiaries. 
 
Cash-for-work assistance. Cash-for-work assistance provides a fixed benefit amount per person. 
Government information on the program indicates that the benefit amount was 1,200 maloti per 
month in fiscal 2017/18 and 900 maloti per month in fiscal 2016, with a limit of one month of 
work per year. Most beneficiaries in the survey reported amounts of 1,100 or 1,200 maloti, which 
we retain as is. Twelve beneficiaries reported amounts of 110 maloti or less; we correct these 
amounts to 1,100 maloti. In a few cases, beneficiaries reported amounts of 2,200 or 2,400 maloti. 
We accept these amounts and assume that these individuals managed to work for two months 
despite the program rule of one month of work per year per beneficiary. Another six beneficiaries 
reported amounts that appear to be errors for 2,200 (2; 220; 240; 252); we adjust these amounts to 
2,200. 
 
Public assistance (in-kind food benefits only). We assume that in-kind food assistance refers to in-
kind food benefits received through the public assistance program, and not as emergency food aid 
from the government or other actors. Survey respondents reported the amount of their in-kind food 
assistance directly, and we use that amount as their public assistance benefit. Note that public 
assistance benefits are also provided in the form of cash. Since public assistance was not explicitly 
captured in the survey, we expect that the variables we use underestimate coverage and the amount 
of benefits received from this program.    
 
Social pensions. Government information on the social pension program indicates that the benefit 
in fiscal 2017/18 was 700 maloti per month, or 8,400 maloti per year. This amount is the modal 
value among beneficiaries in the survey. In the previous fiscal year, the social pension benefit 

 
31 Other common amounts are 700 maloti (7 percent of program beneficiaries) and 1,015 maloti (8 percent); the rest 
of the amounts vary widely.  
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amount was 580 maloti per month, or 6,960 maloti per year. Sixteen percent of program 
beneficiaries in the survey reported amounts lower than 6,960 maloti; we raise the amount to 6,960 
maloti for these beneficiaries. In addition, 26 beneficiaries reported social pension benefit amounts 
greater than 8,400 maloti; we reduce these amounts to 8,400 maloti.  
 
Civil service pensions. We use the reported amounts for the civil service pension benefit. For two 
program beneficiaries with very high ratios of pension benefit amount to household consumption, 
there appears to be an extra zero at the end of the reported pension amount, which we remove. 
 
Military pensions. Four respondents reported receiving a military pension. Military pensions may 
correspond to benefits provided to Lesotho Liberation Army and African Pioneer Corps veterans. 
Because these benefits are not considered to be among Lesotho’s main social protection programs, 
we do not examine them in our survey-based analysis.  
 
University and postsecondary technical and vocational education and training bursaries. All 
citizens admitted to private or public universities or postsecondary technical and vocational 
education and training (TVET) institutions in Lesotho or elsewhere qualify for bursary benefits. 
But because there are more qualified students than there are funds for bursaries, some students do 
not get funding.  
 
The survey collected information on postsecondary education bursaries in two places:  section 2 
(education) and section 8 (transfers). This information is not entirely consistent in the survey 
responses. Most students who reported attending a university or a postsecondary technical or 
vocational school said that they paid no tuition or fees, yet did not report receiving assistance in 
either section. There are similar inconsistencies for the room and board portions of bursaries.  
 
To resolve this, we assume that any student who reported paying tuition fees and did not report 
receiving any government assistance for those fees did not receive a bursary unless the average 
cost of tuition was greater than half the annual consumption of the student’s household. In these 
cases, we assume that the student did in fact receive a bursary because it is unlikely that he or she 
would attend postsecondary schooling without one.  
 
Because most students did not report the value of their bursary, we calculate an average benefit 
amount for these bursary programs from government administrative data for fiscal 2017/18 and 
assign these values accordingly: 38,267 maloti per year for each university student and 10,090 
maloti per year for each postsecondary TVET student. Note that the per-student value for 
university bursaries is based on data for domestic institutions only; 92 percent of university bursary 
beneficiaries were students at domestic universities. The per-student value for postsecondary 
TVET bursaries is also based on data for domestic institutions only; it does not appear that the 
government differentiates in its data between universities and postsecondary TVET institutions for 
international institutions.  
 
