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In “Field Experiments and Methodological Intolerance”, published in the Journal of Economic 

Methodology (2013), Glenn Harrison develops a criticism of the use of randomized field experiments 

(henceforth, RCTs2) and denounces what he perceives as intolerance for other methods. In particular, 

he condemns a “disconnect from theory” and structural modelling and a “dismissal of lab 

experiments”. 

In this short response, we argue that a large share of the recent academic literature based on RCTs 

does in fact strive to accomplish much of what Harrison advocates. The exploration of links between 

field experiments, lab experiments, and economic theory is still young, but it is a fast-growing field. 

While there still remain a lot of question marks and gray areas, the use of RCTs is full of promise, and 

thus it would be much more relevant to consider the dynamics of the field rather than deplore its past 

insufficiencies. We also discuss how the policy relevance of RCTs, barely mentioned in Harrison’s 

paper, accounts for the large uptake of this methodology, while also serving the researcher’s interest 

for testing and advancing theory. 

We mostly focus on Harrison’s second (links with theory) and fourth (links with lab experiments) 

points. We believe that his first point on semantics is technically valid but is a peripheral issue that 

reflects researchers’ methodological specialization rather than intolerance. Arguments regarding the 

RCTs’ statistical properties have already been thoroughly discussed by authoritative figures in the 

field3. We trust that scholars, funders, and the educated public now know what to expect and what 

1  We are thankful to Martin Abel, Willa Brown, Patrick Eozenou, Dave Evans, Susan Godlonton, Markus 
Goldstein, Ruth Vargas Hill, Patrick Premand, Laura Rawlings, Maria Recalde, Rebecca Thornton, Vincent Pons, 
and Angelino Viceisza for very helpful discussions and suggestions. We also thank participants at the 2014 
conference “Experimental Methods in Policy” for stimulating comments. 
2 Since Harrison refers to randomized field experiments as randomized controlled trials (RCTs) in his paper (as is 
widely accepted), we will use the same terminology even though RCTs may technically include lab experiments 
that use some form of randomization. In this paper, RCTs refer to natural and social field experiments in the 
taxonomy defined in Harrison and List (2004). 
3  See, for example, Heckman, 1992; Imbens and Angrist, 1994; Banerjee and Duflo, 2008; Imbens and 
Wooldridge, 2009; Deaton, 2010.  
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not to expect from RCTs, as well as how to appreciate their scientific quality based on how they deal 

with threats to their internal or external validity.  

Our response is articulated around four main points: (i) lab experiments and RCTs are based on 

different methodological approaches which give them different comparative advantages; (ii) key 

features of the RCT methodology make it highly relevant for policymaking which accounts for a large 

part of its uptake; (iii) RCTs foster a convergence of interests between policymakers and researchers 

around the study of economic mechanisms, which allows them to challenge and contribute to 

economic theory based on real-world facts; and (iv) hybrid forms of experimentation are being 

increasingly used and open promising avenues. 

 

*1* 

Lab experiments and RCTs use distinct strategies for identifying causal relationships, which determine 

their respective value as well as their complementarity. How do the two scientific approaches go about 

isolating the phenomenon of interest from the confusion of a multidimensional, over-determined 

environment?  

While they may also use some form of randomization, archetypical lab experiments solve the 

identification problem by simplifying and tightly controlling the environment (by environment, we 

mean the particular set of initial circumstances that cannot be altered by the agents or the institutions 

within which they interact (Smith, 1982) and influence their decisions and behaviors in ways that are 

not necessarily known). This environment may include incentives, institutions, technologies, norms, 

and social interactions. In the lab, the objective is to create a world in which the number of dimensions 

interacting with the agent is smaller and defined by the researcher. In this sense, lab experiments are 

close to physics or biology experiments in that they attempt to suppress as many confounding factors 

as possible, just as physicists create experimental conditions that allow them to observe particles 

moving and interacting in a vacuum or biologists work in a sterile environment. 

