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1. Introduction 

The absence of high-quality statistics in Africa is increasingly discussed and documented 

(Devarajan, 2013; Jerven, 2013; World Bank, 2015). Some observations help illustrate the poor 

state of statistics on the continent. Of the 48 African national statistical offices (NSOs) on which 

we have collected data, 7—the Central African Republic, the Comoros, Côte d’Ivoire, the 

Democratic Republic of Congo, Eritrea, Somalia, and South Sudan—do not have functional 

websites. These NSOs implemented 173 household consumption surveys between 1990 and 2012, 

of which 99 surveys are not comparable and, hence, of limited use. Among the 48 NSOs, 16 use 

the 1968 system of national accounts, while 20 calculate gross domestic product (GDP) using a 

supply-use table that is at least 15 years old, rebased in 2000 or earlier. Benin, Madagascar, and 

Sudan use supply-use tables that were last rebased more than 30 years ago. Only 28 of the 48 NSOs 

publish a statistical abstract online; 12 of these are recent (the data reflect the previous year or the 

year prior to that).1 Such statistics are of limited value to decision makers, researchers, civil 

society, or the private sector. Indeed, statistical agencies are caught in a vicious cycle wherein 

underinvestment constrains activities and results in data of poor quality and users unwilling to use 

them. This lack of demand for the data leads to fewer resources available for data production. 

The response of the international community has mainly focused on the technical aspects of 

statistics: increased funding for data collection and, funding to address the low capacity at NSOs. 

After all, low-quality statistics and a low capacity to generate statistics invariably occur together. 

A wide range of interventions have emerged, ranging from the development of national statistical 

strategies, statistics advocacy organizations, development of the United Nations’ Data Revolution 

Initiatives, celebrations of “Statistics Day”, international declarations, and actions plans to raise 

funding for statistical capacity building (SCB) through ad hoc vehicles such as Trust Fund for 

Statistical Capacity Building grants or STATCAP credits and grants.2 Progress in improving the 

statistical capacity is monitored through a specially developed indicator, the SCB indicator, which 

is published annually by the World Bank.3, 4 
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Figure 1: Progress on Statistics and Statistical Capacity in Africa 
The number of household surveys has risen since 
1980; most of the increase is associated with the 
expansion in non-consumption surveys 

The SCB indicator has improved marginally since 
2006 

Household surveys, 48 African NSOs 

 

SCB indicator, 49 African NSOs 

 

Sources: Data of the Poverty Global Practice Sub-Saharan Africa, World Bank, Washington, DC, 
http://www.worldbank.org/en/topic/poverty; IHSN (International Household Survey Network), World Development 
Indicators (database). 
 
The efforts have yielded some results. The SCB indicator, for instance, improved slightly, from 

56.9 in 2006 to 59.0 in 2014 and the number of surveys increased (figure 1). Still the quality of 

statistics in Africa remains generally low. This calls for reflection on why this may be the case. 

Could it be that behind the factors seen as driving low quality data, namely low levels of funding 

and low capacity, there is another factor that explains both phenomena?   

In this paper, we explore whether low statistical capacity and low funding levels are the 

consequence of the lack of support for quality data. We explore incentives among the political 

elite, but also touch upon those of donor agencies and NSO staff. This paper is not the first to point 

out the importance of political incentives to statistics. Whereas the impact of politics on statistical 

quality was initially only mentioned in footnotes, various authors have recently become more 

explicit about the connection.5 For example, Jerven (2014) presents case studies on agricultural 

input subsidies in India, Malawi, and Nigeria and shows that information unsuitable to political 

leaders’ goals is tampered with or that choices are made between conflicting information on 

political grounds. 
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The contribution of this paper is to offer a public choice framework for understanding why political 

considerations, particularly those in Sub-Saharan Africa, may limit the demand for good statistics. 

We apply the theory of limited access orders developed by North and his collaborators (World 

Bank, 2007) to explore how the incentives of political leaders, and those of donor agencies and 

NSO staffs, drive the quality of statistics and to analyze what can be done to align incentives with 

better statistics. 

The remainder of this paper is organized as follows. In section 2, we argue that inadequate capacity 

is not the driver of poor statistical quality. In section 3, we present a public choice model to explore 

the incentives for leaders in limited access orders to support quality statistics. Section 4 presents 

evidence in support of the critical role of incentives among the political leadership and others to 

ensure the quality of statistics. Section 5 considers policy implications, particularly the more 

effective alignment of incentives and the production of quality statistics. Section 6 concludes. 

2. Does governance rather than capacity drive the quality of statistics in Africa? 

The poor, people who are on fixed incomes, and people who have savings are all likely to be fearful 

of inflation, which will invariably erode their wealth position. If inflation is not kept under control, 

the results can be disastrous for the economy (viz. Zimbabwe or Venezuela). However, even less 

extreme inflation can require politically costly actions to reinstate control over the currency. 

Managing inflation is not straightforward. It requires a fine balance between technical skills to 

determine how much money the economy can absorb and aptitude to manage public expectations. 

To produce accurate statistics and ensure that statistics, once produced, are not altered, particularly 

if the statistics are unfavorable to those in power, also requires technical and political skills. As 

the skills for managing inflation and for producing statistics are comparable, countries that produce 

poor statistics might be expected to also lack the capacity to manage inflation and, by consequence, 

to be more likely to have unfavorable inflationary outcomes. This, however, is not the case. While 

statistical capacity is generally low in Sub-Sahara-Africa, almost all African countries are capable 

of sustaining a low inflationary environment. 

One explanation could be that the production of statistics requires more capacity than controlling 

inflation. But this seems unlikely. Some statistical operations—sampling, preparing a supply-use 

table, or calculating a poverty line—are complex, but these activities are carried out infrequently 
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and are often performed with the assistance of external experts. Most statistical operations are 

repetitive and require careful execution of predefined procedures. If anything the production of 

quality statistics is probably simpler than controlling inflation. So why are African economies able 

to overcome their capacity constraints when it comes to managing inflation, but not when 

producing statistics? Could it be that poor statistics, and poor statistical capacity are a revealed 

preference?  