Secondary school bursaries for orphans and vulnerable children. For secondary education, unlike 
for tertiary education, only a few students—namely orphans and those judged to be vulnerable—
are eligible to receive bursaries, so we cannot assign a benefit to each secondary school student. 
Instead, we use the information on beneficiaries of education grants, eliminating beneficiaries 
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clearly identified by information in the survey’s education module as a university or postsecondary 
TVET student. We treat the remaining beneficiaries as those who receive secondary school 
bursaries for orphans and vulnerable children (OVC) and use the benefit amount reported by these 
beneficiaries. 
 
Child grants. The survey data set does not contain information on the receipt of child grants despite 
the inclusion of the program in the survey questionnaire. We use the 2013/14 Continuous 
Multipurpose Household Survey (CMS), which contains information on the receipt of child grants 
in its social protection module, to impute household receipt of child grants into the 2017/18 survey.  
 
The 2013/14 CMS is a nationally representative household survey. The survey’s original sample 
of 6,060 households was drawn using the 2006 national population census as its frame. The final 
analysis sample is 16,341 individuals from 4,161 households.  
  
The imputation steps are as follows: 
 

1. All households in the 2013/14 survey with at least one child (under age 18) in the household 
are retained. 

2. A probit model is used to predict whether a household was a beneficiary of the child grant 
on the basis of the following variables: 

o Number of children in household 
o Share of children in household 
o Number of girls in household 
o Age of youngest child 
o Average age of children 
o Household size 
o Dummy variable for urban versus rural 
o Ecological zone 
o Dummy variable for whether household has a cellphone 
o Dummy variable for whether household has a television 
o Dummy variable for whether household has a radio 
o Dummy variable for whether household has a refrigerator 
o Number of employed individuals in household 
o Share of employed individuals in household 
o Labor market status of household head 
o Type of heating household uses for cooking 
o Type of roof household has 
o Type of sanitation facilities household has 
o Number of rooms in the home 

3. The model from step 2 is used to predict whether households in the 2017/18 survey were 
beneficiaries of the child grant. Each household with at least one child is assigned a 
probability of receiving the child grant. 

4. Households are sorted by this probability in descending order and assigned as beneficiaries 
if their cumulative household weight does not exceed 30,538, the household beneficiary 
count for the child grant program for the fourth quarter in fiscal 2017/18 obtained from 
government administrative data. 
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5. For all households assigned as a beneficiary, the annual value of the grant benefit is 
imputed as 1,440 maloti (=12 months×120 maloti) if the household has one or two children, 
2,400 maloti (=12×200) if the household has three or four children, and 3,000 maloti 
(=12×250) if the household has more than four children.  

 
As a check, the imputation yields total program spending of 57,100,000 maloti for fiscal 2017/18, 
which compares well with a total spending of 59,243,720 maloti based on government 
administrative data, calculated by quadrupling spending in the fourth quarter of fiscal 2017/18 
(table A3.1). The difference between the imputed and administrative values is 3.6 percent. 
However, the same check at the district level indicates relatively large differences for Maseru (16.1 
percent) and Mokhotlong (11.1 percent). 
 
Table A3.1. Performance in imputing child grant spending, by district 

District 

Annual spending  
(maloti) 

Percentage 
difference Imputed 

Administrative 
information 

(1) (2) (3) 
Berea 8,364,720 8,241,120 1.5 

Botha Bothe 4,568,520 4,553,180 0.3 
Leribe 9,635,520 10,155,900 −5.1 

Mafeteng 8,228,880 8,772,680 −6.2 
Maseru 7,371,360 8,790,140 −16.1 

Mohale’s Hoek 4,521,840 4,776,280 −5.3 
Mokhotlong 6,000,720 5,399,020 11.1 

Qacha’s Nek 2,914,560 2,807,180 3.8 
Quthing 2,600,280 2,535,580 2.6 

Thaba-Tseka 2,940,720 3,212,640 −8.5 
Overall 57,100,000 59,243,720 −3.6 

Sources: Administrative information for fiscal 2017/18 obtained from government sources; own estimates based 
on data from the 2013/14 Continuous Multipurpose Household Survey and the 2017/18 Continuous Multipurpose 
Household Survey and Household Budget Survey (CMS/HBS).  
Note: Percentage difference = (statistic in column 1 − statistic in column 2)/statistic in column 2.  

 
Disability grants. Twelve respondents reported a disability grant. Disability grants are presented 
in the Lesotho National Social Protection Strategy (Lesotho Ministry of Social Development 
2014), but as of April 2019, the Ministry of Social Development had not begun implementing a 
disability grant program. Thus we ignore these survey respondents. 
 
Workmen’s compensation fund benefits. Twenty respondents reported receiving workmen’s 
compensation fund benefits. Because this program is not considered to be one of Lesotho’s main 
social protection programs, we do not examine it in our survey-based analysis. 
 