Because the number of interacting factors is lower, lab experiments allow the researcher to elicit 

behavioral parameters that are not easily observable in real-world conditions, such as  time and risk 

preferences, attitudes toward competition, and other-regarding preferences (Croson and Gneezy, 

2009; Eckel and Grossman, 2008). The lab allows for the creation of an anonymous environment, 

which eliminates the potential for strategic or reputational considerations and makes it easier to 

identify informal institutions such as fairness norms or social preferences (Guala, 2005). Just like 
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physics experiments focus on the fundamental laws that govern the motion of matter through space 

and time, lab experiments strive to identify the core parameters of individuals’ decision-making 

processes, parameters that theory would assume to be constant and independent from the 

environment in which the decision is taken. Lab experiments may also question elements of theory by 

revealing that certain parameters are actually not time- or context-invariant (Barr and Serra, 2010; 

Jakiela, 2011). 

When using an RCT, on the other hand, researchers strive to analyze a causal mechanism in interaction 

with the natural environment taken as it is, with all its complexity and varying potential effects on 

individuals. The causal mechanism of interest is identified by creating a counterfactual. Two samples 

are drawn randomly from a population; provided they are large enough, the central-limit theorem 

ensures that the two samples have the same distribution of characteristics (observable or not). An 

exogenous shock, or treatment, is delivered to one of the two groups, and its impact is measured by 

comparing outcomes in the treatment group to those observed in the other group. The observed 

effect is therefore the average causal impact of the treatment conditional on the effects of the local 

environment – i.e., as it would happen in real local conditions. Not long before RCTs became as popular 

as they are today, natural experiments and instrumental variables were widely used in the same quest: 

identifying causality in the real world (List, 2011).  

This realism is what makes RCTs so similar to clinical trials,4 which also acknowledge the complexity of 

the environment (in this case, the human body with its countless attributes that may possibly interfere 

with the treatment), allow it interact with the drug just as it would under real conditions, and identify 

the causal impact by using the statistical properties of large random samples. Both RCTs and clinical 

trials are primarily interested in what actually happens to beneficiaries (resp. patients) participating 

in a program (resp. taking a drug), given all their other existing behaviors. 

The particular methodology used in RCTs determines their comparative value for designing policy and 

for testing economic theory. We will examine these two areas successively with a particular focus on 

their convergence, as this is the main determinant for the rising interest in RCTs. 

 

 

4 Significant differences exist, however, such as the use of double-blind protocols in medical trials in order to 
hold behaviours constant across experimental groups, whereas policy experiments may be more precisely 
interested in seeing the behavioural response to specific policies (Collin, 2014).  
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*2* 

The parallel with clinical trials is evocative not only in terms of scientific method but also in terms of 

usage and influence. The randomized clinical trial is at the heart of the expansion of evidence-based 

medicine and has become the norm since the mid-20th century (Chalmers, 2001). It is now the test 

that any new drug must pass before being allowed on the market (Marks, 1997).  

Although on a much more modest scale, RCTs are also being increasingly recognized for their 

contribution to evidence-based policymaking, especially in the field of development. Every year, 

hundreds of RCTs are being conducted by the World Bank alone; the Bill and Melinda Gates 

Foundation and USAID have both made RCTs an integral part of their agenda and use the results to 

orient policy support. Stories of RCTs’ influence on development policies include conditional cash 

transfers (World Bank, 2009), the mass expansion of school-based deworming (Miguel and Kremer, 

2004), access to safe water through chlorine dispensers in Kenya (Kremer et al. 2008 and 2009), and 

support for financial literacy in Brazilian high schools (Bruhn et al., 2013).  

There are three major reasons why RCTs have become so prominent in evidence-based policymaking: 

relevance, simplicity, and practicality. The first reason, relevance, relates to RCTs’ methodology, which 

offers an unbiased estimate of the average causal impact of a policy in conditions close to reality, using 

a limited set of assumptions. Second, RCTs’ simplicity is key to their uptake; their main result - a simple 

comparison between two outcome indicators - is easily understandable and compelling to non-expert 

audiences. Third, RCTs are practical. In most operational settings, a random assignment is the easiest, 

most transparent, and most ethical way to construct a counterfactual (Gertler et al., 2011). RCTs can 

therefore be used for testing delivery alternatives and improving effectiveness, which accounts for 

their large uptake by private companies (Manzi, 2012), political strategists (Gerber and Green, 2008; 

Issenberg 2012) and, increasingly, government bodies such as the Behavioral Insight unit in the UK 

(Haynes et al., 2012). 