Unlike inflation, the quality of statistics is closely associated with the quality of governance, which 

is another choice variable, at least for the leadership of a nation. Figure 2 shows the strong 

relationship between governance and statistical capacity. (We use the Worldwide Governance 

Indicator measure of government effectiveness.6) Figure 2 also shows the absence of a significant 

relationship between governance and inflation, even among countries that are not in the CFA franc 

zone. Upon reflection, we may be less surprised that inflation is not correlated with governance, 

while statistics is. High inflation levels affect the majority of the population negatively, including 

the leaders, who may have high levels of savings. But poor governance, or poor statistics for that 

matter do not affect the leaders. In fact, it may benefit them as it facilitates rent seeking and limits 

scrutiny. 

Figure 2: Statistical Capacity Building and Governance 
There is a strong and positive correlation between governance and the SCB indicator score 

SCB indicator and governance 

 

Inflation and governance 

 

Source: World Development Indicators (database). 
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To further explore the relationship between governance—among other country characteristics—

and quality of statistics, we examine data of the International Household Survey Network database, 

the most comprehensive database of household surveys and censuses in low- and middle-income 

countries.7 We explore whether richer countries in Africa have more and better surveys, whether 

countries that receive more aid do a better job of collecting data, and whether governance is the 

determinant of data availability and quality, whereby we define the quality of surveys as survey 

comparability.8 The regressions in table 1 show that neither the lack of financial resources, nor the 

amount of development aid are associated with data availability and quality in Africa. Governance, 

on the other hand, is key. 

Table 1: Relationship between Country Characteristics and Data Quality 

  

Number of 
consumption surveys 

Number of consumption 
surveys that are comparable 

Share of consumption surveys 
that are comparable 

  (1) (2) (3) (4) (5) (6) 

Outside Africa       
Log per capita GDP, PPP 2.894*** -1.899 2.056*** -1.275 -0.012 -0.233* 

Resource-rich status -1.441 -2.348 0.874 0.813 0.276*** 0.231** 
Log aid share of gov. 
budget 

 -2.325***  -1.616***  -0.077* 

WGI - gov. effectiveness 
index 

 0.264  -0.636  -0.006 

Freedom index  0.045  0.324  0.072* 

Africa       
Log per capita GDP, PPP -0.067 -0.352 -0.027 -0.658 -0.046 -0.226* 

Resource-rich status -0.878 -1.819* -0.309 -0.660 -0.016 0.067 
Log aid share of gov. 
budget  0.096  -0.211  -0.092 
WGI - gov. effectiveness 
index  

1.632* 
 

1.653** 
 

0.281* 

Freedom index  0.270  0.454  0.055 
Number of observations 127 91 127 91 127 91 

R-squared 0.196 0.325 0.197 0.320 0.078 0.244 
Source: Survey counts: International Household Survey Network, World Bank microdata library, and PovcalNet. Government 
effectiveness variable: Worldwide Governance Indicators. Freedom index: Freedom House. Other control variables: World 
Development Indicators. 
Note: The data set consists of one observation per country, of which there are 48 African countries. Column (1 and 2): the 
dependent variable is the total number of consumption surveys between 1990 and 2012; column (3 and 4): the dependent 
variable is the number of consumption surveys that are comparable during the same period; and column (5 and 6): the 
dependent variable is the share of consumption surveys that are comparable. The freedom index is Freedom House's freedom 
of political rights and civil liberties. The index is coded 1 to 7, where 1 is the most free and 7 is the least free. Regressions 
control for population density. Standard errors are clustered at the country level. Significance level: *=10 percent, **=5 
percent, ***=1 percent. 
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A shortage of financial resources is often considered a major constraint on statistics in Africa. 

After all, the cost of a typical cross-sectional survey lies between $1 million and $2 million, a 

substantial amount in the budget of a low-income country (Chandy, 2013). Still, the regression 

shows that, in Africa, richer countries do not collect more consumption surveys. Moreover, the 

surveys they collect are not more likely to be comparable. The story on data availability seems to 

be the opposite in countries outside Africa, where one log point in per capita GDP is associated 

with an increase of approximately two consumption surveys between 1990 and 2012 (table 1, 

column 1), but this relationship turns insignificant once we control for political freedoms and 

governance. 

Countries receiving more development aid as share of the government budget might be expected 

to run higher-quality surveys more frequently, perhaps because donors have an interest in 

collecting data with which to assess the impact of their aid. The regressions do not support this 

hypothesis either. In the African subsample, there is no statistically significant correlation between 

aid and the number of consumption surveys, the number of comparable consumption surveys, or 

the relative number of comparable consumption surveys to the total number of surveys. This lack 

of correlation is puzzling when donors are expected to demand more or better data, but less so 

when donor preferences are aligned with governance preferences of the leadership in the countries 

in which they operate.  

Among all country characteristics examined in this exercise, governance is the key variable 

associated with data availability and data quality (see table 1, columns 2, 4, and 6).  

3. A model of the relation between governance and statistical quality 

In this section, we explore the extent to which the presence of quality statistics reflects leader 

preferences. Political leaders, in this case, serve as agents while citizens act as the principals of 

political leaders by providing supports to elect or sanction leaders. Publicly available statistics then 

give citizens some sense of how political leaders perform (e.g. reducing poverty, increasing school 

enrolment, etc.). There are also two other layers of principal-agent problems in governance: (i) 

between political leaders and lower-level public officials who lead government agencies and play 

as agents of political leaders, and (ii) lower-level public officials and frontline providers who 

deliver public services and act as agents of the public officials (World Bank, 2016). An example 
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of the former relationship is the president and the Director of the NSO who is responsible for 

producing statistics. An example of the latter one is the Director of the NSO and the enumerator 

who is in charge of collecting data by interviewing households. These principal-agent problems 

have been well studied in the literature (see, for example, Buchanan and Tullock, 1962; Downs, 

1965; Becker, 1983; Ferejohn, 1986; Wilson, 1989; Wittman, 1989; and Banerjee, 1997). 