Road accident fund benefits. The survey data set does not contain information on the receipt of 
road accident fund benefits despite the inclusion of the program in the survey questionnaire. We 
therefore cannot examine this program.  
 



81 
 

“Other” social protection program benefits. Twenty-four respondents reported “other.” While 
these respondents were asked to specify the program benefit, this information was not contained 
in the survey data set we use. Thus, we ignore these respondents.  
 
Correspondence between survey-based estimates and government administrative data 
 
Checking the correspondence between survey-based estimates and government administrative data 
on social protection programs helps to reveal potential problems in survey data that we should be 
aware of when performing our analysis. For programs included in our main analysis, table A3.2 
shows the correspondence between total spending and number of beneficiaries as estimated from 
the survey data using the survey expansion factors and as reported in government administrative 
information. The statistics from survey data are annualized, while the government administrative 
statistics are for fiscal 2017/18, which runs from April 1, 2017, to March 31, 2018. Note that we 
do not compare survey-based estimates with administrative information for the child grants 
program because the household beneficiary count from administrative information is used in the 
imputation exercise to assign program benefit values to households in the 2017/18 household 
survey. 
 

Table A3.2. Correspondence between survey-based estimates and government administrative 
information 

Program 

Total actual program spending 
(maloti) 

 

Total program beneficiaries 

Survey-based 
estimate 

Administrative 
information 
(FY2017/18)  

Survey-based 
estimate 

Administrative 
information 

(FY2017/18) 
(1) (2)  (3) (4) 

School feeding 237,499,577 194,491,384  376,983 295,723 
Cash-for-work assistance 79,786,074 98,220,000  60,576 80,500 

Public assistance  12,857,948a 38,000,000  
28,747 

(households)a 
12,741 

(households) 
Social pensions 584,805,945 707,195,200  82,644 83,751 

Civil service pensions 235,531,842 297,574,000  7,503 8,300 
OVC secondary school bursaries 18,357,113 57,259,851  10,657 21,304 

University bursaries 524,011,573 641,146,319  13,694 19,524 
Postsecondary TVET bursaries 36,937,229 10,220,693  3,661 1,013 

Sources: Statistics in columns 1 and 3 are annualized estimates based on data from the 2017/18 Continuous Multipurpose Household 
Survey and Household Budget Survey (CMS/HBS). Those in columns 2 and 4 are government administrative information for fiscal 
2017/18 obtained from various ministries.  
Note: OVC = orphans and vulnerable children; TVET = technical and vocational education and training. Fiscal 2017/18 runs from 
April 1, 2017, to March 31, 2018. 
a. As a result of survey data limitations, the survey-based estimates for public assistance refer only to in-kind food assistance.  

 
Based on the information in table A3.2, figure A3.1 plots the percentage excess or shortfall in 
survey-based estimates of spending and beneficiary numbers relative to government administrative 
statistics.  
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Figure A3.1. Difference of survey-based estimates on social protection program spending 
and beneficiary numbers from government administrative statistics  
 

 
 
Sources: Survey-based statistics are annualized estimates based on data from the 2017/18 Continuous Multipurpose 
Household Survey and Household Budget Survey (CMS/HBS). Administrative statistics are from government 
administrative information for fiscal 2017/18 obtained from various ministries.   
Note: OVC = orphans and vulnerable children; TVET = technical and vocational education and training. As a result 
of survey data limitations, the survey-based estimates for public assistance refer only to in-kind food assistance. 

 
Student status 
 
Student information is used for the analysis of bursaries for secondary school (for orphans and 
vulnerable children), university, and postsecondary TVET. This information comes from section 
2 of the survey questionnaire—specifically, from question 220, which asks “What grade is 
[NAME] currently attending? (or attended during last session if on break).” But we found some 
missing values. An accompanying variable, edu_20a, which aggregates these grades into school 
levels (primary, secondary/high school, postsecondary TVET, and university) is more complete. 
We therefore use this variable to classify students. 
 
Shocks and responses 
 
The information on shocks is obtained from section 15 of the survey questionnaire. Each household 
(not individuals) answered the question “Since [month, year, 5 years ago] was your household’s 
economic situation severely affected by any of the following events?” The questionnaire provided 
a list of 17 shock events and “other” as response options.  
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Households were asked to offer up to three responses—for “most severe,” “2nd most severe,” and 
“3rd most severe.” We do not distinguish between shocks by this ranking. We simply record 
whether a shock is among those (up to three) reported by the household. Two other questions 
provide some information that might be used to judge severity: a question about how many times 
the shock occurred, and another on whether the shock caused loss of income, loss of assets, or 
both. We have not used this information. 
 