We fully recognize that evidence-based policymaking remains poorly documented and that the 

attribution of policy choices to the existence of evaluative evidence is often questionable. 5  But 

constant progress is being made on such questions as how to improve external validity (Hotz et al., 

2005; Flores and Mitnik, 2013), how to embed experimentation in policymaking (Andrews et al., 2012; 

Ludwig et al., 2011; Rao, 2013), and how to make systematic reviews of evidence available to 

5 The parallel with the emergence of evidence-based medicine, a process also marked by resistance, failures, 
lost battles, and wasted time (Wootton, 2006), is again interesting. 
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policymakers. 6  There will of course never be certainty ex-ante on the outcome of a future 

intervention, but rigorous evidence, presented with all necessary caveats, nuances, and context-

specific information (Cartwright and Hardie, 2012), will only nurture careful thinking on policy options 

and make for better-informed decisions. The role of RCTs is being increasingly recognized as critical in 

this regard. 

It is interesting to think of the status of lab experiments in this light. Their policy relevance may be 

increasingly acknowledged, as suggested by the rise to prominence of behavioral economics 

(exemplified by the World Bank’s upcoming World Development Report on this topic), but lab 

experiments may also be considered akin to basic medical research – not directly applicable to policy 

decision-making, but paving the way for field-testable and market-fundable interventions, and 

therefore worthy of receiving dedicated public resources. 

RCTs’ adequacy to address policy objectives explains a large part of the attention being paid to them, 

and the amounts of funding being dedicated to them by large organizations. This attention has opened 

vast possibilities for researchers, whose interest in mechanisms and theory often mirrors 

policymakers’ objectives.  

 

*3* 

An impact evaluation is really useful for policy if it goes into the mechanisms of impact, which is 

precisely where theory needs to be involved and can be tested. Thoughtful policymakers are 

interested in knowing “why” an impact did or did not materialize, and careful policy analysis looks into 

the mechanisms and assumptions associated with each step of the causal process. The logical 

framework approach has been used for decades to map out the sequence and logic of activities, and 

this analytical thinking has spread since the mid-1990s with the development of the theory of change 

approach (Weiss, 1995). As the name indicates, theoretical thinking is used to precisely describe each 

step through which a given policy is meant to achieve outcomes. In some cases, this exercise consists 

mostly of reviewing the logic of different activities and identifying operational bottlenecks, but 

theories of change may also include making explicit certain assumptions or behavioral predictions 

6 For example, the International Initiative for Impact Evaluation (3ie) is putting together a database of high-
quality systematic reviews: www.3ieimpact.org/evidence/systematic-reviews/. 
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(demand elasticity, distribution of preferences, social interactions, take-up rates, etc. ), in which case 

they have a lot in common with a theoretical model.  

When carried out rigorously, the policy design process involves identifying and testing the most critical 

or uncertain parts of the chain of results, just as researchers are interested in looking beyond the 

reduced-form analysis into economic mechanisms where theoretical models can be tested. Designing 

and conducting an RCT crystallizes this convergence of interests.  

Surprisingly, studies focusing on mechanisms rather than on final outcomes also inspire critical 

remarks from Harrison: “One can certainly be interested in worms and whatever they do, absentee 

teachers and whatever they do not do (…) but these are not substitutes for the rigorous measures of 

welfare from a policy, typically given by the equivalent variation in income”. Studying worms and their 

treatment in schools has contributed significantly to theoretical knowledge on policy externalities 

(Miguel and Kremer, 2004), while theories of moral hazard, observability, contract enforcement, and 

optimal incentives are at the core of any effort to curb the plague of provider absenteeism (Benabou 

and Tirole, 2003; Chaudhury et al. 2006; Banerjee and Duflo, 2006). 