While the quality of statistics affects all three of these principal-agent relationships, we focus on 

the relationship between political leaders and citizens and start by acknowledging that all African 

countries fit the description of limited access orders. These are countries in which public agents 

interact in personalized relationships, as opposed to anonymous relationships among agents who 

are equal before the law. Moreover, in such countries, some relatively small coalitions of political, 

military, and private sector interests create a stable political and economic environment 

characterized by limitations on violence in exchange for wide latitude for corruption, profiteering, 

and rent seeking, that is, poor governance. Leaders in this environment remain in power as long as 

they are able to sustain a coalition of political, military, and economic loyalists. Citizens accept 

and even support this ruling coalition as long as it delivers stability and freedom from violence. 

We assume that leaders depend on support that can be delivered by elite members who use their 

patronage networks. The support can also be provided directly by citizens, who are less swayed 

by arguments of ideology or ethnicity. The ability of elite members to exploit violence and ethnic, 

or other affinities to deliver citizen support is critically different from leaders in open access orders 

(the developed economies), who depend exclusively on citizens’ support for their political 

survival. Each leader knows the unit cost of the support supplied by potential elite members and 

by citizens, ranks from the lowest to the highest, and picks a combination of support that is the 

least costly. Potential elite members receive a transfer or salary from the leader or, as the tax base 

is limited, are put in charge of activities that provide opportunities for rent seeking. The leader also 

decides how much to spend on the production of public goods: the greater provision of public 

goods leads to more support from citizens. 

Over time, information becomes available in the form of statistics, newspaper articles, propaganda, 

or otherwise. As a result, citizens update their beliefs, and the support for the ruling elite is altered. 

The leader needs to respond to such changes. If citizens become more critical in the face of new 

information, the leader would have to add members to the elite by spending additional amounts on 
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transfers, or the leader would have to raise investment in public goods. In both instances, the leader 

incurs additional expenses, which, as long as the leader’s budget constraint is not binding, shrink 

the consumption of the leader. At the margin, the leader must face a trade-off between the 

expenditures to ensure the elites’ support and the expenditure to obtain the support of citizens. 

To keep the model tractable, we allow it to cover one period, and national income (Y) and tax 

income (T) are predetermined. The leader’s objective function is to maximize the utility derived 

from consumption (max U (c leader)) under a budget constraint (c leader = T – P – E), where P is the 

amount of spending on public goods, and E are direct transfers to elite members. The leader is 

subject to a political survival constraint, that is, the supports he receives from the elite and from 

the citizens must reach a certain minimum (M). With elections in mind, this might be set at 50 

percent of the vote, but it could be more or less than 50 percent depending on the situation: (Velite 

+ Vcitizens ≥ M). 

Because the model is linear in P and E, it can be written so that the leader minimizes spending on 

public goods (P) and elite maintenance (E), subject to the political survival constraint.9 The 

leader’s decision is illustrated in figure 3: to minimize expenses the leader chooses a combination 

of elite and citizen support whereby the iso-cost curve, which illustrates different combinations of 

elite and citizen supports for a leader’s given budget cost, touches the political survival constraint. 

This point is reached when the marginal cost of additional elite-delivered support equals the 

marginal cost of popular support, as follows: 

𝜕𝜕𝑉𝑉𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒𝑒
𝜕𝜕𝜕𝜕

=  𝜕𝜕𝑉𝑉𝑐𝑐𝑒𝑒𝑒𝑒𝑒𝑒𝑐𝑐𝑒𝑒𝑐𝑐
𝜕𝜕𝜕𝜕

.  (1) 

 
Elite support depends on the leader’s direct support to the elite (E). In addition, the elite uses their 

position to maximize their income through rent-seeking (R) siphoned off from expenditure on 

public goods (P). The leader doesn’t support rent seeking because it doesn’t buy him additional 

elite support.  

Meanwhile, citizens determine their support based on the public goods available (G) and the 

information (I) they receive, as follows: 

𝑉𝑉𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐𝑐 = 𝑓𝑓(𝐺𝐺, 𝐼𝐼).  (2) 
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Figure 3: Leaders Seek the Least Costly Mix of Popular and Elite Support that Allows 
Political Survival 

 

The provision of public goods G = f (P, R) depends positively on the amount allocated by the 

leader (P), and negatively on the amount of rent-seeking by the elite (R). Public goods are 

considered in their broadest possible sense and include public investments, the delivery of critical 

services (health care, education, judicial services), but also the creation of a secure environment 

and a conducive business environment. The production of quality statistics then allows the leader 

to monitor how much public goods are produced (G) and to limit rent-seeking (R).  

Information received by citizens comprises many forms (e.g. publicly available statistics, daily 

news, investigative stories, propaganda, etc.). In this paper, we deal with statistical information 

only. If this information is positive, that is, the information exceeds the prior beliefs of citizens, 

citizens become more inclined to support the leader, and vice versa. Typically, the information to 

which citizens are exposed will be negative not because there is no positive information, but 

because news media have a tendency to report bad outcomes. 

Proposition 1: It is not in the leader’s interest to allow critical statistics to become public 

We now possess the various elements necessary to assess what happens when new statistics 

become available to the public. Assume, for instance, a household survey releases results showing 

poverty has not fallen much. Exposed to such information, citizens become less inclined to support 
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the leader: 𝜕𝜕𝑉𝑉𝑐𝑐𝑒𝑒𝑒𝑒𝑒𝑒𝑐𝑐𝑒𝑒𝑐𝑐
𝜕𝜕𝜕𝜕

 rises. Because the marginal cost of citizen support has increased, the rational 

response of the leader is to rely more on elite support as this has become relatively cheaper. 