The survey also asked how long ago the shock occurred. We found responses relating to the past 
12 months to be much more common than those for the four prior years, so we restrict our analysis 
to shocks reported for the past 12 months. Given the timing of the survey (2017/18), the 2015/16 
drought and its effects are within this 12-month recall period and figure prominently in 
households’ responses.  
 
Finally, the questionnaire asked, “What did you do in response to this shock to try to copy/regain 
your former welfare level?” It allowed the household to provide up to three responses for each 
shock it reported, based on the following options (provided verbatim here): 
 

1. Started to save cash 
2. Sent children to live with relative 
3. Sold assets (tools, furniture, car, etc.) 
4. Sold farm land 
5. Rented out farm land 
6. Sold livestock or poultry 
7. Sold harvested crops, e.g., maize 
8. Worked more or longer hours 
9. Other household members who were not working went to work 
10. Started a new business 
11. Removed children from school to work 
12. Went elsewhere for more than a month to find work 
13. Borrowed money from relatives 
14. Borrowed money from money lender 
15. Borrowed money from institutions, e.g., a bank or a co-operative 
16. Received help from religious institutions 
17. Received help from NGO 
18. Received help from government 
19. Received help from family/friends 
20. Reduced food consumption 
21. Consumed lower cost but less preferred foods 
22. Reduced nonfood expenditures 
23. Did nothing 
24. Other (specify) 

 
In our analysis, we examine only response options 16–19. 
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APPENDIX 4. APPLICATION OF THE PROXY MEANS TEST 
 
A proxy means test (PMT) is a way to quickly estimate whether or not a household is poor. Poverty 
status is usually defined as having income or consumption below some threshold. But because 
income and consumption are difficult to assess in a developing country, neither identifying the 
poor nor targeting social protection programs to them is easy in practice. A proxy means test is a 
way to get around the difficulty of observing income or consumption in the field. The usual 
approach is to estimate the correlation between household income or consumption and a set of 
indicators that are both available in the survey data set used for the estimation and easily observed 
in the field by a social worker. This allows the social worker to gather the easily observed 
indicators, apply a formula to them, and use the resulting PMT score to assess a household’s 
likelihood of being poor. 
 
Oxford Policy Management developed such a test for Lesotho, and we apply it to data from the 
2017/18 Continuous Multipurpose Household Survey and Household Budget Survey (CMS/HBS) 
(Carraro et al. 2014; Oxford Policy Management 2014). Using 2002/03 Household Budget Survey 
data, Oxford Policy Management estimates two regressions, one for rural residents and the other 
for urban residents, with household consumption per adult equivalent as the dependent variable.  
 
Table A4.1 reports the rural regressors, all of which are binary and correspond to indicators that a 
social worker can easily identify or inquire about, along with their corresponding coefficient 
values. Table A4.2 reports the urban regressors, which differ slightly from the rural ones, and the 
corresponding coefficient values. 
 
A household’s PMT score is simply the regressor value times the coefficient value, summed across 
all regressors. This score is then rescaled to a 0- to 1,000-point scale.  
 
For households in rural areas, the calculation of the PMT score is based on the following formula: 
 

Final PMT score = (score−3.866)×(1,000/3.792) 
 
For households in urban areas, the PMT score is calculated using this formula:  
 

Final PMT score = (score−3.954)×(1,000/4.613) 
 
We have applied these formulas to calculate PMT scores for the households in the 2017/18 
CMS/HBS, with two minor modifications. The 2017/18 survey questionnaire did not ask about 
ownership of satellite dishes or sewing machines, so for urban areas we have substituted variables 
for whether or not the household has internet access and whether or not it owns a grinding machine. 
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Table A4.1. Proxy means test scoring formula for rural areas 
Variable Value Coefficient 