By studying mechanisms, RCTs have indeed contributed to eliciting behavioral and model parameters 

such as self-control failures (Ashraf et al. 2006; Kaur et al. 2010), risk and time preferences (Cardenas 

and Carpenter, 2008), social preferences and altruism in the workplace (Bandiera et al., 2005), and 

beliefs and attitudes toward risk in the context of HIV testing (Godlonton and Thornton, 2013). Other 

examples include DellaVigna et al. (2012), who use several field experiments combined with theory to 

assess the welfare effects of giving and the respective contribution of altruism motivation and social 

pressure in charitable giving,  DellaVigna et al. (2013) who use data from a field experiment to estimate 

the distribution of social preference structural parameters by gender, and Karlan and Zinman (2009), 

who use a consumer credit field experiment to estimate moral hazard and adverse selection 

parameters.  

Harrison seems to dismiss field evidence in his proposed maxim, “I will believe it only when I see it in 

the lab.” Lab experiments surely offer greater control on external determinants of decision-making, 

but because their setting is closer to reality, RCTs may better fit real-world facts. For example, the gift 

exchange model, presented theoretically by Akerlof (1982) and validated in the lab by Fehr et al. 

(1993), was partially disproven by randomized field experiments conducted by Gneezy and List (2006). 

The debate on the validity of parameter estimates from field and lab experiments is still active (Levitt 

and List, 2007; Falk and Heckman, 2009; Camerer, 2011; Al-Ubaydli and List, 2013) and, at a minimum, 

suggests that evidence from field experiments should certainly not be discarded. 

6 
 



Randomized field experiments also contribute to economic theory by challenging predictions and 

identifying relevant research questions. In that respect, Harrison’s remarks regarding the knowledge 

gaps opened by RCTs are puzzling. Any scientific advance opens new questions (which Harrison 

dismisses as “empty rhetoric”) as much as it provides answers. Let us draw a parallel with physics. Was 

the experimental evidence that particles have mass useless because it contradicted the assumption 

of massless particles at the core of the powerful standard model? Quite to the contrary, this long open 

knowledge gap led to major progress in our understanding of matter through the theoretical 

prediction and recent experimental discovery of the Higgs boson. Similarly, and contrary to what 

Harrison suggests, there is huge epistemological value in the questions raised by the experimental 

finding that households are not willing to pay 60 cents for a bed net that may prevent the occurrence 

of a potentially deadly disease (Cohen and Dupas, 2010). Those questions may not have been 

completely addressed in a satisfactory way yet, and more work should certainly be done on those 

issues, but identifying the knowledge gaps is the first step.  

An iterative learning process can then unfold based on successive randomized experiments that use 

economic theory to open and close knowledge gaps. For example, Hill et al. (2013) use an RCT in India 

to test the implications of a theoretical model of demand for hedge products based on a standard 

expected utility theory framework. As predicted, they find evidence that demand for weather index 

insurance is decreasing in price and basis risk and is hump-shaped in risk aversion. Following these 

results, Dercon et al. (2014) design an RCT investigating ways to address low weather insurance take-

up rates due to basis risk. Demand for index insurance appears significantly higher when insurance is 

sold through risk-sharing groups that help reduce basis risk than when it is marketed individually.  

Another example is given by Duflo et al. (2007, 2008, and 2011). A first set of RCTs in Kenya shows 

that investment in fertilizer is surprisingly low despite high returns. Theory suggests that several 

factors, some behavioral and some market-related, may help explain this puzzle: credit constraints, 

information constraints, perfect sophistication and resale, absent-mindedness, and time-

inconsistency. A second RCT tests these different theories using several treatment arms, and the 

impact of small time-limited discounts points to the conclusion that time-inconsistency is critical. 

These empirical findings fit a theoretical model of procrastination. More experiments are underway 

to address the new issues raised by these findings.  