Consequently, the curvature of the iso-cost curve changes. This is reflected in figure 4, where the 

iso-cost curve tilts inward. 

Figure 4: The Leader Seeks a New Mix of Elite and Citizen Support Relying on More Elite 
Support 

 

The new iso-cost curve in figure 4 shows that, for every amount of new elite support, less citizen 

support is provided. The figure presents the case where the leader does not change his total 

spending. In this instance, the point on the political survival line chosen by the leader is (A’B’), a 

point that relies more on elite support (A increases to A’) and less on citizen support (B’ lies to the 

left of the original point B). However, the line M’M’ lies to the right of the political survival 

constraint, MM. If the leader does not increase his spending, he will not survive politically. 

Consequently, the leader increases his spending. This is reflected in figure 5, in which the 

outwardly shifted iso-cost curve reflects a higher expenditure level touching the political survival 

constraint, MM. Thus, the leader ends up spending more on elite support (A’’ lies above A’). 

Relative to B’, investment on public goods rises as well (B’’ is greater than B’), but, in the new 

equilibrium, the amount spent on public goods is below the original point B. (After all, the cost of 
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citizen support rose, and the leader will choose to buy less of it.) As a final result of the publication 

of critical statistics, the leader spends more and consumes less. 

Figure 5: If Citizen Support Is Reduced Based on New Information, the Leader Spends 
More on Elite Support 

 

It is not hard to see why the public availability of quality statistics is differently valued in open 

access societies. In these societies, leaders cannot trade off elite support for citizen support: they 

remain in power by winning a majority of citizen support in elections through their ability to 

provide public goods. If critical statistics about service delivery become available, the leader has 

a strong incentive to improve its provision. In a limited access order, meanwhile, leaders respond 

by relying more on the elite because they have the option to do so and because elite support has 

become relatively cheaper.  

Proposition 2: In limited access orders, it is futile to make NSOs autonomous and give them 

adequate nonpolitical funding 

The logic behind limited access orders dictates that little happens that does not serve the interests 

of those in power. In limited access orders, institutions that function successfully in open access 

orders and give citizens certain control over their leaders, such as democracy itself, an independent 

judicial system, anticorruption agencies, and a level playing field for businesses, are tweaked to 
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serve the interests of the elite. Transplanting institutions from open access orders to limited access 

orders has therefore been spectacularly unsuccessful and has even received its own label: 

isomorphic mimicry (DiMaggio & Powell, 1983). The creation of independent statistical agencies 

falls in this category and is unlikely to be supported by the leader. If a statistics act is adopted, it 

may remain unexecuted by not making the necessary operational budget available, or by hindering 

the fiduciary capacity needed to act independently. Efforts to improve capacity through 

competency-based hiring and firing, competitive salaries, and performance-related pay are easily 

blocked. The leader might make sure the director and the board of the autonomous agency are 

presidential appointees or, at least, vetted by the leader to ensure loyalty. The leader can insist that 

official statistics only be produced by the NSO. By creating a monopoly, the leader obtains all the 

benefits associated with the lack of competition: little innovation, low quality, and high prices or 

limited production.  

Proposition 3: Leaders in limited access orders actively support nonpublic statistics 

From the leader’s perspective, the publication of critical statistics is unattractive [because of less 

citizens support] even though statistics are helpful in reducing rent seeking. Recall that rent seeking 

does not increase elite support while it does lead to lower provision of public goods. Leaders whose 

political survival depends on a combination of elite and citizen supports thus have an interest in 

the production of good-quality, critical, statistics for private consumption by the leader. Only 

statistics that are positive are of interest to these leaders to make publicly available.  

 

4. How leaders manage to obtain poor-quality statistics, when donors want the opposite 

Leaders in limited access orders prefer statistical systems that can be manipulated, that publish 

few critical statistics and whose data can be discarded as unreliable, if needed. How do they make 

this happen in a setting in which the leader has made an international commitment to good-quality 

statistics?10 

 

Leaders may want poor statistics, donors (who seek accountability) want the opposite. In the midst 

of these opposing preferences, are the statistical agencies who are forced to perform a difficult 

balancing act.11 How this works out may be pictured through five examples: 
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Produce substandard work. Donors are ready to offer support if data quality is low. For a cash-

starved NSO to attract donor resources, it needs to produce low-quality data. To see these perverse 

incentives in action consider routine data systems in the health sector. Health management 

information systems (HMISs) are relatively complex because they depend on front-line service 

providers to fill out forms on the number of patients treated and their illnesses, information that is 

subsequently aggregated into a national database. Often, these systems suffer from incomplete 

reporting and low-quality data largely because of the lack of oversight. So, if donor programs start 

new initiatives, such as a presidential initiative on malaria, the program has to choose between 

strengthening a weak HMIS system or setting up a parallel system.12 More often than not, the latter 

option is selected, leading to a situation whereby the same people who have been responsible for 

the poorly functioning HMIS are offered additional resources to develop a parallel system. Such 

perverse incentives are common. Poorly executed household surveys generate data cleaning 

workshops and even new surveys; poorly calculated statistics or poor data archiving lead to 

capacity-building and training events; and so on. 