size_2 1 if household has two members; 0 otherwise −0.469 
size_3 1 if household has three members; 0 otherwise −0.738 
size_4 1 if household has four members; 0 otherwise −1.036 
size_5 1 if household has five members; 0 otherwise −1.123 
size_6 1 if household has six members; 0 otherwise −1.210 
size_7 1 if household has more than six members; 0 otherwise −1.452 
edu_primary 1 if highest education level is primary; 0 otherwise 0.141 
edu_secondary 1 if highest education level is secondary; 0 otherwise 0.168 
edu_oversecondary 1 if highest education level is postsecondary; 0 otherwise 0.416 
member_abroad 1 if at least one household member lives abroad; 0 otherwise  0.244 
paid_emp 1 if at least one household member is a paid employee or an employer; 0 otherwise 0.164 
self_emp 1 if at least one household member is self-employed; 0 otherwise 0.178 
gas 1 if household uses gas to heat; 0 otherwise 0.371 
paraffin 1 if household uses paraffin to heat; 0 otherwise 0.122 
stove 1 if household owns at least one electric or gas stove; 0 otherwise 0.192 
radio 1 if household owns at least one radio; 0 otherwise 0.141 
sheep 1 if household owns at least one sheep; 0 otherwise 0.215 
cattle 1 if household owns at least one cow; 0 otherwise 0.099 
horses 1 if household owns at least one horse; 0 otherwise 0.144 
poultry 1 if household owns at least one fowl; 0 otherwise 0.176 
Source: Oxford Policy Management (2014). 
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Table A4.2. Proxy means test scoring formula for urban areas 
Variable Value Coefficient 

size_2 1 if household has two members; 0 otherwise −0.653 
size_3 1 if household has three members; 0 otherwise −0.896 
size_4 1 if household has four members; 0 otherwise −1.144 
size_5 1 if household has five members; 0 otherwise −1.330 
size_6 1 if household has six members; 0 otherwise −1.426 
size_7 1 if household has more than six members; 0 otherwise −1.572 
edu_secondary 1 if highest education level is secondary; 0 otherwise 0.113 
edu_oversecondary 1 if highest education level is postsecondary; 0 otherwise 0.319 
member_abroad 1 if at least one household member lives abroad; 0 otherwise  0.114 
paid_emp1 1 if at least one household member is a paid employee or an employer; 0 otherwise 0.149 
paid_emp2 1 if two or more household members are paid employees or employers; 0 otherwise 0.303 
self_emp 1 if at least one household member is self-employed; 0 otherwise 0.132 
paraffin 1 if household uses paraffin to heat; 0 otherwise 0.131 
room_5_7 1 if household has between five and seven rooms; 0 otherwise 0.144 
room_8p 1 if household has more than seven rooms; 0 otherwise 0.268 
livestock_1to5 1 if household has between one and five head of livestock; 0 otherwise −0.105 
livestock_50p 1 if household has 50 or more head of livestock; 0 otherwise 0.553 
stove 1 if household owns at least one electric or gas stove; 0 otherwise 0.372 
radio 1 if household owns at least one radio; 0 otherwise 0.130 
tv 1 if household owns at least one television; 0 otherwise 0.170 
satellite 1 if household owns at least one satellite dish; 0 otherwise 0.169 
sewing_machine 1 if household owns at least one sewing machine; 0 otherwise 0.099 
bicycle 1 if household owns at least one bicycle; 0 otherwise 0.176 
Source: Oxford Policy Management (2014).  
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APPENDIX 5. ESTIMATING HOUSEHOLD CONSUMPTION IN THE ABSENCE OF 
CIVIL SERVICE PENSIONS AND UNIVERSITY BURSARIES 

 
Most of the social protection program benefits considered in this paper are small, even relative to 
the consumption of the poor, so ignoring behavioral responses to them gives a good first-order 
approximation of their welfare effect (Lustig 2018 explains why this is so). But civil service 
pensions and university bursaries are large, both in absolute value and as a share of recipients’ 
household consumption. According to our survey data, civil service pensions average 26,710 
maloti per year for beneficiary individuals, which is 62 percent of household consumption 
exclusive of the pension benefit. University bursaries average 38,267 maloti per year for 
beneficiary individuals, which is 50 percent of household consumption exclusive of the bursary 
benefit. 
 
Because these benefits are so large, most recipient households end up seeming quite poor ex ante 
if we remove the pension or bursary and assume that the household does nothing in response, even 
though they are relatively well-off after the pension or bursary. This large horizontal movement 
across the consumption distribution can confound estimates that use comparisons of consumption 
with and without the benefit of interest: the marginal effects and the effectiveness measures. 
 
To avoid this “false poverty,” we assume that recipients of these two benefits would, in fact, 
respond to a loss of the pension or bursary by working more. In particular, we estimate how much 
income recipients would make in the absence of their pension or bursary and add that income to 
their households’ consumption in the “without benefit” state when calculating marginal effects 
and effectiveness measures.  
 