The emphasis on theoretical modelling in RCTs varies, as Card et al. (2011) show through a systematic 

assessment of experimental papers in five leading economic journals. Some of them have little 

emphasis on modelling, and theory is generally less prominent than in the lab-based literature. 
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However, the linkage between theoretical modelling and RCTs is increasingly being explored, and 

more recent data would most likely show an acceleration of this trend.  

 

*4* 

We do concur with Harrison that there is huge value in combining not only field experiments and 

theory, but also lab and field experiments. But here again, recent literature has actually already used 

hybrid forms of experimentation to rigorously identify behavioral parameters and test theoretical 

models, thereby disproving Harrison’s accusation of intolerance. A range of methods, described and 

classified in Harrison and List (2004), combine the comparative advantages of lab experiments - tight 

control over the stimulus and the environment - and those of randomized field experiments - causal 

identification under real conditions. The relatively recent emergence of lab-like field experiments 

draws on this complementarity between the two experimental methods (Viceisza, 2013). 

Among other features, the nature of the subject pool and the nature of the commodity can be adapted 

so that they better capture real-life parameters. In cases in which the behaviors of interest might differ 

across contexts such that using a student population may lead to misleading conclusions (Andersen et 

al., 2010), lab experiments may involve a subject pool drawn from the population of interest. For 

example, Hill et al. (2012) conduct a twice-repeated trust game in rural Peru that allows them to elicit 

how deviations from a norm of reciprocity affects individuals’ own decisions to reciprocate, in a 

context in which trust is primarily important for facilitating market development interactions. 

Bossuroy and Selway (2010) conduct a dictator game with a representative sample of individuals from 

slum areas in India to investigate caste-based discrimination, inequity aversion, social labeling, and 

other-regarding preferences.  

The nature of the commodity can also be chosen to match real-life experience. For instance, 

Delavallade et al. (2013) undertake a randomized field experiment in order to characterize the 

demand for, and impact of, four savings or weather insurance products proposed to farmers in rural 

Burkina Faso and Senegal. This field experiment resembles an experimental game in that participants 

attend an experimental session and receive a monetary endowment that they may or may not allocate 

to the financial product proposed to them. Tight control is exerted over the information provided to 

participants and the setting (endowment and decision time) in which choices are made over all 

financial instruments. However, the experiment departs from standard lab experimental games 
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because the subject pool is representative of the target population and also because the financial 

products offered are real products that people buy and keep after the session. This ensures that crucial 

factors such as time preferences, trust in insurance contracts and group treasurers, expected 

probability distribution of weather and health outcomes, or expected returns to agricultural 

investments are not artificially set in the parameters of the game but instead play out in the decision-

making process as they would in real life. This also allows researchers to study the impact of these 

products on subsequent agricultural and financial decisions and welfare outcomes. Other examples 

include the multi-arm discrete choice experiment conducted by Meenakshi et al. (2012) in Zambia to 

determine willingness to pay for fortified maize and the impact of nutritional information, and the 

large experiment conducted by de Brauw and Eozenou (2011) in northern Mozambique to explore risk 

preferences related to sweet potato production, with explicit tests of the shape of utility functions 

with regard to risk.  

These hybrid experiments draw on the comparative advantages of both lab and field experiments, 

with a causal impact identified in the natural environment thanks to a randomized assignment and 

with theoretical underpinnings and tight control over the information set and the decision-making 

process. Thus, determining the differences between both methods becomes more and more difficult, 

and opposing them less and less relevant.  

* 
In sum, we concur with many of Harrison’s points relative to the importance of theory and the 

complementarity of methods, but so does the vast majority of scholars conducting RCTs, as shown by 

recent academic literature. We understand Harrison’s concerns about intolerance and intellectual 

Balkanization but would argue that the opposite movement is in fact at play. As he puts it, “these are 

exciting times in economics, with more attention, more dollars and some of the brightest minds being 

devoted to real problems of poverty and public policy than we have seen in a long time.” And this 

attention to policy will only foster deeper understanding of the “tough problems in economics”. 
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