Publish internationally, not locally. Another illustration of perverse incentives at work is the fact 

that survey data collected in Africa are often only available outside the continent. To check this, 

we considered 15 Multiple Indicator Cluster Survey (MICS), 15 Demographic and Health Survey 

(DHS), and 15 consumption surveys completed in 2012 or before and assessed whether these data 

are publicly available. For MICS and DHS, the survey reports can almost always be downloaded 

from an international website. In about a third to a half of the instances, they can also be found on 

the NSO websites, but the data are rarely available even though DHS publishes all its data online 

(MICS does not). For the consumption surveys, the results are a bit different: the reports can be 

found both internationally and locally, but the data are difficult to obtain. With respect to censuses, 

we found that 14 African countries make samples of their data available for download through the 

Integrated Public Use Microdata Series website, but only one NSO, Kenya, publishes it on its 

website.13 This situation is consistent with the incentives of a typical NSO director, who needs to 

increase resources for his staff, but also needs to signal loyalty to the leader. Both objectives are 

achieved by implementing the survey, but not publishing the data, at least not nationally. 14 

Focus on capacity building, not on statistics. Improving statistics is a difficult endeavor in part 

because it is affected by high levels of asymmetric information between statistics producers and 
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users. If an automobile manufacturer produces a poor-quality car, the buyer finds out quickly. But 

if a statistician produces a poor estimate, this fact may not emerge for a long time if it is discovered 

at all. Efforts to improve statistics are thus unlikely to yield visible results rapidly. In an 

environment in which donors need to demonstrate results and NSOs have only an unsteady 

intention to improve the quality of statistics, enhancing capacity through training, workshops, and 

strategy design is a safe, measurable middle ground. Staffs in a money-starved NSOs are unlikely 

to object, but, as the capacity-building initiatives proliferate, they become professional workshop 

attendees with few statistical skills, thus reinforce the disincentives on serious statisticians who 

might otherwise seek work in the statistical agency. 

Be ambitious. Donors find it hard to ignore clear requests from a country. In primary data 

collection involving opportunities for travel and per diems, African NSOs are extremely ambitious. 

Almost all sample surveys tend to be sizeable on the pretext that estimates need to be obtained for  

small geographical units or for infrequent events. Too often different surveys collect similar 

information, for instance when countries field both DHS and MICS surveys. For every new census, 

all enumeration areas maps are redrawn, a labor and travel intensive effort.  

The cost of all this data collection is staggering. To illustrate, we considered the last two 

consumption surveys carried out in each of the 48 African countries on which we have data at our 

disposal. In total, 72 surveys in 36 countries were identified. For each of these surveys, we assessed 

the number of strata on which the survey yielded representative data, and calculated the average 

number of observations per stratum. A rule of thumb suggests that 500 observations per stratum 

give estimates with acceptable confidence intervals (Dabalen et al, 2016). We found that half the 

surveys fall outside the range of efficient surveys, defined as those having 750 observations or 

fewer per stratum. Some even have more than 2,000 per stratum. Some countries, such as Kenya, 

have many strata with relatively few observations to ensure representativeness at district levels. 

We estimated that a simple measure such as capping the average number of observations per 

stratum at 750, would lead to a cost savings of approximately 25 percent without any great 

consequences for the accuracy of welfare measures and no consequences for the total number of 

strata into which a survey could be disaggregated. 
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There are other costs in implementing large surveys. As efforts are geared toward data collection, 

there is little time for analysis, and, too often, the quality of the data collected is low because 

fieldwork is carried out in a rush or because enumerators are insufficiently trained or supervised. 

Once collected, data are poorly archived or not archived at all, leading to data loss, but possibly a 

gain for the NSO: additional proposals for data collection. 

Fail to reform. Statistical agencies may, at the request of donors go through the motions of 

preparing a reform and then fail to implement it. This seems to occur regularly. In 2014, 36 African 

countries implemented national strategies for the development of statistics (NSDS) that had been 

designed during participatory and consultative processes (per diems) involving a wide range of 

stakeholders and formal adoption by cabinets. Designing an NSDS requires 12–18 months and is 

expected to lead to a strategy that “provides a country with a vision of the development of statistics 

and a detailed, costed action plan over a period of 5 to 10 years that covers the production of all 

official statistics” (Paris21 2015a, 3). The effort to prepare an NSDS does not translate in enhanced 

statistical capacity. Of the 30 countries that implemented NSDSs in 2013 and 2014, 14 experienced 

a drop in SCB indicator scores. In 7, the SCB indicator scores did not change, and only in 9 did it 

improve. One might argue that a year is too short to expect statistical strategies to yield results, 

but, if we consider a longer period (2011–14), we also find that, across countries, more SCB 

indicator scores declined (13) than rose (6). At the least, one may conclude there is a disconnect 

between what happens on paper and what happens in practice. 

 

A comparable phenomenon may be observed around the creation of a National Data Archive 

(NADA). NADA, a web-based cataloging system, serves as a portal for researchers to search, 

apply for access, and download relevant census or survey information.15 The NADA software is 

associated with an elaborate training program to build the capacity of NSO staffs and to assist with 

data archive. In 2014, 26 of the 48 NSOs had a NADA that was accessible through their websites. 

There were a total of 806 entries, including reports and micro-datasets. Of these, almost half (399) 

were not available for downloading. Half the 26 NADAs in Africa had fewer than 10 available 

entries. A total of 285 entries could, in principle, be downloaded from the NADA or from an 

external repository (such as the DHS website). In most instances, reports could be downloaded, 

while microdata could not be downloaded without registration and authorization. We tried the 
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registration process for the 10 NADA systems that host the largest number of such licensed 

datasets, but were able to obtain a dataset from only one country, Kenya.16 

Why would an NSO want to set up a data archiving system for researchers to browse and then not 

make the data accessible? By 2012, according to an evaluation carried out by Thomson, Eele, and 

Schmieding (2013), 37 systems had been established at a global cost of €9.1 million, of which 90 

percent had gone toward implementation (mostly training). Assuming that spending on NSOs in 

Africa is proportional to average spending, participating in NADA generates almost $300,000 per 

statistical agency. Not all of this benefits NSO staffs, but the amounts involved are certainly 

sufficient to attract interest in the program, if not in its objectives. 

These illustrations reflect an unattractive, low-level equilibrium that works for all actors. NSO 

staffs make money through data collection; the leader can choose among different statistics or is 

assured that statistics are not published in his own country, while the donor agency gets the reform 

program, capacity-building events, or data it needs for its own accountability purposes. 