The estimation uses a variant of coarsened exact matching (Blackwell et al. 2009). We calculate 
the median labor income of groups of people who are not civil service pensioners or university 
students based on their age (0–13, 14–17, 18–25, 26–50, 51–65, 66+), education attainment (less 
than primary, primary graduate, secondary graduate, postsecondary graduate), gender,32 and area 
of residence (urban, rural). We then add that median income to the households of pensioners and 
university students in the “without benefit” state when calculating marginal effects and 
effectiveness measures. 
 
Because of the large amounts for these benefits, our approach has a substantial effect on the results. 
The concentration coefficient of the given benefit over ex ante household consumption (that is, 
household consumption less the benefit) changes from −0.22 to 0.26 for civil service pensions and 
from −0.10 to 0.56 for university bursaries. The marginal effect for the Gini coefficient switches 
from a small positive to a small negative value for civil service pensions and from a small negative 
to a larger negative value for university bursaries. The marginal effect for the poverty rate falls 
from 0.008 to 0.002 for civil service pensions and from 0.007 to 0.002 for university bursaries. 
 

 
32 There are four female pensioners over age 65 in the sample who did not match anyone working. We included them 
with the men over age 65. 
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APPENDIX 6. ADDITIONAL RESULTS 
 

Table A6.1. Social protection program spending and beneficiary numbers for fiscal 2017/18 

 
Spending  
(maloti) Beneficiaries 

Spending/GDP 
(percent) 

Spending/total 
govt. spending 

(percent) 

Beneficiaries/ 
population 
(percent) 

Spending per 
beneficiary 

(maloti) 
Program (1) (2) (3) (4) (5) (6) 

Child grants 53,477,420  27,945 (households)  0.15 0.34 3.39 753  
School feeding 194,491,384  295,723  0.56 1.25 14.14 658  

Cash-for-work assistance 98,220,000  80,500  0.28 0.63 3.85 1,220  
Public assistance 38,000,000  12,741 (households)  0.11 0.24 2.80 2,982  

Emergency food aid 4,310,382  5,512 (households)  0.01 0.03 1.21 170  
Civil service pensions 297,574,000  8,300  0.85 1.91 0.40 35,852  
PODC Pension Fund 96,924,533   931  0.28 0.62 0.04 104,108  
APC/LLA pensions 9,285,280  1,857  0.03 0.06 0.09 5,000  

Social pensions 707,195,200  83,751  2.03 4.54 4.00 8,444  
OVC secondary school bursaries 57,259,851  21,304  0.16 0.37 1.02 2,688  

University bursaries 641,146,319  19,524  1.84 4.12 0.93 32,839  
Postsecondary TVET bursaries 10,220,693  1,013  0.03 0.07 0.05 10,090  
Workmen’s compensation fund 9,166,464  3,358  0.03 0.06 0.16 2,730  

Road accident fund 3,670,528   230  0.01 0.02 0.01 15,959  
Source: Total government spending and GDP in current prices for fiscal 2017/18 obtained from Majoro (2019). Population for 2017 obtained from the World Bank’s World Development 
Indicators databank. Program spending and beneficiary numbers for fiscal 2017/18 obtained from various ministries. 
Note: PODC = Public Officers Defined Contribution; APC = African Pioneer Corps; LLA = Lesotho Liberation Army; OVC = orphans and vulnerable children; TVET = technical and 
vocational education and training. For all programs except child grants, public assistance, and emergency food aid, government authorities provide individual beneficiary numbers (see 
column 2). For the other programs, household beneficiary numbers were provided. To estimate individual beneficiaries for child grants, the household beneficiary number is multiplied by 
2.6, the average number of children below age 18 in households predicted to receive child grants based on the 2017/18 CMS/HBS. To estimate individual beneficiaries for public assistance, 
the household beneficiary numbers are multiplied by 4.6, the average number of members in households receiving public assistance (in-kind food benefits) based on the 2017/18 CMS/HBS. 
The same number as for public assistance, 4.6, is used to convert the household beneficiary number for emergency food aid into an individual beneficiary number. These converted numbers 
for child grants, public assistance, and emergency food aid are used to estimate beneficiaries/population (column 5) and spending per beneficiary (column 6). 
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ABSTRACT
This paper assesses the performance of government spending on social protection programs in reducing poverty 
and inequality in Lesotho, applying benefit incidence and microsimulation methods to 2017–2018 household 
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well as those of a hypothetical alternative in which the spending is targeted through a proxy means test (PMT) 
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