 
5. What can be done to improve data? 

This paper makes clear that incentives matter in statistics production. It focuses on misaligned 

incentives among political leaders, donor agencies and statistical agency staffs toward the goal of 

producing good-quality data. What can be done to align incentives more closely? We have six 

suggestions. 

Is an open data approach necessary for policy formulation and monitoring? One lesson 

learned is that insisting on the publication of data in limited access orders can be counterproductive 

and may be met with the resistance from leaders, NSOs, and even civil society. Yet, open data do 

not result in production of useful statistics for policy design and results monitoring. At times, there 

may be a middle ground: the resistance is less stubborn to publishing data internationally, and this 

may be avenue that donor agencies can pursue more vigorously. For example, the World Bank, as 

guardian of consumption (poverty) surveys, should ensure that consumption data are published at 

least on its own website, the United Nations Children’s Fund should do the same with the MICS 

data and follow the example of the United States Agency for International Development which 

publishes all DHS data. 
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Evidence-based identification of opportunities for reform. Another implication is that, in view 

of the strong association between governance and statistics, actors interested in enhancing the 

quality of statistics could start by identifying countries with a mismatch between the qualities of 

governance indicators and of statistics. Following the logic of the model presented in section 3, 

the quality of governance reflects the degree to which the leader is inclined to deliver public 

services and is supportive of statistics. In countries where statistical capacity is lower than what 

might be expected based on the quality of governance, statistical initiatives might be successful. 

Figure 6 presents a regression-based approach to identify outlier countries. Initiatives in these 

negative deviants might begin with the production of statistics in limited areas, such as the CPI 

and household surveys, and aim to enhance the system credibility by demonstrating that data 

quality can be improved. As the reputation of the NSO mends, more challenging applications 

might be addressed, such as routine data gathering, GDP calculations, and coordination of the 

national statistical system. 

Figure 6: Identifying Countries in Which Statistical Interventions Might Be Effective 

Countries in which SCB indicator scores are lower than expected based on a regression 
prediction (negative deviants) are well placed for fruitful action to raise statistical capacity 
Semiparametric regression: dependent variable, statistical 
capacity indicator, 2014 

Parametric Coefficient T-stat P value 

Governance effectiveness indicator 4.275971 1.86 0.069 

Surveys, number 0.598552 2.30 0.026 

R-squared 0.16   

R-squared (adjusted) 0.13   

Observations 48   

Nonparametric variable: data access indicator (see the 
appendix) 

 

Note: If the access indicator is included in the regression, the adjusted R-squared is 0.57. The variables official 
development assistance per capita and GDP per capita were insignificant and dropped from the regression to preserve 
degrees of freedom. 
 
In countries in which the statistical capacity is greater than estimated according to governance 

indicators (positive deviants), a reversal might be expected. In such instances, a focus on 

investments in professionalism, institutional infrastructure, and standards is warranted. Once 

standards have been raised, they tend to decline only slowly.  
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Look for credible signals. The model shows that ownership of statistics reform should not be 

assumed. Leaders, including leaders of statistical agencies, have incentives to pretend to embrace 

statistics reform to attract donor funding, while, in reality, their interest is to maintain the status 

quo. Reform-minded donors often interpret the adoption of an NSDS or statistics act as a 

demonstration of interest, but these acts are uncorrelated with reform (see above). Leaders 

genuinely interested in reform should send stronger signals to manifest their support: statistical 

agencies can be given their own budget line or a say in the budget process, thus enhancing their 

independence. Guidelines to recruit staffs on a competitive basis can be adopted, and directors can 

be appointed by independent statistics boards. Data can be made accessible, and, if data are too 

sensitive, reports, abstracts, and information on statistical methods can be published. Making 

sampling frames freely and publicly accessible is another credible signal. This would allow others 

to collect representative data and exposes the NSO to competition. Data quality can be vigorously 

pursued even if data are not made publicly available, for instance, by allowing independent 

oversight or peer review. There can be a focus on value for money, for example, through the 

adoption of performance for results approaches.17 Such projects pay for outputs rather than for 

inputs, including workshops, strategies, and advocacy, as is often done in SCB programs. 

A credible signal from the leader is unambiguous and exhibits a clear commitment. A letter from 

an official such as a director or a minister promising reform and requesting a project is not credible, 

nor is the adoption of a statistics act that creates a more autonomous NSO, but also sets out harsh 

punishments for anyone who abuses (note the vague wording) official statistics.18 

Limit the influence of the leader over the NSO. Reducing the leader’s power over the production 

of statistics is a worthy objective.19 Even though, according to proposition 3, little can be done 

without the explicit approval of the leader, the world is less dichotomous in practice than the sketch 

in the model. Elites are not homogenous, and champions for reform might exist. Under appropriate 

circumstances, policy reforms could be implemented, for instance, as a precondition for budget 

support operations. Feasible reforms might include the establishment of a statistical board 

composed of members who are not presidential appointees, the appointment of an independent 

director of the statistical agency, and direct parliamentary approval for the NSO budget rather than 

subsuming the budget under the budget of a parent ministry. These reforms would enhance the 

independence of the statistical agency even if the differences in the output might be limited at the 
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beginning. Directors of statistical agencies are often not only managers who balance the demands 

of the leader with those of NSO staffs, but also well-trained statisticians who take pride in their 

work. Peer pressure exerted, for example, at regional statistical meetings can help nudge directors 

toward accepting increased data access and insisting on quality work. Setting standards at the 

supranational level and enforcing them can take some of the politics out of statistics and reduce 

the influence of the leader over data production. Thus, the West African Economic and Monetary 

Union establishes standards for the collection of price data that are applied among all eight member 

countries. Professional staffs enhance bureaucratic autonomy. This requires attention to merit-

based recruitment to provide training and appropriate rewards for hard work and talent (Fukuyama 

2011, 2013). None of these steps represents a miracle cure, precisely because of proposition 3. 

However, over time, an approach that persistently and opportunistically promotes greater NSO 

autonomy may be feasible, particularly if it is combined with strong recruitment. 

Align donor and private sector incentives with improved statistics. Improved donor 

coordination and the pooled funding of a jointly agreed work program could be used to reduce the 

power of a statistical agency to select only favorable options, including the data that are published, 

help avoid the duplication of effort, and limit donors’ ability to pursue their agencies’ interests at 

the expense of the common good. Whereas the benefits of improved donor coordination can be 

substantial and have been well recognized, such coordination rarely occurs in practice. Greater 

shaming by, for instance, insisting on independent oversight or publishing the names of actors who 

support non-comparable surveys could nudge donors toward greater harmonization. 

The private sector might also start to play a role by demanding more reliable statistics. Rating 

agencies follow debates about the accuracy of core statistics closely. Poor-quality statistics 

negatively affect the risk rating of countries and, consequently, the borrowing power of countries 

on the international bond market. Adherence to the Special Data Dissemination Standard, for 

example, has been found to lower borrowing costs by 50 basis points by reassuring international 

investors on the reliability and serviceability of a country’s economic and financial data 

(International Monetary Fund, 2005). 
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6. Conclusion 

Because of the role of statistics in promoting growth and reducing poverty, improving the 

availability, quality, and policy relevance of data is of paramount importance, particularly among 

African countries, which lack fundamental information to inform the design of effective policies. 

This paper attempts to shed light on why interventions to enhance the quality of statistics have had 

so little impact. We argue that low capacity is a symptom of a lack of political support for quality 

statistics. We develop a public choice model to demonstrate that, in a setting where leadership 

survival depends on courting the elite and not on producing public goods, raising the quality of 

statistics is likely to be a lesser priority and present empirical evidence to support our claim. 

Reversing this situation may not be possible in the short term, but it may be feasible to begin 

engineering a turnaround. To be effective, interventions need to go with the grain and refrain, for 

instance, from insisting that statistics be made publicly available if the leader is opposed to this 

step. For most policy purposes, statistics do not need to be published; there are a number of 

countries that demonstrate that the production of good-quality data and limited publication and 

limited public access can coexist. 

Interventions could also be more strategic, focusing on those countries in which statistical capacity 

is less than what might be expected based on governance and data access indicators, or in which 

statistical capacity is greater than expected based on these indicators, and in which the signals of 

support for reform have been credible. Depending on the context, interventions could focus on 

enhancing the credibility of the statistical agency by producing a new, limited set of credible data 

or on ensuring the longevity of good-quality data collection through institutional reform and 

investments in professionalism and the implementation of better standards. 

Interventions that reduce the influence of the leader over the statistical system, strengthen the 

demand for good-quality statistics in the private sector, or limit the perverse incentives donors 

might have would foster improvement in the quality of statistics. Policy reforms to enhance the 

financial autonomy of statistical agencies, instill greater reliance on international standards and 

independent oversight, and favor donor coordination and pooled funding mechanisms are among 

the more promising approaches to aligning incentives with the production of high-quality data. 
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We believe this is (one of the) first papers that applies public choice modelling to statistics reform. 

More work, empirically as well as theoretically leading to a better understanding of the drivers of 

quality statistics in poor countries would be of great value to practitioners like the authors who are 

engaged, on a daily basis, in improving statistical capacity in Africa. 

1 The data are metadata collected from the NSO websites or from Statistical Capacity Indicators (database), World 
Bank, Washington, DC, http://databank.worldbank.org/data/reports.aspx?source=Statistical-capacity-indicators. 

2 For an overview, see Kiregyera (2013). See also “Statistical Capacity Building: Trust Fund for Statistical Capacity 
Building,” World Bank, Washington, DC, http://www.worldbank.org/en/data/statistical-capacity-building/trust-fund-
for-statistical-capacity-building; “Statistical Capacity Building: STATCAP,” World Bank, Washington, DC, 
http://www.worldbank.org/en/data/statistical-capacity-building/statcap. 

3 See “Data on Statistical Capacity,” World Bank, Washington, DC, 
http://datatopics.worldbank.org/statisticalcapacity/. 

4 While statistical capacity and the quality of statistics are intricately related, there are different ways of measuring 
each. The quality of statistics can be assessed through the Data Quality Assessment Framework (DQAF) of the IMF. 
DQAFs are domain specific, and are particularly useful for identifying data quality issues and designing programs to 
address these issues. The SCB indicator focuses on statistical capacity and offers a more global perspective. This 
indicator is more quantitative and updated annually. As such it is better suited for the purposes of this paper.  

5 See, for example, Oxford Policy Management (2009) footnote 2. 

6 See WGI (Worldwide Governance Indicators) (database), World Bank, Washington, DC, 
http://info.worldbank.org/governance/wgi/index.aspx#home. 

7 See IHSN (International Household Survey Network) Survey Catalogue (database), World Bank and PARIS21 
Consortium, PARIS21 Consortium, Paris, http://catalog.ihsn.org/index.php/catalog. 

8 Household consumption surveys are considered comparable if all three of the following criteria are consistent across 
surveys: (a) the sample size is nationally representative; (b) the data have been collected during the same period; and 
(c) the surveys rely on the same reporting instrument and reporting period. 

9 In the absence of any information, the leader assumes the expected levels of rent seeking to be the same across all 
potential elite members. 

10 The Fourth High Level Forum on Aid Effectiveness, held in Busan, Republic of Korea, on November 29–December 
1, 2011, resulted in the adoption of an agreement, the Busan Partnership for Effective Development Co-Operation, by 
160 countries (Organisation for Economic Co-operation and Development, 2011, 5). 

11 The juxtaposition of donor and leader preferences may not always hold. There are instances where donor and leader 
interests for positive results are aligned. Still, because of its mission to reduce poverty globally, the World Bank is 
hardly a neutral agent when new poverty statistics are released. The United Nations Educational, Scientific, and 
Cultural Organization has an interest in demonstrating progress in education, and the International Monetary Fund 
(IMF), as guardian of the stability of the international financial system, has an interest in demonstrating that countries 
manage to keep inflation under control. Conflicts of interests regularly play out: the calculation of a poverty statistic 
is more likely to be scrutinized if the results show an increase in poverty rather than a decline. The IMF may be aware 
of the underreporting of inflation, and not act upon it. 

                                                 

http://databank.worldbank.org/data/reports.aspx?source=Statistical-capacity-indicators
http://www.worldbank.org/en/data/statistical-capacity-building/statcap
http://datatopics.worldbank.org/statisticalcapacity/
http://info.worldbank.org/governance/wgi/index.aspx#home
http://catalog.ihsn.org/index.php/catalog
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12 See for instance, US Agency for International Development, Centers for Disease Control, and US Department of 
Health and Human Services (2014) for the 2014 report to the US Congress. 

13 IPUMS (Integrated Public Use Microdata Series) (database), Minnesota Population Center, University of 
Minnesota, Minneapolis, https://www.ipums.org/. 

14 Another reason for keeping the data private is that the NSO can charge users more than the marginal cost of 
reproducing the data, thus earning some money and restricting access at the same time. 

15 See Microdata Cataloging Tool (NADA), International Household Survey Network, World Bank and PARIS21 
Consortium, PARIS21 Consortium, Paris, http://www.ihsn.org/HOME/software/nada. 

16 The NADAs are from NSOs in the following countries (the number of licensed datasets is in parentheses): Cameroon 
(6), Ghana (13), Guinea (18), Kenya (34), Liberia (5), Niger (47), Senegal (62), Sierra Leone (5), Togo (13), and 
Zambia (20). An independent evaluation of NADA concludes that “although many countries and some international 
organizations have set up their own survey catalogues based on the IHSN National Data Archive (NADA) application, 
this has not, as far as the evaluation can tell, led to an increased use of existing survey data” (Thomson, Eele, and 
Schmieding 2013, iii). 

17 ICASEES, the NSO in the Central African Republic has adopted a performance based approach in its statistics 
project with the World Bank. 

18 In Tanzania, the 2013 Statistics Bill adopted by the National Assembly on March 26, 2015, is of this sort. 

19 Some survey programs bypass the leader almost entirely. The DHS and MICS are externally funded, implemented 
along with large amounts of external technical assistance, and leave behind little in terms of capacity or ownership. 
Whereas this last is undesirable, the surveys do yield reliable, comparable data. 

https://www.ipums.org/
http://www.ihsn.org/HOME/software/nada
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Appendix A: The Statistics Access Indicator 

The extent of the public’s access to statistics is one way to gauge the effectiveness of a statistical 
system. The statistical access indicator has thus been developed to measure—relative to good 
statistical practice—the coverage, accessibility, and quality of publicly accessible data on the 
websites of NSOs in Sub-Saharan Africa. 

To arrive at the indicator, a questionnaire captures essential dimensions of data quality. The 
websites of 49 NSOs were visited between July and August 2014. The information gathered was 
organized along nine dimensions, representing elements of website dissemination practice and the 
availability of key macroeconomic indicators and microeconomic data (the CPI, GDP, census data, 
household surveys, and social indicators). Overall, the questionnaire reflects good international 
practice in terms of accessibility, periodicity, timeliness, and coherence. For instance, on 
accessibility, the questionnaire asks “Does the NSO have a calendar indicating the release dates of 
statistics on its website?”; “Is the annual statistical yearbook or statistical abstract available 
online?”; “Is the survey report published on the website?”; “Is there a GDP data archive or time 
series available on the NSO website?”; “Can census data be downloaded?” The questionnaire also 
asks about coherence “Which convention of the system of national accounts does the NSO 
follow?”; “Does the NSO publish GDP decompositions by production, expenditure, and income?” 

To quantify and summarize the information collected, an aggregate indicator measuring data 
access has been developed in three steps: 

• Step 1, scoring individual questions. The various questions offer ranges of answers (yes or 
no; the publication dates of data or documents; multiple-choice answers such as poor, good, 
and excellent). To aggregate the information derived from each answer, we have assigned to 
each answer a score from 0 to 6 whereby 6 indicates the closest possible answer according to 
best practice and 0, the worst answer. For instance, for questions related to years of 
publications, if the latest available yearly statistical abstract has been published since 2012, a 
score of 6 is ascribed to the answer, and 0 otherwise. For multiple-choice questions, the score 
might be 0, 3, or 6 if there are 3 options or 0, 2, 4, or 6 if there are 4 possible choices. 

• Step 2, aggregating by dimension (raw scores). Because the number of questions on each 
dimension varies (website quality, the CPI, national accounts data, and so on), a score spanning 
between 0 and 6 is defined for each dimension using the simple average of the scores obtained 
on each question. The simple average assumes there is no question that can be considered more 
or less important in terms of information content. The simple average can be adjusted using a 
weighted average if needed. 

• Step 3, aggregating across dimensions. Because each dimension is associated with a score 
spanning between 0 and 6, a simple average of raw scores across all dimensions may be 
calculated to obtain an aggregate score. To build the aggregate score, we propose to rescale 
each score over the 0–6 range by simply dividing the raw score by the empirical maximum 
score for each dimension. These rescaled scores can be averaged to give the aggregate score. 
In this case, a score of 1 would mean that the agency’s website is the best in the country group 
along all possible dimensions. Alternatively, weighted averages could be used if some 
questions are considered more important than others. 
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The summary score of the indicator is presented in figure A.1. A full description of the indicator 
may be found in Debrun and Hoogeveen (2015). 

 

Figure A.1: Statistics Access Indicator, 2014 
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